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ABSTRACT

The increased introduction of Artificial Intelligence (Al) tools in governance raises
questions about the conditions under which citizens are willing to accept their
implementation. This thesis particularly explores how dimensions of trust in government
shape the support for Al in public services.

The conducted analysis is grounded in the multidimensional understanding of trust in
government. To conceptualize the notion, dimensions of perceived competence and perceived
benevolence are distinguished and utilized as independent variables in the testing process.
Based on this theoretical framework, the study hypothesized that both dimensions
independently and positively shape the support for Al in the public sector; and the two
dimensions enter a conditional relationship in such a way that when perceived benevolence is
absent, the presence of perceived competence will not lead to support for Al

To empirically test these hypotheses the study employs a survey-based experimental
design, structured to expose the respondents to treatments with varying information about
governmental competence and benevolence. The analysis of data revealed an absence of
positive associations between perceived competence and support for Al Perceived
benevolence and interaction term coefficients were found to be heading in the expected
direction, even though none of the hypotheses could be considered as supported due to the
insignificance of observed effects. Notably, however, the study found two control variables -
general attitudes toward Al and baseline trust in government - as strong and consistent
predictors of support for Al in the public sector. These insights of the study carry implications
for future research and policymaking, emphasizing that trust in government should be treated
as one of the key factors that influences the acceptance and successful implementation of

Al-driven technology in the public service delivery.
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Chapter 1: Introduction

1.1. Overview of the study

Artificial Intelligence (AI) has increasingly become a primary area of innovation in
public administration, reshaping how governing structures design, implement, and evaluate
public services. Al technologies are now commonly used for predictive analysis in social
welfare programs, resource allocation, and urban planning. Moreover, Al-based algorithms
are frequently employed to provide recommendations to public decision-makers and
government workers (Schnell & Schmidt-Scheele, 2025). Such growing use of Al reflects an
important shift toward algorithmic governance, in which administrative tasks are partially
delegated to data-driven systems.

Al’s extensive involvement in the public service provision makes it important to
address questions about trust in Al technologies and the institutions integrating them. Citizens
are not only asked to trust governmental institutions, but also technological systems that those
institutions deploy. As a result, a layered trust relationship is formed. People are tasked with
both evaluating the intentions and capabilities of the state, as well as the reliability and safety
of Al tools. While it may seem rather intuitive that people’s perceptions of Al technologies in
public service provision become intertwined with their perceptions of the government itself,
there remains a notable lack of scholarly inquiry into this relationship. Existing research has
predominantly examined public trust in government or their acceptance of Al in isolation,
thus leaving the interaction between the trust in government and support for Al unexplored.

Consequently, the current state of research can be characterized by the presence of a
certain critical gap. If Al becomes a more of an integral instrument in carrying out public
services, citizens’ perceptions of the state’s competence and benevolence may shape their

willingness to support the implementation of Al systems in governance. In turn, skepticism



toward the government may foster resistance towards algorithm-driven systems. Therefore,
understanding this relationship stands out as an essential area of interest in not only the

political science field, but the policymaking area as well.

It is worth mentioning that the topic of the given study is relevant in both practical and
theoretical aspects. With Al tools being actively introduced by governments around the world,
it is necessary to address concerns regarding the legitimacy of such initiatives to ensure that
regulatory frameworks take into account broader public attitudes. Speaking more normatively,
the use of Al does raise important questions about accountability, transparency, and scope of
government control. Moreover, if citizens’ support for Al is shaped by the levels of trust in
government, then it may result in uneven acceptance of new technology in public services and

reinforcement of existing political divides.

1.2. Research question and theoretical arguments

With the above mentioned in mind, this study aims at answering the following
research question: “What effect do perceptions of governmental competence and benevolence
have on citizens’ support for Al in public services?”. The conducted analysis is grounded in a
theoretical framework that conceptualizes trust as a multidimensional construct, which is
composed of perceived competence and benevolence. Competence in this context refers to the
technical expertise, administrative capacity, and professionalism of the government in policy
design and implementation, while benevolence reflects the genuine motivation of the state to
act in the interest of the public as perceived by citizens. These dimensions are expected to
shape how people evaluate institutions and their initiatives.

In this study support for Al in the public sector is treated as not being solely driven by
individual attitudes toward technology, but by pre-existing beliefs about the government. In

such a context, when citizens perceive the government as competent, they are more likely to



accept an understanding that Al tools in public services will be implemented effectively and
produce desirable outcomes. In the same manner, when the government is perceived as
benevolent, people may be more inclined to believe that Al will be used ethically and in ways

that serve the interests of the society.

In accordance with this logic, this study puts forward three core expectations. Firstly,
when the government is perceived as competent, there will be observable support for Al in
public services amongst the citizens. Secondly, when the government is perceived as
benevolent, people will support the implementation of Al in public services. Thirdly, it is
noted that the two dimensions of trust do not necessarily operate in isolation, but they rather
enter a conditional relationship in the following manner: in the absence of perceived
benevolence of the state, the presence of perceived competence will not lead to support for

Al

1.3. Structure of the thesis

This thesis is organized as follows. Chapter 2 reviews the relevant literature on the
use of Al in the public sector and factors that shape trust in algorithm-driven technology in
governance. The analysis of contemporary works highlights the key gap, characterized as the
limited integration of institutional trust framework in the assessment of what drives the
support for Al in the public sector. To bridge this gap, Chapter 3 develops the theoretical
foundation by conceptualizing trust in government as a multidimensional notion and forms
testable hypotheses regarding the effects of institutional trust dimensions on support for Al in

public services.
Chapter 4 outlines the research design and methodology, explaining the choice of
survey experiment, detailing the data collection process, as well as operationalization and

measurement of variables and relationships. Chapter 5 presents the results of the testing and
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provides descriptive statistics, regression models, robustness checks, and treatment groups
analyses. Chapter 6 interprets the presented findings and places them within the theoretical
framework, assessing whether the data supports the presented hypotheses. Theoretical,
substantive, policy implications, and limitations are also thoroughly addressed. Finally,
Chapter 7 concludes the thesis and summarizes the main contributions of this study, as well as

reflecting on the significance of the research and potential avenues for further scholarly work.
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Chapter 2: Literature Review

2.1. Introduction

The governments around the world are actively introducing Al-driven technologies in
various areas of the public sector (Susar and Aquaro, 2019). Such systems are integrated in
administrative processes, service delivery, and decision-making. But successful deployment
of Al in public services can not be realized without the citizens’ support for these initiatives.
Therefore, understanding which factors shape public acceptance is an important subject
matter both for policymakers and researchers in different scientific fields.

This chapter focuses on the existing literature regarding the use of Al in the public
sector, as well as the citizens’ perceptions and evaluations of algorithm-driven tools. With Al
being a relatively new technology itself, the scholarship on the topic can be characterized as
recent. The earlier research has focused extensively on the technical capabilities of Al, while
contemporary works highlight the importance of social and institutional factors that might
drive public support for Al. Particular attention in this chapter is paid to scholarly works that
explain which phenomena influence people’s trust in Al-driven technology in the public
sector.

This literature review chapter begins by conceptualizing Al in the context of
governance, outlining the key domains of its application. Next, the chapter provides an
analysis of benefits associated with Al adoption, which include increased efficiency of public
services, improved service delivery, enhanced policymaking and evidence-gathering.
Additionally, risks associated with the use of Al are discussed, highlighting features of bias,
lack of transparency, and accountability concerns. This overview enables to establish a wider

socio-political context within which public attitudes toward Al are formed.

The literature review also contains assessment of the notion of trust as a central

determinant of Al acceptance. An emphasis is made on the nature of Al in the public sector as
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a socially embedded notion. From there, the conceptualizations of trust in Al as human-like
and functionality-based dimensions, as well as task type and user experience factors are
included to define the established approaches to the study of public perceptions of Al
systems. This examination is followed by identifying limitations in the existing literature.
Notably, the trust in government which is deploying Al or aims at doing so has been found to

not be sufficiently paid attention to.

2.2. The use of Al in the public sector

Scholars have identified the three principal domains of Al application in the public
sector: automated decision making systems, conversational chatbots, and security tools.
Automated decision-making systems allow governments to detect complex patterns, classify
populations by risk or need, and predict future outcomes, thus improving efficiency in areas
such as welfare distribution, healthcare, and policing (Wirtz et al., 2019; De Sousa et al.,
2019; Henman, 2020). Chatbots serve as digital interfaces, which strengthen citizen
engagement and administrative productivity by handling routine requests (Wirtz et al., 2019;
Aoki, 2020; Henman, 2020). Al security tools support the regulatory enforcement,
cybersecurity, and crisis management by detecting fraud, prediction of threats, and analysis of

disinformation (Wirtz et al., 2019; Henman, 2020).

Another conceptualization is provided by De Sousa et al. (2019), who describe Al in
public services as an ecosystem of techniques (e.g. machine learning, artificial neural
networks, fuzzy logic, multi-agent systems) aimed at solving administrative, environmental,
and social issues. Hence, similarly to Henman (2020), De Sousa et al. (2019) do not treat Al
tools as a single technology. Such an approach adequately fits into the policy—oriented
framework, which emphasizes the interconnectedness of Al development, policy

implementation, and social acceptance. Such approach broadens the understanding of Al in
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governance by characterizing the technology not merely as a neutral instrument, but as a
socially embedded process that is shaped by the state's institutional capacity and public
perception.

Mergel et al. (2024) distinguish three different dimensions of Al implementation in
public administration based on the new structural forms in which technology is tested and
experimented with. The first dimension is a technology-deterministic dimension and it reflects
the development of Al in an isolated laboratory environment outside of practical
administration. The set up of Al tools is not problem-centric as the development is perceived
to be driven by the availability and ability of such technology to assist in some administrative
processes. The second dimension - data-induced decision-making - is focused on the usage of
Al potential to process large amounts of data to generate policy proposals. This dimension is
driven by an understanding that Al may presumably make more rational decisions based on
bigger amounts of data than what humans are capable of analyzing. The third dimension
refers to the organisational transformation dimension and focuses on areas of administrative

work in government that can be improved by Al

Madupati (2024) identifies four core areas of Al that are used to increase efficacy and
precision of the government. They include Natural Language Processing, Machine Learning,
Computer Vision, and Robotic Process Automation. The primary functions of such areas of
Al are to enhance the interaction between government organizations and citizens, forecast
future events based on the analysis of large amounts of data, automate routine bureaucratic
processes, and increase public safety by using Al-powered surveillance. The Ilatter
implementation is imperative to this study because it uses the example of the Kazakhstan’s

government’s implementation of Al-powered traftic and mobility platform “Sergek”.

The platform was developed as a part of the broader “Smart City” concept that went in

line with the rapid government digitalization process (Gritsenko et al., 2025). The technology
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was positively accepted by the police and its introduction was perceived as a way to facilitate
crime prevention, solve cases and manage subordinates. However, the “Sergek” did not affect
the rate of corruption or police efficiency, therefore not meeting expectations of those citizens
who considered the innovation as a solution to mentioned issues (Slade et al., 2022). The
technological nature of the tool was actually used by the policeman as an explanation for

missing footage that could be used as evidence in court cases (Gritsenko et al., 2025).

2.3. Benefits and risks of Al usage in the public sector

The overview of the key areas of AI use in the public sector shows that
algorithm-driven tools are currently used by the governments to support and assist the work of
human workers rather than outright replacing them. However, it is also evident that
implementation of Al is directly linked to the capabilities of AI, meaning that the
governments are ready to use the system’s full potential in realizing public services. Based on
that, it is valid to expect that the use of Al in governance will expand and transform as the Al

technology itself develops.

Proponents of the Al being used in governance argue that the integration of such
technologies increases the efficiency, transparency, and evidence-based policymaking by
offering governments the means to more effectively respond to the various issues (Henman,
2020). However, the growing reliance on algorithmic systems also raises various ethical and
political questions. In particular, researchers in the field have noted the following shortcoming
of the new technologies: while Al can optimize administrative decisions, it simultaneously
can challenge the accountability and fairness of the governing systems, as well as influencing
the level of public trust (Vereschak et al., 2024). The mentioned risks are especially dangerous

in the context of Al-assisted decision making.
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Henman (2020) identifies four key risks associated with the application of Al in public
administration: bias and discrimination, legality and due process, accountability and
explainability, and power and control. Addressing these concerns necessitates the
development of technological safeguards, which would be characterized by the establishment
of institutional mechanisms, stronger legal frameworks, and independent oversight systems
(Henman, 2020). Furthermore, it is essential that Al tools used in public administration are
designed to be explainable and fair, ensuring the public clearly understands how these systems

operate and are implemented (De Sousa et al., 2019; Henman, 2020).

2.4. Trust as a determinant of support for Al

There is a vital factor missing in the earlier mentioned analysis that drives the social
acceptance of Al technologies in government, which is trust. Scholars have widely referred to
trust as a pivotal determinant of the public’s willingness to adopt and rely on Al technologies
(Choung et al., 2023; Thiebes et al. 2020). In particular, they argue that the gradually
autonomous, opaque, and human-like nature of AI makes trust a crucial social and

psychological mechanism through which people manage uncertainty and perceived risk.

Findings of Haesevoets et al. (2024) reveal that people are not entirely against the
deployment of AI in the public sector. Through conducting three observational studies
researchers found that people preferred Al to have considerably less decision-making weight
than human experts. There was more sympathy toward Al tools being used to provide input
and advice to human decision-makers and, generally, Al’s involvement in the public sector
was perceived as more suitable for low ideologically-charged decisions. These observations
highlight the importance of the above-mentioned assessment of Al in the public sector with
regards to socio-political contexts in which the technology is planned to be deployed.

Moreover, the findings suggest that exploring the effect of trust in government on Al
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acceptance in the public sector is necessary as people’s perceptions were found to be placing
an emphasis on human decision-making capabilities, which can be further extended as a part

of government competency.

Alhosani and Alhashmi (2024) underline that the successful implementation of Al in
the public sector requires "contextualized, imaginative, and caring actions” (2024, p. 8). Such
characterization is further expanded by conceptualizing five major success factors necessary
for the positive adoption of Al in government services. They include: activation of local
network trust, lowering financial barriers, riding the technological wave, focusing on tangible
benefits, and staying engaged and showing commitment (Alhosani and Alhashmi, 2024).
These factors may be perceived as actions aimed at building trust between the public and the
developers of Al technology. When it comes to its implementation in the public sector, the
government would occupy the position of the main author of the project although it may
delegate the development of Al-driven tools to a third-party company. Even so, the
government still would be the one in need of convincing the public of the necessity or benefit
to deploy Al in the given public service area by utilizing the established levels of public trust

in the government and raising them if necessary and possible.

2.5. Conceptualizing trust in Al

Trust in Al is generally conceptualized along two dimensions: human-like trust and a
functionality trust (Glikson and Woolley, 2020; Choung et al., 2023; Thiebes et al. 2020):

e Human-like trust relates to users’ perceptions of AI’s benevolence, integrity,
honesty, and fairness. It is fostered when Al looks, sounds, or behaves in human-like ways,

1.e. engages in emotionally attuned interactions.
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e Functionality trust concerns the technical competence, reliability, and safety of the
Al technology. Increased when AI’s performance is reliable and it operates in a transparent,

understandable manner.

Alongside these factors, people’s trust in Al also depends on the type of task it
performs: for instance, trust tends to increase for technical or analytical tasks (e.g. data sorting
and processing) and decrease for tasks where human judgement is valued (e.g. hiring people
for jobs or criminal sentencing) (Glikson and Woolley, 2020). Moreover, scholars note that
repeated experience with Al allows people to adjust their trust over time, which highlights the

vulnerability of such trust in Al to performance failures of the technology itself.

2.6. Limitations of the existing literature

As mentioned in the introduction to this literature review chapter, contemporary
scholarship on the effect of institutional factors on the support for Al in the public sector can
be described as rather limited. While existing studies provide valuable insights into the
technical capabilities of Al and individual-level perceptions of algorithmic systems, they tend
to prioritize user-technology interaction while overlooking the broader institutional context in
which such technologies are deployed. This creates a gap in the literature, particularly in the
context of public sector AI, where the government acts not merely as a facilitator of
technology, but as a central agent responsible for its implementation, regulation, and
legitimacy.

This limitation can be partially explained by the fact that the adoption of Al in the
public sector has been more slower and fragmented than in the private sector (Charles et al.,
2022; DeSousa et al., 2020; Zuiderwijk et al., 2021). As a result, empirical research on the
topic remains relatively scarce and context-dependent. Additionally, there has been

inconsistency in findings on people’s perceptions of algorithmic decision-making in general.
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While some scholars have found that people prefer algorithmic decision-making over human
decision making, others identified opposite patterns in their results (Haesevoets et al., 2024).
A third category of studies revealed no significant differences in people’s attitudes toward
algorithmic or human decision-making (Otting and Maier, 2018; Prahl and Van Swol, 2017).
These inconsistencies indicate the public attitudes toward Al are not stable, but conditional

upon contextual factors that are not yet fully theorized.

Another important limitation lies in the conceptualization and measurement of trust
itself. Although scholars have made significant progress in distinguishing types of trust in Al,
such dimensions have been examined predominantly in isolation from trust in the institutions
that use these technologies. The given separation brings up the risk of oversimplifying the
process through which citizens form attitudes toward Al in governance. In saying that, the
analysis doesn’t take into consideration that evaluation of Al systems are shaped by
pre-existing perceptions of trust in government. All together, the outlined limitations point to
the need for a more integrated framework that connects individual-level perceptions of Al
with macro-level institutional dynamics. Addressing this gap, the present study examines how
trust in government influences public support for Al in the public sector, thus contributing to a

more comprehensive understanding of the social acceptance of algorithm-driven governance.

2.7. Conclusion

This chapter has examined the existing literature on the use of Al in the public sector
and factors shaping people’s attitudes regarding its adoption. The carried out analysis
demonstrated that Al is increasingly embedded in administrative processes, service delivery,
and decision making, offering significant potential benefits in terms of efficiency,
responsiveness, and evidence-based governance. At the same time, the literature highlights

ethical, political, and social risks associated with algorithm-driven systems, particularly in



19

relation to bias, transparency, accountability, and the redistribution of decision making
authority.

The key insight from this review is the pivotal role of trust in shaping public support
for Al Existing research shows that individuals evaluate Al systems not only based on their
technical performance, but also through perceptions of reliability, fairness, and
human-likeness. However, the discussion also highlights that trust in Al is inherently
context-dependent and closely linked to the broader institutional environment in which these

technologies are used.

Despite the growing body of scholarship on the topic, important gaps remain.

Notably, the literature hasn’t sufficiently integrated trust in government into the analysis of Al

acceptance and it has not fully accounted for the contextual variability of public attitudes
across different political and institutional settings.

With that in mind, the following chapter develops a theoretical framework that

conceptualizes citizen support for Al in the public sector as a function of both trust in Al and

trust in government. By linking the two, the study aims to provide a more comprehensive

understanding of how people evaluate Al-driven governance.
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Chapter 3: Theoretical Framework

3.1. Introduction

The previous chapter discussed the existing literature on the use of Al in the public
sector. Particular attention has been paid to the factors that shape public acceptance of such
technologies. A central insight from the literature is that trust plays an important role in
shaping citizens’ willingness to support and rely on Al-driven systems. Scholars in the field
predominantly conceptualize trust at the level of the technology itself, focusing on the
perceptions of technology’s reliability, transparency, and human-like qualities. While such
analysis provides an understanding of the topic pertinent to this study, there is a need to focus

on the institutional context in which Al systems are developed and deployed.

This study emphasizes that Al can not be solely understood as an autonomous
technology in the context of it being applied in the public sector. It may be seen as an
extension of the government itself. Thus, public evaluations of Al in such regard are likely to
be shaped by not only perception of it as a technology, but also as a part of the broader
assessment of government institutions. With such an understanding in mind, trust in
government can act as a prism through which people evaluate the risks and benefits associated

with the use of Al in public services.

The given study utilizes a multidimensional conceptualization of trust in government,
focusing on competence and benevolence as its core dimensions. The choice of applying a
multidimensional approach is motivated by the inherently competitive nature of trust, which
doesn’t allow for the term to be reduced to a unified definition. Regarding trust in
government, individuals may hold varying interpretations of what it means to trust the
government. Therefore, it is essential to clarify the specific dimensions of trust, especially in
the context of survey-based data collection of this study. Defining what is meant by trust in

government enables appropriate operationalization and valid measurement.
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This chapter has been structured to outline the theoretical framework that links trust in
government to people’s support for Al in the public sector. It begins by establishing the
connection between trust in government and support for Al in public services, underlining
that public attitudes toward such technologies are shaped by broader evaluations of
government. Next, the chapter unfolds by defining the concept of trust and its relevant
dimensions, which have been earlier developed by researchers in the field. The mentioned
dimensions are justified as analytically and conceptually distinct, although complimentary
components through which citizens evaluate governing institutions. Building on this
foundation, there is an examination of how competence and benevolence influence support for
Al in the public sector and interact between each other. The discussion of the
above-mentioned relationships paves a way for the development of a set of hypotheses, the

testing of which is discussed in the following chapters.

3.2. The role of trust in government in shaping support for Al in the public sector

Existing scholarship highlights social embeddedness as a defining characteristic of Al
applications in the public sector, underlining the extent to which such technologies are
intertwined with existing political and institutional structures. From this perspective, trust in
Al as a technology alone is insufficient to explain citizens’ willingness to engage with
algorithm-driven systems. To account for the broader institutional dynamics, this thesis
conceptualizes trust in government as a central variable necessary for understanding people’s
decision to trust or distrust Al systems in the public service sector. From a political science
standpoint, incorporating trust in government can be seen as essential for developing a more
comprehensive and theoretically grounded understanding of public attitudes towards Al use in

the public sector.
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Building on the role of institutional dynamics in shaping trust in Al, it is important to
note that the use of Al in public services is closely associated with the risks of socio-political
nature, which go beyond purely technical concerns. Public discussions surrounding Al in this
context are often accompanied by openly expressed fears that algorithm-driven technologies
may exacerbate surveillance of citizens and facilitate forms of control and suppression
(Valle-Cruz, Garcia-Contreras and Gil-Garcia, 2024). Moreover, the increasing automation of
tasks through AI has generated widespread concerns about the potential job losses and the
replacement of human labor (Chen and Wen, 2021). These concerns signify how trust in Al
being used in the public sector is inherently linked to people’s evaluations of governmental

conduct and authority, which constitute core components of trust in government.

3.3. Trust in government as a multidimensional concept

When discussing the trust in government, it is vital to differentiate between the types
of trust as the concept itself can capture different dimensions of citizens’ relationships with
political institutions. Scholars conceptualize the trust in government as two-fold: generalized
trust (directed toward institutions and the broader political system) and particularized trust
(focused on individual public officials) (Houston and Harding, 2013). Additionally, trust in
government may be domain-specific as people might express varying levels of trust in
government across different policy areas (Lubell, 2007; Hardin, 2002). Nonetheless, as
Devine et al. (2024) note, individuals can still hold a general sense of trust toward a particular
political object, which constitutes an average of their trust across relevant domains. For the
purposes of this study, the emphasis is placed on the general political trust, because the
deployment of Al in the public sector is typically framed as an element of broader systemic

reform and modernization, rather than the initiative of specific bureaucrats (Henman, 2020).
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A domain-specific approach to trust in government, while being theoretically valid, would

require a more in-depth analysis of the matter and currently exceeds the scope of this study.

Noting the above-mentioned, it is necessary to clarify the type and level of Al
involvement addressed in this thesis, as varying degrees of authority delegated to Al systems
in governance may generate different implications for people’s trust in the technology.
Although the use of Al in the public sector has become widespread, existing research suggests
that governments tend to adopt a cautious approach when integrating the new technologies
into administrative processes. One of the reasons for such caution may be the extensive data
requirements associated with Al, deployment of which involves processing large volumes of
sensitive personal information (Valle-Cruz et al., 2019). Considering the nature of the data,
any technological shortcomings or misuse can be particularly costly, because they can

significantly undermine public trust in both the technology and the government using it.

The nature of data related risks varies depending on the role assigned to Al in the
public sector. When algorithm-driven technologies are used as decision-making tools,
technical errors may result in inaccurate, unfair, or discriminatory outcomes (Heinrichs,
2022). In another way, when Al is integrated for primarily analytical and advisory purposes,
flaws in the data processing might lead to incorrect assumptions and recommendations
(Afroogh, 2024). In the case of Kazakhstan both types of risks are relevant as the country’s
government has actively introduced Al across various sectors of government. However,
algorithm-driven technologies have not been granted (and aren’t planned to be granted) full
decision-making authority and are instead used as an assistance tool, which supports human
judgement. Keeping that in mind, this thesis focuses on Al being used as an assistive
technology in public services delivery.

Scholars widely recognize trust in government as a basis for effective governance and

legitimacy. It reflects the citizens’ willingness to accept vulnerability to governmental
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authority based on the positive expectations of its competence, benevolence, and integrity
(Grimmelikhuijsen and Knies, 2017; Devine et al., 2024). In such a context, trust is perceived
as going beyond mere confidence in policy outcomes, because it signifies the citizens’ moral
and cognitive evaluations of whether government institutions are capable, fair, and act in the
public’s best interest. Moreover, trust in government can be multidimensional: for instance,
deep-rooted trust is shaped by long-standing attitudes, moral evaluations, and institutional
legitimacy (Grimmelikhuijsen, 2012). Consequently, trust in government should be
understood as a relational and perceptual construct, associated with being a comprehensive

notion that can be also analyzed through distinct dimensions.

Further empirical evidence also supports the idea that public trust in government
functions as a critical antecedent that informs people’s evaluation of certain governmental
projects, including those that incorporate Al technologies (Kleizen et al., 2023). For instance,
Kostka et al. (2023) identified a positive relationship between citizens’ trust in government
and their acceptance of facial recognition applications, suggesting that institutional credibility
enhances perceived legitimacy of Al use in governance. Kleizen et al. (2023) found that the
pre-existing general trustworthiness of government has a strong and significant effect on
people’s willingness to share personal data for government’s Al-driven public service
applications. Such findings indicate that citizens’ willingness to engage with (or consent to)

Al technologies in the public sector is deeply intertwined with their trust in government.

The three-dimensional approach to conceptualizing trust in government or a CBI
model (competence, benevolence, and integrity) captures the above-mentioned complex
nature of the term. It is based on an ABI model (ability, benevolence, and integrity) originally
developed by Mayer et al. (1995) to explain how trust is formed in an organizational setting.
Despite the wide adoption of an ABI model in various fields such as public administration,

psychology, business administration, management, hospitality and tourism (Frazier et al.,
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2017; Schnackenberg and Tomlinson, 2016; Braun et al., 2013; Dunn and Schweitzer, 2005;
etc.), it has not been as extensively used in the study of political trust (Devine et al., 2024;
Grimmelikhuijsen and Knies, 2017; Lean et al., 2009; etc.). Taking the above mentioned into
consideration, the present empirical study seeks to contribute to the existing literature by
applying the dimensions of the CBI model in the assessment of trust in government.

Prior to outlining the components of the noted CBI model, it is important to define the
following. Scholars in the field use the term “perceived” when referring to competence,
benevolence, and integrity in order to emphasize the inherently subjective nature of trust
judgements. Trust in government, therefore, is not based on direct evaluations of
governmental performance or intentions, but rather on citizens’ perceptions and individual

assessments of these qualities.

3.4. The effects of competence and benevolence on support for Al in public sector

While all three dimensions of trust in government contribute to capturing trust in
government, this study focuses only on two of them (perceived competence and perceived
benevolence) as the most relevant for measuring trust in government in the context of Al
implementation in the public sector in Kazakhstan. Competence is particularly relevant in the
context of Al-driven public services as such systems are often perceived as unclear and
difficult for the general public to understand, thus citizens may rely on existing perceptions of
government competence as a basis for forming attitudes towards algorithm-driven
technologies deployed in the public sector. Benevolence in such a context of low
explainability becomes especially salient as it may signal the extent to which authorities can
be expected to act in the interest of the public, even if their actions are not fully clear

(Glickson and Woolley, 2020).
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The dimension of integrity is excluded from the present study due to the specific
characteristics of Kazakhstan classified as a consolidated authoritarian regime (Freedom
House, 2025). Within the mentioned CBI model perceived integrity refers to adherence to
ethical standards such as honesty, openness, consistency, and fulfilment of commitments.
Hence, in the existing literature integrity judgements depend on citizens’ ability to assess
whether the authorities act transparently and in a predictable manner over time (Devine et al.,
2024; Grimmelikhuijsen and Knies, 2017; Grimmelikhuijsen, 2010).

A valid analysis of integrity therefore requires conditions in which transparency, open
access to information, and accountability mechanisms are present or visible enough to be
assessed by citizens. In an authoritarian political context such conditions are structurally
limited due to the restricted media freedom, non-transparent decision-making processes, and
absence of authentic mechanisms to hold the government accountable for their actions
(Glasius, 2018). As a result, citizens’ ability to form reliable opinions regarding the integrity
is constrained, making this dimension methodologically problematic for both the

measurement and experimental manipulation.

Existing research in the field supports such observation and shows that trust in
government in authoritarian settings is related to perceived government performance with
regards to economic governance and policymaking rather than formal procedures and their
fairness (Prati, 2022; Kim, 2010; Mishler and Rose, 2001). Moreover, scholars underline the
presence of systemic self-censorship and preference falsification, which is characterized by
citizens’ modification of expressed attitudes towards authorities to align with regime
expectations (Tannenberg, 2022; Kuran, 1997). These factors suggest that manipulating
perceived government integrity would be methodologically problematic as opposed to

comparatively less politically sensitive dimensions of competence and benevolence.
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From this perspective, perceived competence refers to citizens’ assessments of the
government’s capacity to govern effectively. Scholars conceptualize competence as an
evaluation of whether the governing institutions possess the necessary set of technical and
administrative skills to perform their core functions and achieve intended policy outcomes
(Devine et al., 2024; Grimmelikhuijsen and Knies, 2017; Grimmelikhuijsen, 2010). In the
context of this study that focuses on citizens’ attitudes towards the use of Al in the public
sector, perceived competence reflects people’s evaluations of the government’s technical
expertise, administrative capacity, and professionalism in policy design and implementation,

as well as decision-making.

Perceived benevolence signifies the government’s orientation towards citizens’
welfare and public interest. The existing literature links this dimension of trust to evaluations
of the motivations of governing organizations or intentions behind government action (Devine
et al., 2024; Grimmelikhuijsen and Knies, 2017; Grimmelikhuijsen, 2010). Considering that
previous research identified benevolence as a central determinant of trust judgements, this
study follows the established scholarship and conceptualizes benevolence as citizens’
assessments of whether the government is genuinely motivated to act in the interest of the
public.

By using these dimensions to explain people’s trust in government, scholars succeed in
offering a valuable framework for examining the topic of this thesis, i.e. seeking to explain
how trust in Al technology translates into institutional trust. In particular, competence and
benevolence based framework allows to establish an understanding that trust in government
doesn’t solely depend on AI’s technological performance, but is also concerned with
additional relevant factors.

Inquiring on the relationship between the mentioned dimensions of trust - perceived

competence and benevolence - contemporary research demonstrates that each different
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dimension exerts a distinct effect on people’s acceptance of policies and projects. Importantly,
the mentioned trust dimensions are not treated uniformly across the existing literature. In
particular, some scholars do not distinguish clearly between integrity and benevolence, but
instead incorporate benevolence within the broader integrity judgements (Betzler et al., 2025;
Kitt et al., 2021; Liu et al., 2020; Terwel et al., 2009). Hence, empirical findings regarding the
relationship between these dimensions are not entirely consistent with each other and might
offer different results. Additionally, with trust being recognized as domain-specific, the nature
of given policies or projects might influence which dimension is more influential and how
they interact with each other.

Building on the earlier discussed literature on trust in government and trust in Al,
perceived competence is expected to play a central role in shaping citizens’ support for Al in
the public sector. As noted before, given the technical complexity and limited explainability
of Al systems, people are often unable to directly evaluate the quality, reliability, or risks
associated with Al. Under such conditions, perceived competency may serve as an important
heuristic through which citizens assess whether the government that is designing,
implementing, and overseeing Al in the public sector possesses the technical and
administrative expertise. This expectation is consistent with contemporary empirical evidence.
For example, Kitt et al. (2021) identify perceived competence as the most consistent and
strongest driver of support for climate policy, suggesting that competence-based evaluations
are especially influential when citizens face complex policy domains. Extending this finding
to Al in the public sector, when the government is perceived as competent, citizens are more
likely to believe that Al systems will function effectively and be managed responsibly. In line
with such logic, this study hypothesizes that when people perceive the government as

competent, they will support the use of Al in the public sector (H1).
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In addition to competence, benevolence is also expected to significantly shape
citizens’ support for Al in the public sector. With Al systems often operating in ways opaque
and hardly understandable to large groups of citizens, people may rely more on assumptions
about government’s intentions rather than some technical characteristics. Benevolence-based
trust reflects the perception that the government acts in the public interest, demonstrating
concern for their welfare and deploying technologies with socially beneficial outcomes.
Recent research underlines the importance of this particular dimension. Devine et al. (2024)
find benevolence to be the strongest determinant of trust in government with competence and
integrity having a secondary and equal effect. In domains characterized by uncertainty and
informational opaqueness — such as Al in the public sector — perceived benevolence may be
expected to play a salient role in shaping citizens’ attitudes. On this basis, the following
hypothesis is formed: when people perceive the government as benevolent, they will
support the use of Al in the public sector (H2).

The present study also expects benevolence to condition competence on support for Al
in the public sector in line with insights from recent literature in the field. Existing research
suggests that trust dimensions do not operate independently and interact in shaping public
evaluations. For instance, Liu et al. (2020) demonstrate that competence-based trust increased
renewable energy projects acceptance when perceived integrity (defined as “the extent to
which responsible agents are perceived to be honest and transparent about their activities, and
are concerned with public interests”) levels were low. However, when integrity-based trust
levels were high, increased competency didn’t have a significant effect on renewable projects
acceptability. Similarly, Devine et al. 's (2024) research shows that benevolence conditions
competence, showing that the latter may be insufficient to generate trust when government is

perceived as lacking benevolence.
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Applied to acceptance of Al in the public sector, this implies that competence signals
(such as technical expertise and administrative capacity) are unlikely to translate into public
support in the absence of perceived benevolence. Citizens may interpret high competence
without benevolent intent as potentially harmful or misaligned with interests of the general
public. In contrast, when benevolence is high, competence can reinforce confidence in the
government’s ability to deploy Al appropriately. Hence, this study hypothesizes that the
positive effect of perceived competence on support for Al in the public sector is
conditioned by benevolence: when people don’t perceive the government as benevolent,

the presence of perceived competence won’t lead to support for AI (H3).

3.5. Conclusion

The theoretical framework developed in this chapter establishes the understanding of
how social embeddedness of Al technology in the public sector is the defining feature that
links trust in government with public support of such systems. To capture the mentioned
relationship, a multidimensional approach of conceptualizing government trust has been
adopted, particularly focusing on the notions of competence and benevolence. Competence in
the given study reflects people’s perceptions of government’s technical expertise,
administrative capacity, and professionalism to implement and design policies, as well as
engage in decision-making. Benevolence is defined as public evaluation of the government's
intentions to act in the interest of citizens.

Existing research in the field has demonstrated that both competence and benevolence
may influence support for government policies and projects, including algorithm-driven
technologies. Yet the two dimensions were also found to not be operating totally independent
of each other. Instead, benevolence is believed to be conditioning competence in such a way,

that competence alone might not be enough to drive people’s support for Al in the public
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sector in the absence of benevolence. The theoretical expectations derived from this chapter
were framed into three separate hypotheses, which were empirically tested as a part of this
thesis. The following chapters discuss the research design, methodology and results of the

experimental data collection briefly mentioned in the earlier chapters.
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Chapter 4: Research Design and Methodology

4.1. Introduction

As stated earlier, this thesis is aimed at examining the following research question:
what effect do perceptions of governmental competence and benevolence have on citizens’
support for Al in public services? The concepts of competence and benevolence have been
selected as core components that signify the dimensions of trust in government. The two serve
as independent variables in this study and have been precisely conceptualized in the previous
chapter. The dependent variable of this research - as derived from the research question - is
people’s support for Al technology implemented in the public sector.

In order to identify the causal effect of independent variables on the dependent
variable, as well as determining the nature of relationship between independent variables with
regards to the dependent variable, this study employs a survey experiment. Such approach is
especially appropriate for the selected topic as it allows for the controlled manipulation of
informational cues related to government competence and benevolence while holding other
factors constant. The random assignment of respondents to the treatment conditions enables
the establishment of credible causal inference by isolating the independent effects of each
dimension of trust on citizens’ attitudes towards Al in the public sector. Notably, in
comparison to observational approaches, the survey experiment also provides an opportunity
to have a higher level of internal validity.

The survey was developed and carried out using the “Qualtrics” platform, which has
been widely used by political science researchers and approved for student and faculty use by
the Nazarbayev University. The key advantage of the platform for this study lies in the
features, which enable experimental setups and randomization. Specifically, “Qualtrics” was
used to embed vignettes, randomize the assignment of respondents to treatment groups, and

standardize the presentation of survey questions to all participants.
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The current chapter clearly outlines the research design and methodology of the study.
It begins with an overview of the experimental method in political science, commonly used
by researchers in the field to test theories. Next, there is a description of treatment groups and
randomization procedure, which is followed by the discussion of pre-treatment measures,
post-treatment measures, and outcome measures. Additionally, the chapter contains
information about the estimation strategy used to assess treatment effects, as well as sample
and data collection process. The chapter concludes with stating considerations regarding the

validity of the study and adherence to ethical principles.

4.2. Experimental design overview

This study employs a two-by-two vignette-based survey experiment to assess how
perceptions of governmental competence and benevolence shape citizen support for Al-driven
assistance tools in public services. An experimental approach is selected because it enables
credible causal inference through the observation of the effects of manipulated independent
variables in a controlled environment (Druckman et al., 2011). The key advantage of
experimental research in the context of this thesis lies in the ability to randomly assign
treatments to respondents, thus identifying causal relationships rather than relying on
observational correlations (Druckman et al., 2011). In other words, internal validity of
experimental research in this context is especially valuable (Bhattacherjee, 2012). This is
particularly important for testing the hypotheses and theoretical framework developed in the
given study, which focuses on distinct dimensions of trust in government and their influence
on the acceptance of Al

It is necessary to emphasize that an observational study of different dimensions of trust
in government would present the following limitations. Firstly, perceived competence and

benevolence are often intertwined, which might make it difficult to distinguish which
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dimension drives observed attitudes. Secondly, as mentioned previously, trust in government
i1s accepted as a complex and domain-dependent notion shaped by policy types, previous
experiences, and individual predispositions. In this regard, experimental manipulation allows
for an isolation of the dimensions of trust and examination of whether they independently
affect public acceptance of Al or condition each other.

Notably, experimental research has not been very common in contemporary
scholarship examining trust in government. In addition to previously discussed studies by Liu
et al. (2020), Devine et al. (2024), there is a limited body of work that employs experimental
methods to measure and manipulate forms of political trust. Hence, it is vital to provide the
context of the research that was carried out in the mentioned manner.

Among the few is Peyton (2020), that in a study of the relationship between trust in
government and public demand for redistributive policies in the U.S. provides evidence of the
possibility to influence the level of trust in government through provision of certain
information (their study utilizes Opinion Pieces presented as written in “The New York
Times” newspaper by a former federal government employee).

Campbell (2023) also utilized a vignette-based experiment to test the impact of public
participation in the policymaking process on trust in government. By exposing the
respondents to informational texts about the involvement of citizens in the policymaking and
the success or failure of the proposed initiative, the researcher found the marginal effect of
participatory policymaking on trust in government, as well as determining the critical
importance of performance in the said relationship. While public participation in the
policymaking process is not explicitly framed as a dimension of trust in government, the
testing process can be perceived as an attempt to signal varying levels of competence and

benevolence of the government.
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Hansen (2023) applies a large-scale randomized survey experiment to manipulate
warmth and friendliness of public employees in the decision-making process. The mentioned
variables are used to examine their effect on trust in government institutions. Although
Hansen’s (2023) study does not directly match the theoretical direction of this thesis, it may
be treated as an example of a similar manipulation strategy. Particularly, the warmth and
friendliness of public employees attribute to dimensions of trust in government. Therefore,
contemporary research is characterized by valid attempts at experimental manipulation of
factors that contribute to the notion of trust in government.

The experimental design of this thesis is structured to manipulate informational frames
related to two theoretically central to this study dimensions of trust in government: perceived
competence and perceived benevolence. The design contrasts three positive treatments with a
neutral baseline condition (i.e. control group) instead of using a symmetrical high-versus-low
treatment structure. Respondents are randomly assigned to one of four groups: high
competence treatment, high benevolence treatment, high competence and benevolence
treatment, no treatment (receiving neutral, non-evaluative information). The following
subchapters provide a more detail-oriented description of the testing process and data

collection.

4.3. Treatment groups

The two-by-two vignette-based survey experiment that introduces three positive
treatment conditions alongside a neutral baseline, i.e. a control group (Table 1). Both
theoretical and methodological considerations explain this design choice. Individuals may
hold strong negative predispositions toward governmental institutions, especially in political

environments characterized by relatively low levels of institutional trust. Using overly
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negative frames, such as low competence or low benevolence treatments, brings up the risk of

creating floor effects that prevent evaluations that are already low from falling any lower.

Table 1: Treatment groups breakdown

Group A High competence treatment

Group B High benevolence treatment

Group C High competence and benevolence treatment
Group D (control) Neutral, non-evaluative information (no treatment)

Contemporary research on institutional trust levels in Kazakhstan shows mixed results.
For instance, Makulbayeva et al. (2025) argue that institutional trust in Kazakhstan has been
declining over the past decade and attribute this trend to political system performance
problems, corruption perceptions, and limited political participation. At the same time,
findings from the 2025 survey conducted by The Bureau for Express Monitoring of Public
Opinion “Demoscope” indicate that 62,7% of citizens believe that the government is failing to
solve pressing social and economic problems in the country (Demoscope, 2025). Moreover,
41.9% of respondents claim that in 2025 the standard of people’s living has dropped
(Demoscope, 2025). Such findings suggest that public attitudes toward government in
Kazakhstan might be polarized and heterogeneous. Considering this variation in levels of
institutional trust, using strongly negative treatments will most definitely create floor effects
among respondents with an already low level of trust in the government of Kazakhstan.

The first treatment condition (Table 2) is designed to manipulate perceptions of
government competence. This vignette emphasizes the state’s administrative capacity,
technical expertise, and effectiveness in implementing complex policies. The manipulation is
achieved through repeated references to centralized coordination, digital infrastructure, and

measurable performance outcomes. For instance, the text highlights the successful
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implementation of national platforms, rapid processing times of citizens’ requests, and high
levels of procedural accuracy, supported by references to external audits. The statistics are
used to reinforce an image of a capable and efficient government, without invoking
motivations related to citizen welfare or moral intent. By doing so, the treatment isolates
competence as a dimension of trust by signaling the government’s ability to deliver effective

policy outcomes.

Table 2: Vignette A - Competence level manipulation text for Group A

Over the past decade Kazakhstan’s government has consistently demonstrated
strong administrative and technical capacity in implementing complex reforms and
managing large-scale public programs. Major national initiatives have been executed
according to clearly defined strategic plans with centralized coordination across ministries
and akimats (local administration).

Government institutions have successfully modernized infrastructure in multiple
public service sectors, integrating digital and administrative systems to improve speed,
accuracy, and coordination. In 2022 the centralized platform ‘“e-Otinish” was launched to
streamline communication between citizens and state institutions. The platform enables
users to submit appeals, track case progress, file complaints, and initiate legal claims
without visiting state institutions. By the end of 2025, more than 5 million appeals have
been processed with the vast majority (90%) being responded to within minimal deadlines
(few hours to 3 days).

Public service delivery has further been supported by centralized administrative
platforms using automated verification systems and standardized processing protocols,
resulting in rapid review times and exceptionally high levels of procedural accuracy,
according to independent external audits conducted in 2025 by “Deloitte” and “PwC” firms.

Government agencies also demonstrated a high level of coordination in managing
import and export processes, contributing to the efficient implementation of national trade
objectives. Through structured interdepartmental communication, precise allocation of
logistical resources, and timely execution of administrative procedures, agencies ensured
consistent operational performance. As a result, total trade turnover reached $150 billion in
2025, exceeding levels observed over the previous five years.

The second treatment condition (Table 3) manipulates perceptions of government
benevolence. In contrast to the competence treatment, this vignette focuses on the intentions
and citizen-oriented motivations of the state. The text emphasizes the prioritization of public
well-being, social protection, and responsiveness to citizen needs. The manipulation is

implemented through descriptions of public consultations, feedback mechanisms, and targeted
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support for vulnerable populations. Additionally, the vignette highlights government actions
during a national crisis, portraying authorities as attentive and supportive in times of need.
The inclusion of survey-based evidence indicating that citizens perceive the government as
caring further reinforces this framing. Overall, this condition isolates benevolence by
presenting the government as empathetic, responsive, and motivated to act in the public

interest, without emphasizing technical efficiency or performance capacity.

Table 3: Vignette B - Benevolence level manipulation text for Group B

Over the past decade, the government of Kazakhstan has consistently emphasized
that public policy should prioritize well-being, dignity, and long-term security of its
citizens. National development strategies have repeatedly highlighted social protection,
equal access to opportunities, and support for vulnerable groups as central policy
objectives.

To ensure that public opinion reaches state institutions, feedback mechanisms have
been established across the country. Public forums and listening sessions have been held in
both urban and rural areas, where citizens were able to openly share their concerns and
community needs. As the result, the government adjusted public welfare programs and
initiated new policies and projects, aimed at prioritizing the vulnerable social groups, as
well as the population at large. A public opinion poll conducted by the “Pew Research
Center” in 2025 found that 78% of respondents felt that “the government genuinely cares
about the well-being of people like me” while 82% said they believed the government
policies reflect citizens’ interests above all else.

Notably, the government demonstrated strong concern for citizens during the 2024
floods that affected the majority of regions in Kazakhstan. In addition to providing financial
assistance and conducting rescue operations, the state established support hotlines offering
psychological assistance to the affected citizens. Surveys conducted afterwards indicated
that many citizens viewed these measures as evidence of the government’s commitment to
protect the well-being of people during times of crisis.

The third treatment condition (Table 4) combines both competence and benevolence
cues within a single narrative. This vignette integrates elements from the previous two
treatments, presenting the government as both technically capable and socially responsive.
The manipulation is achieved by simultaneously highlighting administrative efficiency, rapid
policy implementation, and coordinated governance, alongside strong commitments to social

welfare, poverty reduction, and citizen engagement. For example, the text links efficient
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administrative processes to improved welfare outcomes, such as reduced poverty and timely
delivery of financial assistance during crises. By merging these dimensions, the treatment
allows for the assessment of whether combined signals of competence and benevolence
produce an effect on attitudes toward the implementation of Al technologies in the public

sector.

Table 4: Vignette C - Competence and benevolence level manipulation text for Group C

Over the past decade, the Government of Kazakhstan has demonstrated a
consistently high level of administrative and technical capacity while maintaining a strong
commitment to protecting citizens’ well-being. Major reforms have been implemented
according to clearly defined strategic plans, supported by coordinated efforts across
ministries and akimats (local administration).

Government initiatives have expanded targeted assistance programs for low-income
families, rural communities, and individuals facing economic hardship. Social support
mechanisms have been strengthened to ensure that benefits reach those most in need, with
regular public reporting aimed at increasing transparency and accountability. As the result,
by the end of 2025 the amount of people living below the poverty line dropped from 5.1%
to 1%.

During periods of crisis, authorities have publicly committed to protecting citizens
from economic and social risks, introducing relief measures designed to reduce financial
burdens on households and small businesses. For example, after the 2024 floods in several
regions expedited procedures were launched to deliver financial assistance to the affected
population without bureaucratic delays, allowing the people to collect funds within few
days after the incident. Public consultations and feedback mechanisms have also been
expanded to allow citizens to voice concerns. During and after the floods direct
communication lines were established, through which people had an opportunity to resolve
their issues within unprecedentedly short periods of time — from few hours to 3 days.

The fourth vignette is designed for a control group (Table 5). It does not include any
manipulation related to government performance or intentions. Instead, respondents are
presented with a neutral, fact-based description of the 2026 Winter Olympic Games. The
content is deliberately unrelated to governance, public policy, or institutional evaluation, and
avoids both performance-related and normative language. This condition establishes a

baseline against which the effects of the other treatments can be compared, ensuring that any
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observed differences in outcomes are attributed to the specific government trust-related

manipulations.

Table 5: Vignette D - No manipulation text for Control Group

The Winter Olympic Games are a major international sporting event that brings
together athletes from around the world to compete in a wide range of disciplines. The 2026
Winter Olympics were hosted by Milan and Alpine mountain resort town of Cortina
d’Ampezzo in Italy, featuring competition across sports such as ice hockey, figure skating,
biathlon, bobsleigh, alpine skiing, cross-country skiing, freestyle skiing, snowboarding,
short track speed skating, curling, luge, Nordic combined, skeleton, ski mountaineering, ski
jumping.

The 2026 Games brought together participants from 93 countries. Delegations from
European, American, and Asian countries were the largest in terms of the participating
athletes. Norway, USA, Netherlands, Italy, and Germany secured the highest number of
medals. Brazil was the country closest to equator to win a medal.

The oldest medalist in the 2026 Olympic Games was a 46-year old Silvana
Tirinzoni, a winner of the silver medal in women’s curling from Switzerland. The youngest
medalist was from the Republic of Korea — 17-year old Choi Gaon, who secured gold in the
women’s snowboarding halfpipe. Moreover, these Games were referred to as the most
gender-balanced Winter Olympics in history with women making up 47% of all athletes.

In order to ensure unbiased estimation of treatment effects, respondents were
randomly assigned to one of four experimental conditions using the built-in randomization
feature of the “Qualtrics” platform. The randomization occurred automatically upon entering
the survey, meaning that there was no influence from the main investigator or respondents

themselves.

4.4. Pre-treatment measures

Pre-treatment measures refer to variables collected before the respondents are exposed
to the experimental treatment (Bhattacherjee, 2012). These measures capture baseline
characteristics and prior attitudes that might influence how respondents react to the
manipulation and evaluate information presented in the survey. Including such measures

allows to account for individual-level differences, which possibly affect the observed
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treatment effects. In this study, the survey begins with a set of demographic questions that
record respondents’ age, gender, citizenship status, place of upbringing, academic program
level, and field of study. These variables serve as control variables. Additionally, there is a
measurement of respondents’ level of interest in politics in general that may influence the
extent to which individuals process political information presented in the questionnaire.

The survey also includes several attitudinal measures related to the core themes of the
study. Firstly, respondents were asked to evaluate their overall level of trust in government on
a ten-point Likert-type scale, providing a baseline measure of institutional trust prior to the
experimental manipulation. Secondly, as the study focuses on the acceptance of Al in public
services, respondents are asked to express the extent of their familiarity with Al and overall
attitudes towards such algorithm-driven technologies. These variables capture prior exposure
to and perceptions of Al that might independently shape the respondents’ support for Al in

public services.

4.5. Post-treatment measures and attention checks

To assess whether the experimental manipulation achieved the intended purpose, the
survey includes a set of manipulation check questions asked after the treatment. Perceived
government competence is captured through items measuring the government’s effectiveness
in dealing with national problems and its technical and administrative capacity to implement
policies. Perceived benevolence is measured through items assessing the extent to which the
government cares about citizens’ well-being and acts in the public interest. All of these items
use 10-point Likert-type scales, ensuring consistency in measurement across all responses.
These variables allow for empirical verification that the competence and benevolence

treatments successfully shifted respondents’ perceptions in the expected directions.
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The survey also includes attention check questions to ensure data quality and improve
accuracy of the results. Each treatment is followed by one question regarding some
information presented in the manipulation text. The attention check questions were
formulated in a way to not come out as too general, while simultaneously being specific
enough for the respondent to be able to answer with ease. For example, the high competence
text was followed by the question about which global firms conducted audits of the mentioned

administrative platforms.

4.6. Outcome measures

Every treatment is followed by a scenario that reflects Kazakhstan's policy
environment, where the Al-powered video analytics system called “Sergek” is being used in
public safety and traffic management domains. At first, the respondents are presented with
information about prior experience of the government in using the system, underlining its
ability to automatically identify traffic offenses and generate administrative reports. Next, the
survey participants are informed of the government plans to expand the usage of “Sergek” by
adding an advanced Al-backed facial recognition feature, which would “use Al algorithms to
analyze live camera footage, match facial data against authorized databases, and flag
individuals potentially involved in criminal offenses in public places”. The goal of such
enhancement is stated as lowering crime rates and increasing the efficiency of the law
enforcement in identifying suspects in crowded urban areas.

The text clarifies that Al technologies primarily serve as assistive tools supporting
human decision-makers rather than autonomous decision-making systems. Such framing is
consistent with Kazakhstan's current governmental strategies, which integrate
algorithm-driven technologies to enhance professional judgment and administrative

procedures rather than to replace human authority. Therefore, the presented scenario is more
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plausible and respondents are expected to be more engaged with the treatment materials when
the experiment is conducted in a realistic national context. The exact text of the presented

scenario can be found on table 6 below.

Table 6: Scenario about the usage of Al in public services in Kazakhstan

In the recent years Kazakhstan has implemented digital monitoring technologies to
improve public safety and traffic management. One example is the “Sergek” system, which
has been deployed in major cities to monitor road traffic and detect violations such as
speeding or running red lights. The system relies on Al-powered video analytics to
automatically identify traffic offenses and generate administrative reports, supporting more
systematic enforcement on the roads.

Building on this experience, the government is now planning to expand the system
by introducing an advanced Al-backed facial recognition feature. The upgraded system
would use Al algorithms to analyze live camera footage, match facial data against
authorized databases, and flag individuals potentially involved in criminal offenses in
public places. The purpose of the Al enhancement is to lower crime rates and assist law
enforcement in identifying suspects more efficiently in crowded urban environments.

Authorities emphasize that the Al system will function strictly as a decision-support
tool. While the technology may detect patterns, generate alerts, and suggest potential
matches, final decisions (including identity verification, investigation, and any legal action)
will remain under the authority of human officers. The proposed expansion is presented as
an Al-driven technological upgrade designed to strengthen public security while preserving
human oversight in enforcement processes.

The Al-related scenario is also followed by an attention check question, which asks the
respondents to identify which road traffic monitoring system has been deployed in
Kazakhstan.

The primary outcome variables (measured after the respondents read the scenario)
relate to support for and comfort with Al in public service delivery, specifically in the context
of Al-enhanced surveillance through the “Sergek” system. In particular, support for the
implementation of the Al-driven public security system is measured using a 10-point
Likert-type scale, ranging from “strongly oppose” (1) to “strongly support” (10). This item
captures respondents’ policy-level approval of Al adoption in law enforcement. A second key

outcome variable - comfort with the system operating in public spaces - is measured on a
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(13

similar 10-point Likert-type scale, ranging from “very uncomfortable” (1) to “very
comfortable” (10). While the first measure reflects normative support, the second captures
affective acceptance, allowing for a more nuanced assessment of public attitudes toward Al

technologies.

4.7. Estimation strategy

The following regression model is used to estimate the causal effect of the

experimental treatments on dependent variable:
Yi=a + X + X, + BXX; e

where Y, stands for the level of support for Al in public services for respondent i. The
variables X; and X, are binary indicators that capture exposure to the high competence and
high benevolence treatments (the value of 1 is taken if the respondent is assigned to the
corresponding treatment and 0 is if not). The interaction term XX, indicates joint exposure to
both treatments. The intercept term « represents the level of support for Al in public services
among the respondents in the control group (those, who were not exposed to any treatment).
The coefficient f, estimates the effect of the competence treatment relative to the control
condition when benevolence is absent and f,indicates the effect of the benevolence treatment
relative to the control condition when competence is absent. The interaction term f; signifies
whether and how the effect of competence changes in the presence of benevolence, thus

allowing to estimate the conditional treatment effect.

The presented approach allows for all hypotheses to be tested within a single
framework (Table 7). Despite being captured in a single main regression model, in practice
the effects of independent variables are estimated in two versions. Firstly, a baseline model is
estimated without additional controls and relies only on randomized assignment of treatments.

Secondly, a full model includes pre-treatment variables to improve the precision of estimates.
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Both versions are estimated using ordinary least squares (OLS) regression with robust

standard errors.

To clarify further, this estimation strategy is primarily aimed at identifying the average
treatment effect (ATE) of perceived competence and benevolence dimensions on support for
Al in public services. In the selected model, given the randomized assignment of respondents
to treatment conditions, the coefficients on the treatment indicators can be interpreted as
ATEs. The coefficient f, represents the difference in average support for Al in public services
between respondents exposed to the high competence treatment and in the control group when
competence is not present. In the same manner, S, represents the difference in mean outcomes
between respondents that are exposed to the high benevolence treatment and the control group
when benevolence is missing. The same logic applies to f; as it reflects how the effect of

competence changes in the presence of benevolence.

Table 7: Hypotheses and their corresponding model coefficients

Hypothesis Coefficient | Expected direction of the estimate
Hypothesis 1: When people perceive

the government as competent, they will B B>0

support the use of Al in the public

sector

Hypothesis 2: When people perceive
the government as benevolent, the will B> B>>0
support the use of Al in the public
sector

Hypothesis 3: The positive effect of
perceived competence on support for
Al in the public sector is conditioned
by benevolence: when people don’t Ps
perceive the government as benevolent,
the presence of perceived competence
won’t lead to support for Al

ps>0

Note: E [Y] represents the expected value or, in other words, the average value of the outcome variable
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The dependent variable - support for Al in the public sector - is treated as a continuous
variable. The independent variables correspond with the applied experimental treatments and
are coded as binary: the value of 1 is taken if the respondent has been exposed to the high
competence or high benevolence treatment and the value of 0 is taken if the treatment wasn’t
given. The interaction term is the product of the two indicators and captures joint exposure to

high competence and benevolence.

4.8. Validity

As previously mentioned, the experimental design of this study was selected to
increase the internal validity. The core component lies in the assignment of randomization,
which eliminates selection bias by ensuring that designated treatment groups are not
correlated with pre-existing traits of respondents. Moreover, the vignette-based two-by-two
survey design contains controlled treatment manipulation aimed at influencing only the
intended variables. Additionally, the given design choice incorporates a control group with a

neutral baseline condition.

The main threat to the internal validity of this study would be posed by the weakness
of manipulation. In saying that, high competence and benevolence treatments might not
actually increase the level of such dimensions of trust in government. Manipulation checks
are included in the questionnaire to identify whether the manipulation has provided some
outcomes. Nonetheless, the mentioned aspect of experimental design should be treated as a
potential limitation of the study.

Regarding external validity of the study, a few limitations should be taken into
consideration. Firstly, the student sample might be insufficient to establish the causal
relationship if the effect of competence and benevolence manipulation depends on the

baseline level of trust. Secondly, the problem arises if the sample presents minimal variation
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in the mentioned dimensions of trust in government variables. To mitigate such threats,
manipulation check questions, as well as measurements of pre-existing levels of trust in

government have been included in the survey.

4.9. Sample and data collection

This study uses a sample of 210 university students drawn from those studying in
Nazarbayev University in Astana, Kazakhstan. Respondents were recruited through an email
invitation in three languages (English, Kazakh, and Russian) distributed via university
mailing system (Table Al, Appendix A). Participation was voluntary, anonymous, and
respondents could complete the questionnaire on any devices and at any time convenient for

them.

In order to ensure accessibility and inclusiveness, the survey itself was created in three
languages - English, Kazakh, and Russian. Respondents selected their preferred language by
accessing the survey through a corresponding language specific link. Once a language was
selected, participants were required to complete the survey in that language and couldn’t
switch between versions during participation. This design choice was carried out to minimize
potential variation in interpretation of presented information based on language preferences.

The usage of a student sample allows for the establishment of a controlled setting for
conducting a survey experiment. Although a representative sample of the whole population
would be considered the exemplary standard for an empirical analysis, student samples have
been actively used in the field of social sciences to conduct research. For instance, Druckman
and Kam (2009) found student subjects to not be intrinsically posing a threat to experimental
study’s external validity. That is not to say that the nature of such samples does not matter.
The considerations for the problematic feature of student samples is especially relevant when

the goal of the study is population-level generalization. In the given study, however, the
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emphasis is made on testing the developed theory-based hypotheses and identifying the
presence of causal mechanisms. More detailed discussion of validity concerns can be found in

the following subchapters.

4.10. Ethical considerations

The study was formulated to ensure the adherence to ethical standards for research
involving human subjects. Prior to participation all respondents were presented with an
informed consent form at the beginning of the survey. The consent form was displayed
immediately upon accessing the survey link and before any questions were asked. Participants
were required to check the respective box “I agree” in order to proceed to the questionnaire.
The participants who selected “I disagree” were not shown any questions and received an

“End of Survey” message.

Before conducting the survey and collecting data, the survey and research protocol
was approved by the Nazarbayev University School of Sciences and Humanities Institutional
Research Ethics Committee.

Important to clarify, that the survey didn’t include any sensitive or potentially harmful
questions. All responses were collected anonymously and no personal identifiable information
was collected. The “Qualtrics” platform through which the survey was administered ensured
anonymity and confidentiality in the process of data collection. Participation in the study was
entirely voluntary and respondents were able to stop their participation at any time by exiting

the survey. Hence, the risk to participants has been assessed as less than minimal.

4.11. Conclusion
This chapter presented a detailed overview of the research design and methodology

selected to test the hypotheses developed earlier in the thesis. A controlled survey
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experimental design was chosen to identify how perceptions of government competence and
benevolence shape the citizen support for Al in public services. Such an approach gives an
opportunity to assess the causal relationship between the independent and dependent
variables, i.e. to directly test whether the expectations derived from the theoretical framework
are supported.

The selected estimation strategy is characterized as a basic linear regression model and
which matches the two-by-two vignette-based experimental survey design. It allows for an
estimation of average treatment effects and captures the interaction between the two
independent variables, which correspond with the all three hypotheses of the thesis.

The chapter also addressed potential limitations of the study related to the use of a
student sample. While this sample isn’t fully representative of the broader population, it is
appropriate for the primary objective of this thesis, which is to test the developed theory by
applying scientific research method skills. Furthermore, the emphasis of this study is placed
on identifying causal relationships rather than coming up with generalizable claims about the
whole population.

Overall, the experimental design and estimation strategy of this study was developed
to ensure that the assessment is methodologically precise and careful. With that in mind, the
following chapter presents the empirical findings and discussion of whether the results

support the proposed hypotheses.
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Chapter 5: Findings
5.1. Introduction

This chapter presents the empirical findings of the given study. The reporting of the
results is done in several steps. Firstly, this chapter discusses the descriptive statistics and
sample characteristics to contextualize the available data. Secondly, comparisons across
treatment groups are realized to get an initial overview of differences in support for Al in the
public sector. Thirdly, the regression models are analyzed to test the three hypotheses.
Together these steps are aimed to identify the independent and conditional effects of
competence and benevolence, while accounting for relevant individual characteristics of the

sample.

5.2. Sample characteristics

The full sample consists of 210 respondents. As shown in Table 11 the majority of the
students are aged 18-24 (60%) followed by 25-34 (29.5%). Gender distribution is balanced
with 53.3% of female respondents and 46.2% male respondents (0.5% preferred not to
disclose their gender). This reduces concerns regarding gender-driven bias in attitudes toward
Al, although such variable was still treated as a control in the regression models.

Majority of the respondents are residents of Kazakhstan (88.1%) and of an urban
upbringing (87.1%). The sample is relatively evenly distributed between STEM (47.6%) and
non-STEM (49.1%) fields of study. Moreover, there are more Master’s level students among
the respondents (40.9%), which are followed by the Bachelor’s (38.6%), Doctoral (20%) and

Foundation Year (0.5%) students.
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Table 8: Sample characteristics

Variable Categories Frequency (N) %
Age 18-24 126 60.0
25-34 62 29.5
35-44 21 10.0
45-54 1 0.5
Gender Male 97 46.2
Female 112 53.3
Prefer not to say 1 0.5
Residency Non-resident 25 11.9
Resident 185 88.1
Upbringing Rural 27 12.9
Urban 183 87.1
Academic Program Foundation Year 1 0.5
Bachelor’s 81 38.6
Master’s 86 40.9
Doctoral 42 20.0
Field of study Non-STEM 103 49.1
STEM 100 47.6
Not sure 7 33

Overall, the sample is characterized as young, educated, urban, and digitally exposed. This

will be taken into account when interpreting the results in the following chapter.

In order to provide a more precise assessment of the experimental results, the analysis
is conducted across two samples: the full sample (N = 210) and a filtered sample of
respondents who passed the post-treatment attention check questions in the survey (N = 163).
This separation enables evaluation of whether the estimated treatment effects are sensitive to
respondents’ engagement with the experimental stimulants. While the full sample is
characterized as the primary basis for inference, the attention-filtered sample serves as a
robustness check.

With that in mind, the following subchapters are organized into two parallel

subsections. Each subsection presents an analysis for one of the samples, full and filtered. In
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particular, descriptive statistics are reported by relevant variables to provide an overview of
sample composition. Next, difference-in-means tests are used to estimate the ATE across
experimental conditions. Moreover, regression analyses are shown to account for covariates

and test the robustness of the estimated effects under alternative model specifications.

5.3. Average treatments effects in the full sample

5.3.1. Descriptive Statistics

The descriptive statistics provide the respondents’ baseline attitudes towards politics,
government, and Al, as well as distribution of key variables used in the analysis (Table B1,
Appendix B). They show that among all participants there is a moderate level of interest in
politics with a mean of the variable being equal to 6.34. Baseline trust in government is
comparatively lower with a mean of 4.29, which indicates initial skepticism of the sample
toward governmental institutions. Such distribution indicates that the selection of a research
design as contrasting three positive treatments with a neutral baseline condition was the
correct choice as respondents did not enter the experiment with uniformly high trust in

government.

Respondents also demonstrated increased familiarity with Al technologies (mean =
7.27) and moderately positive general attitudes toward Al (mean = 7.27). Hence, the sample is
found to be not only aware of Al but also predisposed to evaluate it more favorably.
Additionally, the post-treatment measures of perceived competence (mean = 5.06) and
perceived benevolence (mean = 4.62) are both around the midpoint of a Likert scale. The
benevolence has been evaluated more negatively. The dispersion in both variables is

moderate, which highlights the sufficiency of variation for identifying treatment effects.

The primary outcome variable (support for Al in the public sector) has a mean of 5.90

with a median of 6.5. This reflects a moderately positive but not overwhelming level of
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support, suggesting that respondents are on average cautious in supporting Al in public
services. The relatively large standard deviation (2.52) suggests considerable heterogeneity in
attitudes towards Al in the public sector, which is essential for detecting the influence of

experimental manipulations.

5.3.2. Randomization and manipulation check

In order to assess the effectiveness of random assignment, baseline characteristics
were compared across four experimental groups: group A (high competence), group B (high
benevolence), group C (high competence and benevolence), and group D (control) (Table B3,
Appendix B). The comparison includes both attitudinal variables and demographic

characteristics.

Across the attitudinal measures, group means appear rather similar. Interest in politics
ranges from 6.00 (SD =2.67) in group A to 6.94 (SD = 2.38) in group C. Trust in government
varies between 4.02 (SD = 1.95) in group B and 4.80 (SD = 1.86) in group C. Familiarity with
Al is relatively consistent across groups with means between 7.08 (SD = 1.55) and 7.41
(1.75). Attitudes toward Al show somewhat greater variation with the lowest mean in the

control group D (5.77, SD = 2.37) and the highest in group B (6.94, SD = 2.35).

The distribution of gender is comparable across conditions with female respondents
taking up between 45.3% and 57.4%, while male respondents comprised between 42 and
54.7%. Age distribution is concentrated in the 18-24 and 25-34 categories across all groups.

In terms of field of study, both STEM and non-STEM backgrounds are represented in
each group. The share of STEM respondents ranges from 37% (group C) to 54.7% (group D),
while non-STEM respondents range from 41.5% (group D) to 59.3% (group C). A small
proportion of respondents reported being unsure. Regarding the level of academic program,

the majority of respondents reported being enrolled in Bachelor’s and Master’s programs
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across all groups. Bachelor’s students take up the range from 35.2% (group C) to 44% (group
B). Master’s students constitute between 37% (group C) and 49.1% (group A), while doctoral
students range from 13.2% (group A) to 27.8% (group C). Most respondents are from an
urban upbringing, ranging from 83% (group D) to 94% (group B) with rural background
accounting for a smaller share. Similarly, the majority of participants are residents of

Kazakhstan with proportions between 84% (group B) and 90.6% (group A).

The descriptive statistics for manipulation check questions across four experimental
groups suggest that the treatments did in fact shift the respondents’ perceptions of
governmental competence and benevolence in the intended direction. For instance,
respondents in group C reported the highest average levels of perceived competence with a
mean of 5.39 (SD = 1.88) and perceived benevolence with a mean of 4.95 (SD = 2.12).
Additionally, those in groups A and B expressed higher perceptions of perceived competence
and benevolence than those in the control group D (Table BS, Appendix B).

The sample sizes across groups are comparable: 53 respondents in group A, 50 in

group B, 54 in group C, and 53 in group D.

5.3.3. Difference-in-means test

The comparison of mean levels of support for Al across the experimental groups was
carried out to examine the variation in the outcome across treatment conditions and relative to
the control group. The control group has an average support level of 5.77 on the 10-point
Likert scale, which depicts a relatively positive baseline attitude toward the use of Al in the
public sector. Against this finding, the treatment conditions reveal different patterns.

For instance, the high competence treatment is associated with a slight decrease in
support (mean = 5.59) that corresponds to a difference of 0.18 compared to the control group.

This suggests that emphasizing government’s effectiveness and technical capacity alone is not
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sufficient to drive support for AI. Contrasting to that, high benevolence treatment is
characterized by a higher average level of support (mean = 6.00) with an increase of 0.23 with
regards to the control group. Hence, framing the government as acting in public interest and
prioritizing citizen well-being seems more effective in fostering positive attitudes towards Al

in the public sector.

The combined high competence and benevolence treatment produces the highest level
of support among all groups (mean = 6.23) with a difference of 0.45 compared to the control
group. Such a pattern indicates a potential reinforcing effect of both dimensions of trust when
presented together. Notably, however, the observed differences of all groups are not
statistically significant, therefore further regression analysis is necessary to carry out precise

estimation of treatment effects and their interaction (Table B7, Appendix B).

Figure 1 presents a pairwise comparison between treatment groups. Particularly, it
depicts the contrast between the high competence treatment group (A) and the control group
(D), as well as the comparison between the combined treatment group (C) and the high
benevolence treatment group (B). The bar plot specifically corresponds to the third
hypothesis, which states that the positive effect of perceived competence on support for Al in

the public sector is conditioned by benevolence.
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Figure 1: Treatment group means differences (full sample)
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5.3.4. Regression results

A series of regression models was run to assess the effect of experimental treatments
on support for Al in the public services. The models separately incorporate interaction terms
and control variables to test the hypotheses and perform robustness checks of the observed
relationship (Table 9).

Model 1 estimates the effect of treatment conditions without the additional controls.
The coefficient for the competence treatment is negative and is not statistically significant,
thus it does not support HI1, which is associated with an understanding that exposure to
information emphasizing competence of the government independently increases support for
Al in the public sector. The benevolence treatment has a positive coefficient, but also failed to
reach the level of statistical significance. Therefore, while the direction of the effect is
consistent with H2, the lack of statistical significance doesn’t allow for conclusive statements

to be made based on this model. The combined treatment also has a positive coefficient, but
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also failed to reach the level of statistical significance. H3 is not supported, although the effect
is in the expected direction.

Model 2 excludes the interaction term between competence and benevolence, allowing
for the direct testing of H3. The interaction coefficient is positive, therefore the effect of
competence does seem to become more effective when accompanied by benevolence.
However, the effect is still not statistically significant, which means that the conditional
relationship outlined in H3 is not strongly supported.

Table 9: Regression results (full sample)

Variables Model 1 Model 2 Model 3 Model 4
(treatment) (no interaction) (+ Attitudes) ~ (+Demographics)
Competence -0.179 -0.139 -0.432 -0.329
(0.492) (0.300) (0.419) (0.418)
Benevolence 0.226 0.028 -0.279 -0.282
(0.499) (0.304) (0.432) (0.440)
Competence 0.411 - 0.601 0.503
X (0.699) (0.600) (0.606)
Benevolence
Trust in - 0.349%** 0.341%** 0.315%**
government (0.078) (0.078) (0.078)
Familiarity - -0.022 -0.025 0.026
with Al (0.087) (0.087) (0.090)
Attitude - 0.446%** 0.453%** (0.395%%#x*
toward Al (0.070) (0.071) (0.076)
Interest in - -0.083 -0.087 -0.112
politics (0.060) (0.060) (0.066)
Obs.: 210 210 210 210
R%: 0.009 0.296 0.299 0.365

Adjusted R*: -0.005 0.275 0.275 0.301
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F-test: 0.6362 14.2 12.32 5.747

Note: Standard errors in parentheses. *** p<0.001, ** p <0.01, * p<0.05

Models 3 and 4 take additional covariates and demographic variables into
consideration. These models serve as robustness checks and assess whether the estimated

treatment effects remain stable when accounting for pre-existing individual characteristics.

Across these models the coefficients for competence and benevolence treatments
continue to stay statistically insignificant. While competence remains to not be driving the
support for Al, the benevolence in the extended models appears to gain a negative coefficient.
The interaction term between the two dimensions of trust remains positive and statistically

insignificant.

It is necessary to point out that several control variables in models 2 to 4 showed up as
strong and consistent predictors of support for Al. For instance, baseline general trust in
government is positively associated with support across all models in which it was included.
Similarly, overall attitudes of respondents towards Al present a strong and statistically

significant positive relationship with support for Al in the public sector.

5.4. Average treatment effects in the filtered sample

5.4.1. Descriptive statistics

The descriptive statistics for the filtered sample include values only for those
respondents that passed the attention check questions following treatment exposure. The
filtered sample consists of 163 observations. Interest in politics has a mean of 6.34. Trust in
government shows a lower mean of 4.29. Familiarity with Al is relatively high with a mean of

7.37, while attitudes towards Al have a mean of 6.21.

For the key independent variables, perceived competence has a mean of 5.11, while

perceived benevolence has a mean of 4.62. The dependent variable - support for Al - has a
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mean of 5.85. Across all variables the minimum values range from 1 to 4, and the maximum
reach up to 9 or 10, indicating that the full scale was utilized in most cases (Table B2,

Appendix B).

5.4.2. Randomization and manipulation check

With the goal of evaluating the random assignment within filtered sample, baseline
characteristics were also compared across four experimental groups: group A (high
competence), group B (high benevolence), group C (high competence and benevolence), and

group D (control) (Table B4, Appendix B).

With regards to attitudinal measures, group means show moderate variation but remain
within comparable ranges. Interest in politics varies from 6.10 (SD = 2.76) in group A and
6.11 (SD = 2.60) in group D to 6.77 (SD = 2.22) in group C. Trust in government shows
greater dispersion with the lowest mean of 3.78 in group B (SD = 1.80) and the highest in
group C (5.11, SD = 1.91), while groups A and D report similar values (4.34 and 4.09).
Familiarity with Al is relatively consistent across groups and ranges from 7.10 (SD = 1.48) to
7.71 (SD = 1.67). Attitudes toward Al present some variation with group D reporting lowest

mean (5.61, SD = 2.36) and groups B and C higher values (6.71 and 6.69).

Gender distribution differs across groups to a greater extent than in the full sample.
The proportion of male respondents ranges from 39% (group B) to 58.7% (group D), while
female respondents constitute between 41.3% (group D) and 58.5% (groups A and B). Age
composition is concentrated in the 18-24 and 25-34 categories across all groups, although the
relative shares vary. The proportion of aged 18-24 ranges from 51.2% (group B) to 69.6%
(group D), while the 25-34 group accounts for approximately 5 of respondents in the

treatment groups and a smaller share in group D (21.7%).
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The field of study shows some imbalance across conditions. Group C has a higher
proportion of non-STEM respondents (60%) and a lower share of STEM respondents
(34.3%). Group D presents an opposite pattern with 54.3% of respondents being STEM
students and 41.3% non-STEM. Groups A and B are evenly split between the two fields of
study. Regarding the level of academic program, Bachelor’s and Master’s students constitute
the majority across all groups (same as in the full sample). To take note, there is a higher
concentration of doctoral students in group C. Most respondents are also from an urban
upbringing, although the proportion is a bit lower in group C (80%) compared to groups A
and B (87.8% and 92.7% respectively). Residency status is similar across all groups with
group B including a higher proportion of non-residents of Kazakhstan (17.1%) compared to

other groups.

The manipulation check analysis also highlights that the experimental manipulations
produced differences in the respondents’ perceptions of government competence and
benevolence in the expected direction (Table B6, Appendix B). The greatest values are
observed amongst the respondents in the group C with a mean of 5.94 (SD = 1.45) for
perceived competence and a mean of 5.30 (SD = 1.93) for perceived benevolence.
Respondents in groups A and B reported higher perceptions of both competence and

benevolence relative to those in the control group.

Sample sizes are relatively balanced with 41 respondents in both groups A and B, 35

in group C, and 46 in group D.

5.4.3. Difference-in-means test

The examination of how support for Al varies across treatment groups within the

filtered sample is accompanied by comparison of mean levels of outcome variable - support
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for Al - across groups. Control group (D) serves as the reference category (Table BS,
Appendix B).

The mean level of support for Al in the control group is 5.65. Across the treatment
groups, group A has a mean of 5.55, group B = 5.82, and group C = 6.48. Relative to the
control group, group A shows a difference of -0.10, while group B is associated with the

difference of +0.17. Group C has a larger difference of +0.83.

Figure 2 presents pairwise comparison between selected treatment groups. The
contrast between competence treatment group A and control group D is -0.10. The
comparison between the combined treatment group C and the benevolence group B shows the

difference of +0.66. As mentioned prior, the bar plot corresponds to the H3.

Figure 2: Treatment groups means differences (filtered sample)
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5.4.4. Regression results

Carrying out a further assessment of the relationship between treatment conditions and
support for Al, a series of OLS regression models were estimated using the filtered sample
(Table 10). The models are specified to evaluate the robustness of the results: model 1
includes only treatment variables, model 2 excludes the interaction term and adds attitudinal
controls, model 3 introduces interaction between competence and benevolence alongside

attitudinal variables, and model 4 incorporates demographic controls.

In model 1 neither competence, nor benevolence shows statistically significant
association with support for Al. The interaction term between competence and benevolence is
also not statistically significant. The direction of an estimate for competence is negative,
while benevolence and interaction terms are positive. Moreover, this model explains a rather
small proportion of variance (R*=0.018).

In model 2 competence and benevolence remain statistically insignificant and in the
same direction as in model 1. Among the added variables, trust in government and attitude
toward Al are positively and statistically significantly associated with support for Al.
Familiarity with Al and interest in politics are not statistically significant. Introduction of

attitudinal covariates substantially increases the explanatory power of model with R*=0.310.
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Table 10: Regression results (filtered sample)

Variables Model 1 Model 2 Model 3 Model 4
(treatment)  (no interaction)  (+ Attitudes) (+Demographics)
Competence -0.103 -0.100 -0.383 -0.365
(0.566) (0.357) (0.481) (0.490)
Benevolence 0.165 0.141 -0.150 -0.287
(0.566) (0.361) (0.491) (0.520)
Competence x 0.772 - 0.626 0.672
Benevolence (0.830) (0.713) (0.741)
Trust in - 0.374%** 0.361%** 0.346%**
government (0.091) (0.092) (0.095)
Familiarity with Al - -0.079 -0.084 -0.011
(0.105) (0.106) (0.111)
Attitude toward Al - 0.449%** 0.456%** 0.396%**
(0.083) (0.083) (0.090)
Interest in politics - -0.115 -0.117 -0.119
(0.070) (0.071) (0.077)
Obs.: 163 163 163 163
R%: 0.018 0.310 0.313 0.364
Adjusted R*: -0.001 0.2833 0.282 0.289
F-test: 0.945 11.67 10.100 4.875

Note: Standard errors in parentheses. *** p<0.001, ** p <0.01, * p<0.05

In model 3 similar dynamics are visible as in models 1 and 2: competence and

benevolence, as well as their interaction term remain statistically insignificant. Yet the

direction of estimates differs for benevolence, turning negative as seen in the regression

results for the full sample. Model 4 follows the same path as model 3, yet with a slightly

increased explanatory power. In model 3 the regression explained 31.3% of the variance,

while in model 4 it is equal to 36.4%. Trust in government and attitude toward Al continue to
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be the only variables that show statistically significant association with support for Al in the

public sector.

5.5. Conclusion

This chapter presented the empirical findings of the study, drawing on both the full and
filtered samples to assess the effects of experimentally manipulated perceptions of
competence and benevolence on support for Al in the public sector. Across the
difference-in-means analysis, variation in average levels of support for Al between treatment
and control groups was observed. However, these differences didn’t reach necessary levels of

statistical significance.

The regression analysis further evaluated these relationships through a series of earlier
specified models. In both the full and filtered samples the competence treatment didn’t show
the statistically significant effect on support for Al and the coefficient went in a negative
direction as opposed to the expectations, therefore there isn’t empirical support for H1. The
benevolence treatment showed a positive but statistically insignificant coefficient, offering
limited alignment with H2. In extended models the coefficient for benevolence became
negative, though still statistically insignificant.

The interaction between competence and benevolence was consistently positive across
all models in both samples. This indicates that the joint presence of these variables is
associated with higher support for Al in the public sector, however the interaction term still
didn’t achieve statistical significance, meaning that H3 is not supported by the empirical

evidence.

In contrast, several control variables emerged as strong and consistent predictors of

support for Al. Trust in government and general attitudes towards Al were positively and
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statistically significantly associated with the dependent variable across all models where they
were included. Other controls didn’t show statistical significance.

The following chapter situates these findings within the theoretical framework

developed earlier, addressing their implications, potential explanations, and limitations.
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Chapter 6: Discussion

6.1. Introduction

This chapter discusses the findings of the study with regards to the developed theory
and existing scholarly works on the topic. The structure goes as follows. The chapter begins
by interpreting the main results by focusing on how they relate to the expected relationships
between perceived competence, benevolence, and support for Al in the public sector. Next,
there is an outline of the theoretical implications of findings with emphasis made on how they
refine existing understandings of trust in government and its role in shaping attitudes toward
Al

Furthermore, the chapter includes a substantive interpretation of the results,
highlighting their relevance for real world policymaking contexts. The limitations of the

study’s findings are also appropriately addressed with suggestions for future research.

6.2. Interpretation of main findings

The findings of this study imply that informational cues about government
performance have limited capacity in independently shaping citizen support for Al in public
services. Across both the full and filtered samples, none of the treatments achieved statistical
significance in any of the estimated models. This indicates that such short-term

experimentally manipulated perceptions alone don’t produce strong causal effects.

While the absence of statistically significant effects means that the hypotheses are not
empirically supported, the observed patterns remain theoretically informative when
interpreted with regards to the theoretical framework developed in Chapter 3. The results
don’t contradict the core theoretical expectation that trust in government shapes support for
Al Specifically, they suggest that dimensions of trust in government operate at a deeper level

than can be influenced through isolated informational treatments.
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The findings do reinforce the argument that Al in the public sector is evaluated not as
an autonomous object, but as an extension of government authority. As mentioned in the
theoretical framework, citizens rely on broader institutional evaluations when forming
attitudes toward algorithmic governance. The strong and consistent statistical significance of
baseline trust in government across all models, in which this variable was included, provides
direct evidence-based support for this claim. As opposed to responding to the experimental
high competence and/or benevolence treatment, respondents were found to be relying on
pre-existing levels of political trust when assessing the desirability of Al in public services.

The behavior of the benevolence variable further supports such interpretation (H2). In
simpler models benevolence was presented as having more positive association with support
for Al than competence, even though it did not reach statistical significance. This pattern was
visible in models 1 and 2, yet the coefficient for benevolence turned negative once attitudinal
and demographic control variables were added. This might be explained by the following. The
correlation matrix shows that benevolence and baseline trust in government are relatively
strongly correlated (Figure B1, Appendix B). It may be possible that once the variable of trust
in government was included, it took on the majority of explanatory power that the
benevolence had in simpler models. Hence, it may be stated that benevolence doesn’t
independently increase support for Al in the public sector in the case when broader trust in

government is accounted for.

When it comes to competence, a different dynamic is observed. The consistently
non-significant and negative coefficients indicate that emphasizing government competence
alone doesn’t translate into increased support for Al. This finding challenges the idea that
technical expertise and administrative effectiveness are sufficient enough to legitimize the use

of algorithm-driven tools in governance (H1). Instead, it seems evident that competence
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treatment may lack persuasive power, especially in domains characterized by uncertainty and

limited transparency such as Al.

An additional interpretation of the negative coefficient associated with perceived
competence might be connected to how citizens evaluate the necessity of Al in governance.
When a government is perceived as highly competent, individuals may think that the existing
administrative and technical capacity of the state is already sufficient for effective policy
implementation and service delivery. Hence, the introduction of Al in the public sector may
not be viewed as an enhancement, but as an unnecessary step. Rather than increasing support,
higher perceived competence may reduce the need for technological advancement with Al,

therefore resulting in lower levels of support for Al in public services.

The interaction term’s coefficient remains consistently positive across all models,
although not reaching statistical significance. It should be noted that the direction of an
estimate highlights the presence of conditional relationship between two dimensions of trust
(H3). This finding aligns with expectations set up in the theoretical framework, according to
which citizens require benevolent intentions of the government to legitimize the use of Al

technologies in the public sector.

The most statistically significant findings were related to pre-existing attitudes of
respondents. Baseline trust in government and general attitudes towards Al were found as the
strongest predictors of support across all regression models. Such empirical evidence backs
up an understanding earlier discussed in the literature review and theoretical framework
chapters that citizen support for Al is structured by a combination of institutional trust and
technological attitudes, both of which precede and outweigh the influence of short-term

informational manipulations.
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6.3. Theoretical implications

To reiterate, the empirical results of this study don’t provide statistically significant
support for the hypothesized direct effects of competence and benevolence. However, they
still contribute to refining and extending the theoretical framework developed in this thesis.

For example, the results underline the importance of trust dimensions in shaping the
support for the deployment of Al-driven tools in governance. The strong and consistent effect
of baseline trust in government across all regression models suggests that citizens do rely on
pre-existing institutional evaluations when forming attitudes toward Al in public services.
This finding allows to further extend the argument by stating that trust in government should
be conceptualized more comprehensively and structurally to align with perspectives that

emphasize the social embeddedness feature of Al in the public sector.

Moreover, the results do not invalidate the assumption that the separate dimensions of
trust - competence and benevolence - can be empirically isolated as independent causal
drivers in the form presented in this study. On the contrary, the study demonstrates that these
dimensions can be conceptually and empirically distinguished and that they produce effects in
the expected direction. This has implications for further research: the findings suggest the
need for further research in this direction with larger samples and more refined
operationalization strategies.

Additionally, the consistently positive interaction between competence and
benevolence provides preliminary support for the argument that trust dimensions function in a
conditional manner rather than independently. This goes in line with the recent scholarship in
the field that underlines that citizens evaluate government actions through combined
assessment of capability and intentions. The findings suggest that competence without

benevolence may lack influencing power. Although the effect didn’t reach statistical
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significance, its direction and stability offers the possibility to accept H3 as plausible and calls

for further research of the matter.

The results also contribute to the existing literature on citizen attitudes toward Al in
the public sector in such a way that they demonstrate the intertwined nature of the relationship
between technology-related evaluations and political opinions. The strong effect of general
attitudes toward Al shows that support for Al in governance is indeed reflective of broader
perceptions toward technological advancements. In order to not overlook the interaction
between technology-based trust and institutional trust, it is vital to look into more integrative

theoretical models in future research projects.

It is also important to note that the findings of this thesis contribute to the existing
literature by demonstrating the importance of disaggregating trust in government into its
constituent dimensions rather than treating it as a unified construct. By distinguishing
between perceived competence and benevolence, this study highlights that the citizens’
attitudes toward Al in public services are shaped through a more nuanced prism of trust in
government. Such an approach paves a way for future researchers as it shows that public
opinion towards Al may be and should be examined through dimensions of institutional trust.
In this context, the findings of the thesis also can serve as an explanation for mixed or
contradictory findings in contemporary scholarship on the topic: inconsistencies might stem

from insufficiently broken down conceptualizations of trust in government.

6.4. Substantive interpretation and policy implications

The findings of the given study indicate that citizen acceptance of Al in the public
sector is grounded in broader perceptions of government and technology. In practical terms,
this suggests that people interpret digital innovations in governance through an already

established set of attitudes. Within the context of Kazakhstan, this result is particularly useful.
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The initiatives to incorporate Al-driven technologies in public services, especially in the
public safety domain, are likely to not be perceived as mere modernization efforts, but rather
as a part of further state development and extension of control. With the public perceptions of
Al being embedded in existing relationships between citizens and government, it is safe to say
that the success of Al-driven reforms depends less on how the state presents the initiative, but

mostly on how the state is perceived in the long term.

The lack of findings supporting the hypothesis on the positive effect of competence on
support for Al implies that emphasizing technical efficiency and administrative effectiveness
of the government is ineffective in driving public acceptance. Such narratives are often at the
core of the state’s communication agendas, however they may not resonate strongly with the
general public. In contrast, the positive direction of perceived benevolence signals that people
are quite attentive to why the government is implementing certain initiatives. Although
statistical insignificance of benevolence-related estimates suggests that attempts to frame Al
deployment in the public sector as beneficial and citizen-centered may be limited in their
persuasive power, it is nonetheless important to take this dimension into consideration when
crafting the policy implementation plan.

From a policy perspective, findings of the study emphasize the need for substantial
attention to be paid to the institutional environment in which the technology is planned to be
introduced. In particular, it is vital to strengthen transparency, ensure accountability, and
demonstrate consistent alignment with public interests to foster acceptance of
algorithm-driven systems in the public sector. The results also highlight that policymakers
should recognize the role of general perceptions toward new technologies such as Al. In this
context, the successful implementation of the latter necessitates addressing concerns directly

and in a timely manner, rather than treating technological benefits as self-evident.
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6.5. Limitations

It is necessary to address several limitations of the study when interpreting its results.
First, the use of the student sample may limit the external validity of presented results. The
sample is relatively young and educated, which may lead to higher familiarity with Al and
more homogenous attitudes as opposed to the general population. Hence, the observed
relationships are not fully generalizable to broader society, particularly those with lower
exposure to technologies or different levels of political engagement.

Second, apart from the external validity, it is necessary to take into account that the
small sample size is the primary limitation of this study. It can be stated that it is most likely
that the sample size has reduced the statistical significance of the results, because the
observed relationships generally emerged in the expected direction. Thus, it is expected that a
larger and more diverse sample would provide greater variation in attitudes and increase the
likelihood of observing statistically significant effects. With that in mind, the findings should
not be interpreted as evidence against the proposed hypotheses, but rather as a preliminary

data that requires further testing on a broader scale.

Third, it should be noted that the study was conducted within a specific political
context of Kazakhstan, characterized by limited transparency and features of an authoritarian
regime. As discussed in the theoretical framework chapter, such conditions may affect how
perceived dimensions of trust are reported, thus influencing how citizens respond to survey
questions and experimental treatments. Nonetheless, this context provides valuable insights
into Al governance in non-democratic settings, despite the results characterizing as rather

limited in their generalizability to other political systems.
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6.6. Conclusion

This chapter examined the findings of the study through the lens of the theoretical
framework and existing literature in the field. The analysis shows that support for Al is based
on broader perceptions of people regarding the government and new technologies. The
findings do reinforce the central argument that the acceptance of Al in governance is a

socially embedded notion.

It was explicitly emphasized that the dimensions of trust were found to not be
operating in isolation. Their effects appear to be intertwined between themselves and with
respect to specific socio-political contexts in which Al-driven technology is implemented.
The discussion also emphasized how efforts to drive the acceptance of Al in public services
should be accompanied by assessment of institutional conditions and modifying the
communication strategies to address questions of legitimacy, credibility, and citizen
perceptions.

Overall, it has been demonstrated that understanding public support for Al requires a
comprehensive approach which integrates trust dimensions, technology-related attitudes, and
contextual factors. By achieving that, this study contributes to the existing literature on
understanding how citizens evaluate Al in governance and outlines attention worthy

directions for policy development and further research.
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Chapter 7: Conclusion

The growing use of Al in the public sector reflects a shift in global governance
practices. This is largely due to the nature of Al - a distinct form of technological
development, which has not been yet fully assessed itself. A substantial part of contemporary
scholarly works have been focusing on the mentioned specification of Al and other technical
characteristics of such systems in assessing factors that drive people’s support for them.
However, a limited body of research was produced regarding the institutional factors, which
may shape how individuals perceive Al-driven initiatives in the public sector. This thesis
aimed at tackling the mentioned limitation by suggesting that public support for Al in
governance is grounded in pre-existing beliefs that people hold regarding the state.

The empirical findings presented in this thesis provide clear evidence that perceptions
of government do indeed play a role in shaping attitudes towards Al. In line with the
formulated hypotheses, perceived benevolence was found to be positively associated with
support for Al in the public sector and exhibited a conditioning effect on the dimension of
perceived competence. While general attitudes toward Al appeared as statistically significant
determinants of support for Al in the public sector, more comprehensive analysis of the
findings reinforces the idea that the support for Al in governance can not be understood from
a merely technology-driven standpoint. When applied in the public sector, Al is not to be
treated as a neutral digital advancement, but rather as an extension of government itself.

Most importantly, the findings of this study demonstrate that the dimension of
perceived benevolence occupies a central role in shaping public acceptance of Al in
governance. In particular, its critical importance is especially evident when it involves the
dimension of perceived competence as the latter becomes insignificant in the absence of
benevolence. In more practical terms, this study firmly grounds an understanding that

benevolence is not merely an additional factor among many, but a necessary condition for
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citizen support for Al in the public sector. Hence, it is clear that people need to believe that
AI’s implementation is accompanied by benevolent intentions of the government as a whole.

The insights of the study carry important implications for future research. Primarily,
they highlight the empirical potential for more integrated theoretical frameworks to be
developed in bridging the gap between political trust and Al acceptance literature. Moreover,
the study emphasizes the presence of an insufficiency in scholarly investigations on the topic
of how different dimensions of trust interact between each other, especially in the political
contexts of contested institutional legitimacy. It also invites the researchers to explore
alternative or expanded versions of the presented research design and methodology to
evaluate the mentioned relationships.

An important direction for future research concerns the context-dependent nature of Al
in the public sector. As noted in the literature review of this thesis, public attitudes towards Al
are not uniform and vary depending on the specific domain in which the technology is
deployed. This study presented Al to the respondents by outlining a surveillance-related case,
particularly one where an Al-backed facial recognition feature is added to the “Sergek”
system. While this context is policy relevant and realistic, it is also associated with heightened
concerns for privacy, control, and state authority. As a result, the findings of the thesis may
reflect not only general attitudes towards Al in public services, but also citizens’ reactions to
surveillance itself. Future studies would therefore benefit from examining a broader range of
Al use in public services (for example, in administrative automation, welfare distribution, or
healthcare assistance) to assess how the support for Al varies across policy domains.

Another avenue for future research is related to the potential urban-rural divides in
attitudes towards Al in the public sector. The sample used in this study is predominantly
composed of respondents from urban areas of upbringing, where exposure to digital

technologies and government-led innovation is comparatively higher. However, those who
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grew up in rural areas, where infrastructural development and access to technologies is
limited, may hold different expectations regarding the feasibility and relevance of Al
implementation. In this context, individuals might be less inclined to view Al as a realistic
component of public service delivery, which in turn could shape their level of support for such
technologies. With this in mind, future studies should account for geographical disparities by,
perhaps, incorporating more balanced samples or conducting comparative analyses between
urban and rural populations. This would allow for a formation of a more comprehensive
understanding of how contextual factors influence the acceptance of Al in public services.
Additionally, the study brings up significant practical implications for policymakers.
As mentioned previously, the findings indicate that policymakers should place particular
emphasis on strengthening perceptions of governmental benevolence when introducing Al in
the public sector. Since benevolence reflects the belief that the government acts in the interest
of the public and prioritizes citizens’ well-being, the implementation of Al technology should
be framed as a citizen-oriented initiative designed to improve public welfare. This requires the
governing structures to ensure that Al tools are introduced in ways that are transparent,
inclusive, and responsive to public concerns. For instance, clear communication about the
purpose of such systems, the expected benefits to the public, and safeguards against misuse
may help to mitigate concerns and fears that such technologies are going to be implemented
primarily for surveillance and expansion of control at the expense of citizens’ rights. Thus,
policymakers should prioritize developing effective communication strategies with the public.
The governments also should adopt practices that strengthen participatory action with
regards to Al implementation. In saying that, it is necessary to hold public consultations,
citizen forums, collaboration with civil society and non-governmental organizations in order
to express that societal interests are at the core of Al initiatives. However, the participation of

the public should not be treated and carried out as symbolic, as it may backfire by drastically
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lowering the overall trust in government and its legitimacy in the eyes of citizens. On the
contrary, the realization of participatory initiatives would benefit only if it is integrated into
the decision-making process. This is especially important in the contexts where Al is planned
to be introduced in sensitive policy areas such as public safety, welfare distribution, or
healthcare.

Important implications can also be drawn with regards to accountability and
institutional safeguards. It is essential to make sure that there are independent oversight
mechanisms, which are capable of monitoring how Al tools are used in the public sector.
Namely, independent ethics committees, external auditing processes, and open evaluation
reports by unbiased non-governmental human rights organizations may contribute by
signaling the benevolent intentions of the government and commitment to non-exploitative
use of algorithm-driven technology in the delivery of public services.

Above all, there is a need for crafting a policy, which is oriented towards reducing
informational inequality. The findings clearly showed the significance of general attitudes
toward Al in shaping support for such technology in public services, therefore, governments
should be tasked with increasing investments in programs aimed at raising the technological
literacy of citizens. Failure to address inequality in familiarity with Al may lead to not only
resistance toward Al implementation, but also to heightening of social inequalities amongst
the citizens themselves. Furthermore, it is vital to support projects that focus on researching
the topic of this thesis as they may contribute significantly to the successful implementation
of Al in the public sector by identifying more intricate relationships between factors affecting
the support for algorithmic technology.

All in all, this study puts forward the following central point: acceptance of Al in
governance doesn’t happen in vacuum. It is fostered through the prism of citizens’ beliefs

about the state, its capabilities and intentions. Thus, successful implementation of Al in the
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public sector doesn’t solely depend on the advancements in technology itself, but is directly
reflective of the relationship between the government and citizens. In this context, the given
thesis contributes to a more nuanced understanding of Al-driven governance, which

recognizes trust as a foundational condition for its realization and success.
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Appendicies

Appendix A. Survey
A.1.1. Questionnaire (English version)
Trust in Government and Support for Al in Public Services

BLOCK 1: DEMOGRAPHICS

1. What is your age?
18 —24
25-34
35-44
45 - 54
55-64
65 or older

ooo0O0ooao

2. What is your gender?
Female

Male

Other:

Prefer not to say

oo0oag

3. Are you currently a citizen / permanent resident of Kazakhstan?
O Yes
O No

4. What type of place did you grow up in?
O Urban area
O Rural area

5. Which academic program are you currently enrolled in?
Foundation Year

Bachelor’s

Master’s

Doctoral

Other:

ooo0O00

6. Which best describes your field of study?
O STEM
O Non-STEM
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O Not sure

BLOCK 2: POLITICAL INTERESTS

7. How interested would you say you are in politics? Rate from 1 to 10:

1 2 3 4 5 7 8 9 10
Not at all Very
interested interested

8. Overall, how much do you trust the government? Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Do not Completel
trust at y trust
all

BLOCK 3: ARTIFICIAL INTELLIGENCE

9. How familiar are you with Al (artificial intelligence) technologies? Rate from 1 to

10:
1 2 3 4 5 6 7 8 9 10
Not at Very
all familiar
familiar
10. Overall, how do you feel about Al (artificial intelligence)? Rate from 1 to 10:
1 2 3 4 5 6 7 8 9 10
Very Very
negative positive

BLOCK 4: VIGNETTE

11. Please, read the following information carefully:

Vignette A: Competence Level Manipulation — Group 1
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Over the past decade Kazakhstan’s government has consistently demonstrated strong
administrative and technical capacity in implementing complex reforms and managing
large-scale public programs. Major national initiatives have been executed according to
clearly defined strategic plans with centralized coordination across ministries and akimats
(local administration).

Government institutions have successfully modernized infrastructure in multiple
public service sectors, integrating digital and administrative systems to improve speed,
accuracy, and coordination. In 2022 the centralized platform ‘“e-Otinish” was launched to
streamline communication between citizens and state institutions. The platform enables
users to submit appeals, track case progress, file complaints, and initiate legal claims
without visiting state institutions. By the end of 2025, more than 5 million appeals have
been processed with the vast majority (90%) being responded to within minimal deadlines
(few hours to 3 days).

Public service delivery has further been supported by centralized administrative
platforms using automated verification systems and standardized processing protocols,
resulting in rapid review times and exceptionally high levels of procedural accuracy,
according to independent external audits conducted in 2025 by “Deloitte” and “PwC” firms.

Government agencies also demonstrated a high level of coordination in managing
import and export processes, contributing to the efficient implementation of national trade
objectives. Through structured interdepartmental communication, precise allocation of
logistical resources, and timely execution of administrative procedures, agencies ensured
consistent operational performance. As a result, total trade turnover reached $150 billion in
2025, exceeding levels observed over the previous five years.

Vignette B: Benevolence Level Manipulation — Group 2

Over the past decade, the government of Kazakhstan has consistently emphasized
that public policy should prioritize well-being, dignity, and long-term security of its citizens.
National development strategies have repeatedly highlighted social protection, equal access
to opportunities, and support for vulnerable groups as central policy objectives.

To ensure that public opinion reaches state institutions, feedback mechanisms have
been established across the country. Public forums and listening sessions have been held in
both urban and rural areas, where citizens were able to openly share their concerns and
community needs. As the result, the government adjusted public welfare programs and
initiated new policies and projects, aimed at prioritizing the vulnerable social groups, as
well as the population at large. A public opinion poll conducted by the “Pew Research
Center” in 2025 found that 78% of respondents felt that “the government genuinely cares
about the well-being of people like me” while 82% said they believed the government
policies reflect citizens’ interests above all else.

Notably, the government demonstrated strong concern for citizens during the 2024
floods that affected the majority of regions in Kazakhstan. In addition to providing financial
assistance and conducting rescue operations, the state established support hotlines offering
psychological assistance to the affected citizens. Surveys conducted afterwards indicated
that many citizens viewed these measures as evidence of the government’s commitment to
protect the well-being of people during times of crisis.
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Vignette C: Competence and Benevolence Level Manipulation — Group 3

Over the past decade, the Government of Kazakhstan has demonstrated a
consistently high level of administrative and technical capacity while maintaining a strong
commitment to protecting citizens’ well-being. Major reforms have been implemented
according to clearly defined strategic plans, supported by coordinated efforts across
ministries and akimats (local administration).

Government initiatives have expanded targeted assistance programs for low-income
families, rural communities, and individuals facing economic hardship. Social support
mechanisms have been strengthened to ensure that benefits reach those most in need, with
regular public reporting aimed at increasing transparency and accountability. As the result,
by the end of 2025 the amount of people living below the poverty line dropped from 5.1% to
1%.

During periods of crisis, authorities have publicly committed to protecting citizens
from economic and social risks, introducing relief measures designed to reduce financial
burdens on households and small businesses. For example, after the 2024 floods in several
regions expedited procedures were launched to deliver financial assistance to the affected
population without bureaucratic delays, allowing the people to collect funds within few days
after the incident. Public consultations and feedback mechanisms have also been expanded
to allow citizens to voice concerns. During and after the floods direct communication lines
were established, through which people had an opportunity to resolve their issues within
unprecedentedly short periods of time — from few hours to 3 days.

Vignette D: No Manipulation — Group 4

The Winter Olympic Games are a major international sporting event that brings
together athletes from around the world to compete in a wide range of disciplines. The 2026
Winter Olympics were hosted by Milan and Alpine mountain resort town of Cortina
d’Ampezzo in Italy, featuring competition across sports such as ice hockey, figure skating,
biathlon, bobsleigh, alpine skiing, cross-country skiing, freestyle skiing, snowboarding,
short track speed skating, curling, luge, Nordic combined, skeleton, ski mountaineering, ski
jumping.

The 2026 Games brought together participants from 93 countries. Delegations from
European, American, and Asian countries were the largest in terms of the participating
athletes. Norway, USA, Netherlands, Italy, and Germany secured the highest number of
medals. Brazil was the country closest to equator to win a medal.

The oldest medalist in the 2026 Olympic Games was a 46-year old Silvana Tirinzoni,
a winner of the silver medal in women’s curling from Switzerland. The youngest medalist
was from the Republic of Korea — 17-year old Choi Gaon, who secured gold in the women’s
snowboarding halfpipe. Moreover, these Games were referred to as the most
gender-balanced Winter Olympics in history with women making up 47% of all athletes.

BLOCK 5: ATTENTION CHECK
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12 (A). According to the information above, which global firms conducted
independent audits of centralized administrative platforms in 2025? (only respondents from
Group 1 answer this question)

O
O
O
O

KPMG and EY
McKinsey and BCG
Deloitte and PwC
BDO and RSM

12 (B). According to the information above, which international public opinion
organization conducted a poll in Kazakhstan in 2025? (only respondents from Group 2 answer

this question)

O
O
O
O

Pew Research Center
Gallup World Poll
World Values Survey
Ipsos

12 (C). According to the information above, how fast were people’s issues’ resolved
during and after the floods of 20247 (only respondents from Group 3 answer this question)

O
O
O
O

Few minutes

Few hours to 3 days
Several months
None of the above

12 (D). According to the information above, how many countries participated in the
2026 Winter Olympic Games? (only respondents from Group 4 answer this question)

O

O
O
O

84 countries
93 countries
155 countries

77 countries

BLOCK 6: MANIPULATION CHECK

13. How effective do you think the government is in dealing with problems in our
country? Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Not Extremel

effective y
at all effective

14. How would you rate the government’s technical and administrative capacity to
implement reforms and carry out policies? Rate from 1 to 10:
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1 2 3 4 5 6 7 8 9 10
Very Very
low high

15. How much do you think the government cares about the well-being of people?
Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Not at Very
all much

16. To what extent do you believe the government is motivated to act in the best
interest of people? Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Not at Toa
all very
great
extent

BLOCK 7: AT IN PUBLIC SERVICE
17. Please, read the following information carefully and answer the questions below:

In the recent years Kazakhstan has implemented digital monitoring technologies to
improve public safety and traffic management. One example is the “Sergek™ system, which
has been deployed in major cities to monitor road traffic and detect violations such as
speeding or running red lights. The system relies on Al-powered video analytics to
automatically identify traffic offenses and generate administrative reports, supporting more
systematic enforcement on the roads.

Building on this experience, the government is now planning to expand the system by
introducing an advanced Al-backed facial recognition feature. The upgraded system would
use Al algorithms to analyze live camera footage, match facial data against authorized
databases, and flag individuals potentially involved in criminal offenses in public places. The
purpose of the AI enhancement is to lower crime rates and assist law enforcement in
identifying suspects more efficiently in crowded urban environments.

Authorities emphasize that the Al system will function strictly as a decision-support
tool. While the technology may detect patterns, generate alerts, and suggest potential matches,
final decisions (including identity verification, investigation, and any legal action) will remain
under the authority of human officers. The proposed expansion is presented as an Al-driven
technological upgrade designed to strengthen public security while preserving human
oversight in enforcement processes.

18. According to the information above, which road traffic monitoring system has
been deployed in Kazakhstan?



&9

Qadam
Bagyt
National Traffic Coordination Platform

oo0oag

Sergek

19. To what extent do you support the implementation of the Al-driven public security
system? Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Strongly Strongly
oppose support

20. How comfortable would you feel with the Al-driven system operating in public
places? Rate from 1 to 10:

1 2 3 4 5 6 7 8 9 10
Very Very
uncomfortabl comfortable
e

BLOCK 8: DEBRIEF
Thank you for participating in this study!

Some of the information presented in this survey (including descriptions, statistics, and
survey findings) was modified or constructed for research purposes. The materials you read
should not be considered verified factual information. Any references to public opinion data,
institutional actions, or survey results were included solely as part of the research design.

If you have any questions about the study or would like additional information about
its purpose, please contact Amina Kosbayeva at amina.kosbayeva@nu.edu.kz
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A.1.2. Questionnaire (Kazakh version)

MemiiekeTKe 1ereH CeHiM JKoHe MeMJIEKeTTIK KbI3MeTTep/e
KU (xacaHabl MHTEJUIEKTTI) MaiilaJanyabl KoJaay

1 BJIOK: JEMOI'PAOHAJIBIK CYPAKTAP

1. Ci3xiH achlHbI3?

OJ 18 —24
O 25-34
O 3544
O 45 - 54
O 55-64
O 65 HeMece OllaH KOFaphl

2. Ci3aiH KBIHBICHIHBI3?

O olien

O Epkek

O Backa:

O Kepcerneyi %&oH KopeMiH

3. Ci3 xasipri yakeiTTa Kazakcran azamarsl / Kazakcranma Typyra BIKTHUSIpXaThl Oap
azamarcoi3 6a?

O o
O Kok

4. Ci3 eckeH eHIp?

O Kanainsik xep
O AyYBUIIBIK JKep

5. Kasipri yakpITTa ci3 Kanaai 6iim Oepy GarapiaMachlHAa OKUCHI3?

JIaiBIHABIK *KBLIbI
bakanaBpuar
Maructparypa

JokropanTtypa
backa:

00000

6. Kazipri yakpITTa Ci3 KaHAai 0arbITTa OKBIT JKaThIPCHI3?

O STEM 6arbIThl (FBUIBIM, TEXHOJIOTHS, UHKEHEPHS )KOHE MaTeMaTHKa)

O STEM emec (MbIcajbl: 9JI€yMETTIK FhUIBIMAP, TYMaHUTAPIBIK FHUIBIMAAP,
Om3HeC, KYKBIK, OHEP JKOHE T. 0.)

0  Xayan 6epy KublH
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2 BJIOK: CAACU MY AEJIEP

7. Ci3ni casicaT KaHIIANBIKTBI KbI3BIKTRIpaAbl? 1-aen 10-ra neiiin 6aranaHbI3:

1 2 3 4 5 6 7 8 9 10
Mynaem KarTel
KBI3BIKTBIPMaN b KBI3BIKTBIPAIBI

8. Ci3 kaJImbl MEMJIEKETKE KAHIIAJIBIKTEL ceHeci3? 1-men 10-ra neliid OaraiaHbl3:

1 2 3 4 5 6 7 8 9 10
Mynaem TonbpikTa
ceHOeiimMi 51

H CEHEMIH

3 BJIOK: XKACAH/IbI UHTEJUIEKT

9. Ci3 KM (;xacaH/bl MHTEIUIEKT) TEXHOJIOTUSUIAPBIMEH KAaHIIAIBIKTHI TaHbICChI3? 1-1eH 10-Fa
NeliH OaranaHbl3;

1 2 3 4 5 6 7 8 9 10
Myngem Ote
TAHbBIC JKAKCHI
eMeCITiH TaHBICIIBIH

10. Ci3 XU (xacaHnabpl MHTEIUIEKTTIH) KOJJAaHYbIHA KaJMbl Kanai Kapaiicei3? 1-meH
10-ra meiiin OaralaHbI3:

1 2 3 4 5 6 7 8 9 10
Ote Ote
Hamap JKarbIMIbI

4 BJIOK: BUHBETKAJIAP

11. Keneci akmaparTbl MYKHST OKBIIT IIBIFBIHBI3:

Bunbetka A: Ky3bIpeTTiIIK ACHI€MIH MaHUTYy Isuusiay — 1 Tomn
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CoHFBI OHXKBUIJBIKTAa MEMJICKET KYpJeni pedopMaiapibl Ky3ere acbipyaa KoHe ipi
MEMJICKETTIK Oarmapriamanapisl 6ackapyza >KoFapbl OKIMIIIIK dKOHE TEXHUKAJIBIK dJICYETTl
IoiiekTi Typae KepceTTi. Herisri ynaTThIK Oactamanap MUHHCTPIIKTED MEH OKIMIIKTep
(OKepriuTKTI OKIMIIUIK) apachbIHAAFbl OPTAJIBIKTAHIBIPBUIFAH YHICCTIPY KE31HJIe HAKTHI
OeNTriJICHIeH CTPATETHSIIBIK JKOCTIapiapra COHKec icKe achIpbUIabl.

MemekeTTik  opraHiap MEMIIEKETTIK KbI3METTEpHAiH Typil cajalapblHIarbl
MHQPPAKYPBUIBIMJIBI COTTI KAHFBIPTHIT OTHIP. LM pIbIK xKoHE OKIMIIUTIK XKyHenep eHri3ii,
oJlap CYpaHBICTapAbl OHJEY XbUAAMIBIFbIH, MICMIIMICPIIH AJIIITIH KOHE BEIOMCTBOJIAP
apachIHarbl YillecTipymi apTThipasl. Meicanmsl, 2022 KbIIBI a3aMaTTap MEH MEMIICKETTIK
OpraHjiap apachlHIAFbl ©3apa IC-KUMBUIABI JKeHUaeTyre apHamrad "e-Otinish"
OpTaJlBIKTaHJBIPBUIFaH IUIaTGopMachkl icke KochUlAbl. [lnmatrdopma apkbuibl a3amarrtap
eTiHIIITEp Oepe ananbl, ONapAblH Kapaly OapbIChIH Kagaranail ajanbl, MaFrsMaap skidepe
ajmaapl  JKOHE MEMJICKETTIK MEKeMelepre JKeke Oapmaii-ak 3aHIel  pacimiepre
OactamalublIbIK kacail amanel. 2025 KpUIIbIH cOHBbIHA Kapail "e-Otinish" mnardopmacs
apKpUIBl 5 MWUIMOHHAH acTaM OTIHII eHAeNl, onapabiH kemmudirine (90%) Kbeicka
Mep3iMe (OipHele caraTTaH 3 KyHre JeiiH) xkayanrap Oepiii.

MemieKkeTTiK KbI3METTepAl YChIHY aBTOMATTaHABIPBUIFAH TEKCepy XKyihenepi MeH
CTaHJApTTAJIFaH OTIHIMJAEPII OHJAEY XaTTaManapbl Oap OPTANBIKTAHIBIPBUIFAH OKIMIILIIK
wiargopManapaslH  apkackiHna kakcapyna. 2025 xeuibl  "Deloitte" xone "PwC"
KOMIaHHSJIAPhl JKYPri3reH TOyelsci3 ayAWTTepIiH AepeKkTepi OoiibIHINA, Oy eTiHimTepIi
KBIIIaM OHICYA1 KOHE PICIMIEPIIH AJAITIHIH KOFaphl JEHIeliH KaMTaMachl3 €TTi.

CoHbBIMEH Karap MEMJICKETTIK OpraHjap cayla CallaChIHJAFbl YJITTHIK MaKcaTTapra
THIMII KON JKETKi3yll KaMTaMachl3 €T€ OTBIPBII, MMIIOPT IEH SKCIOPTTHI Oackapyna
yiuecTipyaiH Korapbl JeHrediH kepcerTi. JKoira KOMBUIFaH BeJOMCTBOApajblK e3apa
IC-KUMBUIIBIH, PECYpCTapAbl YHEMIi OeNydiH KOHE OKIMIIUTIK PICIMAECPAl YaKThUIBI
OpBIHAAYIBIH apKACBhIHIIA TYPAKTHI KYMBIC KamTamachl3 etuiai. Hotmwkeciame 2025 xputbl
KaNmel Tayap aWHameiMbl 150 MmIMapA  JoJUIapFa JKeTIM, COHFBI 5 KBUIAAFBI
KOPCETKIMITEPEH achII TYCTI.

Bunbetka B: TutekTecTik JeHreliH MaHUITYJSIUsIIAY — 2 TOM
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MewMiekeT COHFBl OHXKBUIABIKTA MEMJICKETTIK CasicarThlH OIpIHI  KE3eKTe
azamarTapiblH oNl-ayKaThlHA, KaJip-KacHeTiHe JKOHE Y3aK Mep3iMIi KayinciJirine
OarpITTaTybl KEPEeK EKCHIH JoWeKTI TypAe aram oTTi. YJITTHIK JaMy CTpaTerdsuiapbIHJIa
QJIEYyMETTIK KOpPFay, MYMKIHIIKTepre TEH KOJ JKETKI3y >KOHE XaJIBIKTHIH OCaj TONTAPBIH
KOJI1ay MEMJICKETTIK CasicaTThIH HET13r1 MaKcaTrTaphl peTiHe OipHelIe peT OeNnTiIeHTeH.

AzamMarTapIbIH MiKipi MEMIJIEKETTIK OpraHiapra JKeTyl YIIiH OYKia en OoibIHIIa Kepi
OaiiaHbIC TETIKTepl OWnacThIpbUIFaH. Kamamapna na, aybUIIBIK >Kepieple J1eé KOFaMIbIK
dbopymmap MeH Ke3iecyliep OTKI31III, OHAa TYPFRIHAAP 63 Moceelep MEH KaKETTITIKTEpiH
albIK Typae Oedmicin keneai. HoTmxkecinae MeMIeKeT aJIeyMETTIK Koijay OarmapiiaMaiapbiH
TY3€Till, XaJBIKTBIH OCaJl TONTapBIHA KOPACMJICCYTe XKOHE Kbl KOFAMHBIH OJI-ayKaThIH
KaKcapTyFa OarbITTallFaH kaHa 6acTaMmamnapsl xky3ere aceipabl. 2025 xbitsl "Pew Research
Center" >Kypri3reH cayajqHamara Coilkec, pecroHaeHTTepAIH 78% "MEeMIIEKeT MEH CHSIKThI
aJaMJIapIbIH OJI-ayKaThIHA IIBIH KYPEKTEH KaMKOPJIBIK Kacailapl" AeTeH MKipre KemicTi, al
82% MeMIeKkeTTIK casicar OipiHIII Ke3eKTe a3zaMaTTapAblH MYIIENepiH KepceTell nemn
ManbIMIaIbl.

Mewmneker Ka3akCTaHHBIH KONTETeH aiMakTapblHa ocep €TkeH 2024 KbUIFbl Cy
TacKBIHBI KE31HJC a3amarTapFa epekine Hazap ayfaapraH. KapKbUIbIK KOMEK TEH KYTKapy
KYMBICTapbIH KYprizyleH 0acka, 3apjall MIEeKKEHAEp NCUXOJOTHUSIIBIK KOMEK ajla ajaTbiH
Keen Konjay —oKenmiepi  yHbIMIAcTeIpbuiabl.  KeWiHri  KOFamIbIK — cayajHamamap
KOPCETKeHIeH, KOINTereH aszamarTap Oyjl Iapanapabl MEMIIEKeTTIH JaFAaphic Ke3iHIe
azaMaTTapblH JJI-ayKaThIH KOPFayFa JIETeH YMTBUIBICHI ICTIETTEC.

Bunbetka C: Ky3bIpeTTiIiK ITeH TIIEKTECTIK JCHICHJICPiH MAaHUITYJISALUSIIAY — 3 TOT
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CoHFBI  OHXKBUIABIKTA  MEMJICKET  a3aMaTTapAblH  oJ-ayKaThlH  KOPFayIbIH
MaHBI3IBUIBIFEIH  KOPCETE OTHIPHIN, JKOFAphl OKIMIIUTIK OHE TEXHUKAIBIK ONeyeTTi
apTThIpAbl. MUHUCTPIIKTED MEH OKIMAIKTEp (KEpPriIiKTI OKIMIIUIIKTEP) apachiHIaFbl
yilnecTipy Ke3iHJe HaKThl OCNTIEHTeH CTpaTerusuIbIK XKocrapiaapra coikec ipi pedopmanap
KY3€ere achIpbUIIbI.

MewmnekerTiH OacTamanapbl KHBIH OMIpIIIK JKaFgaifarel OTOAachUIapra, aybul
TYpFBIHJApbIHA J>KOHE TaObICBI TOMEH aJaMJapra arayibl KeMeK OarnapiiaMaiapbiH
KeHelTyre OarpITTanFan. KeMekke eH MYKTaX aJaMjapra KeTyl YIIiH dJIEYyMEeTTIK KOoJaay
TeTiKTepl KymeuTinai. TypakTel KOFaMIIbIK €cerl Oepy, COHBIMEH KaTap allbIKTHIK MeH ecell
Oepynmi aprTeipyra OarbiTTanran. Hotmwkecinne, 2025 KbUIIBIH COHBIHA Kapail KeICHITiK
IIeTiIHEeH TOMEH eMip CYpeTiH azaMaapasiH yieci 5,1% - nan 1% - Fa neitin KbIcKap/Ibl.

JlarmappIc Ke3eHiHle MEMIICKET, COHBIMEH Karap a3aMarTap/bl SKOHOMHKAJIBIK KOHE
QJIEYMETTIK TAyeKeJJeplAeH KOpFayFa, YW IIapyallbUIBIKTapbl MEH IIaFblH Ou3HEecKe
KApKbUIBIK JKYKTEMEH1 a3alTy YIIIH, KOJJay IIapajapblH €HTi3yre MIHJETTeME aJJibl.
Macenen, 2024 >xpUlFbl Cy TacKbIHbIHAH KeHiH OipHemie ailMakrapaa OIOpOKpaTHSUIBIK
Kigipicci3 3apnamn IIeKKeH XaJbIKKa KapKbUIBIK KeMeK kepceTunai. OCBhIHBIH apKachIHaIa
azamarTap TeJeMJep/i OKuFa aH OipHelle KyYH 6TKeH COH ally MYMKIHITiHE KOJ KeTKi3/i.

ConbIMeH KaTap, KOFaMIBIK TBIHIAYJIAp MeH Kepi OailylaHbIc — TeTiKTepi
YUBIMIACTBIPBUIBIN, aJaMAap ©3A€piHiH Mocenenepi MEH YCBHIHBICTaphl Typasbl alibIK
aifTtel. Cy TacKbIHBI Ke3iHJE JKOHE O/laH KeWiH azamMaTTaplblH YIKIEpiH KbICKa Mep3ime
(Gipuemie cararTal 3 KyHTe JeHiH) [IENTy YIIiH TiKeJed OaiylaHpIC JKelijepi amblUIIbl.

Bunberka D: Manunynsuusinap oK — 4 Torn

Kpickpr Onummnuana oOWBIHAApH - OYJI ONEMHIH TYKIIP-TYKIIpIHEH KeJTreH
CTHOPTIIBUIAPBI SPTYPIl MOHAEp OOWBIHIIA >KapbIcTapra OipIKTIPETIH ipl XaJbIKapabIK
cnoptThIK ic-mapa. 2026 xbutbl Kbickbl Onumnuana Mtanusaeiy Munan sxoHe KoprrHa
JU'AMIie3nio aiplilik KypOpTTHIK KajanapbiHaa eTTi. JKapeic OarmapiaMachiHa Imaibassi
XOKKeW, MOHepJien ChIpFaHay, OuamioH, Oo00cneil, Tay IIAaHFBICHI, IIAHFBI KApBICHI,
¢bpucraitn, cHOyOOpI, IIOPT-TPEK, KEPJIMHI, [IaHa CIOPTHI, IIAHFBI KOCCAMBICHI, KaHKA,
IIaHFbI Te0Yy JKOHE MIAHFBIMEH CEKIpy CUAKTBI CIIOPT Typiepi Kipi.

2026 xpuTFBl OMBIHIApFa 93 enfiH eKULAepl KaTbIChIN, KaTbICYIIbLIAp CaHbI
OoiibiHma eH kenm Eypoma, Awmepuka koHe A3us JenerauusulapblHaH  KypajFaH.
Menansnapasia 6aceiM kermiiairi Hopserus, AKIL, Huxnepnanasl, Utanus xone ['epmanus
MeMIIeKeTTepiHiH eHmricinge. Onumnuanana OHTYcTiK Amepuka aiimarbiHaH bpasunus
aJTFaIIKel OOJIBII MeIanbl KaHKbIFachlHa Oaliyiaabl.

2026 >XbUTFBI OMBIHAAP/ABIH €H epeceKk MeNajiHiH uerepi siengep KepJiuHI1 CIOpT
TYpiHEH KyMmic Mepanpai xeHin anrad [lIBemapusibik 46 sxacap CwibBaHa THpHUH30HH
Oonca, cHoyOopaTa oienaep xKapThUlalh KyOBIPBIHAA anThIH KCHINl alFaH €H Kac Meaallb
nerepi Kopess PecmyOnmukaceinbiy 17 sxacap Yol ['aon OumikTeH KepiHni. byn oibiHmap
TapUXTarbl €H TeHAepiuik Tenaectipiiren Kpickbl Onmumnuana OWBIHIAPHI JEM aTabIIl,
oitenep Gapiblk criopTibLIapAbiH 47% Kypabl.
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5 BJIOK: 3EMIH/]I TEKCEPY

12 (A). XKorappiga KedTipinreH akmaparka coiikec, 2025 KbUIbl KaHAal OIEeMIIK
KOMITaHUsIap SKIMIILIIK IuiardopMainapra ayauT xyprizai? (0yin cypakka Tek | TomTarbl
pPECTIOHJEHTTEp Kayan Oepei)

[0  KPMG xone EY

O McKinsey xone BCG
O Deloitte >xone PwC
O BDO xone RSM

12 (B). XKorapeina kenTipiireH aknaparka coiikec, 2025 »xbuibl Kazakcranna kanaai
XaJIbIKapalIbIK YIBIM KOFaMIBIK TIKIpre cayaimHama xKyprizai? (Oys1 cypakka Tek 2 TOMTarbl
PECIIOHCHTTED Kayan oepesi)

O Pew Research Center
O Gallup World Poll

O World Values Survey
O Ipsos

12 (C). XKorapslga kenTipiareH akmnaparka coiikec, 2024 >KbUTFbI Cy TaCKbIHBI KE31H/IE
azamMaapabelH mpobiemManapbl KaHIIAIBIKTEL Te3 memiagi? (Oyy1 cypakka TeK 3 TOITarbl
PECIIOH/ICHTTEP JKayar oepe/ii)

O BipHere MUHYT imminze

O BipHelue cararTal 3 KyHre Aeiin

O bipuemre aii imminae

O JKorapsblia Al TBUIFAHIAPIBIH EIIKANCHICHI KOK

12 (D). XKorapsina KenTipiareH akmapaTrka covikec, 2026 *bUFbl KbICKbI OnuMmuaaa
OMBIHAApbIHA KaHIIA €1 KaTbICThI? (OyJ1 cypakka Tek 4 TONTarbl PECIIOHJIEHTTED JKayarll
oeperi)

O 84 en
O 93 en
O 155 en
O 77 en

6 BJIOK: MAHUIIVIIALIMAHBI TEKCEPY

13. Ci3niH oOHBIHBI3IIA, MeMJIEKeT OI3[iH emiMi3leri Mocenenepil MIenryae
KaHIAJBIKTEI THIMII? 1-meH 10-ra neiiin OaraiaHbI3:

1 2 3 4 5 6 7 8 9 10
Mynaem Orte
THIMCI3 THIMII

14. Pepopmarnap MeH >KaJIIbI CasICATTHI iICKe aChIpy OOWBIHINIA MEMJICKETTIH TEXHUKAJIBIK JKOHE
OKIMIILILTIK oJieyeTiH Kanai 6aramnaiicei3? 1-nen 10-ra neliin OaranaHbl3:
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1 2 3 4 5 6 7 8 9 10
OTe OTte
TOMEH KOFapBI

15. MemiiekeT agamIap/blH dl-ayKaThblHA KAHIIAJIBIKTEI MOH Oepeli Jem oiaichi3?
1-nen 10-ra geiiin OarajaHbI3;

1 2 3 4 5 6 7 8 9 10
Mynnem Ote
MJH KaMKOp
OepMeiii

16. MemiiekeT azaMarTapIblH MYIJEC] YIIIH OpEKEeT eTyre KaHIIAJIBIKThl YMTHIIa IbI
nen onnaiicei3? 1-ged 10-ra geiiid GarataHbIs:

1 2 3 4 5 6 7 8 9 10
Mynaem Orte
YMTBIIMa/ YMTBITa]
bl bl

7 BJIOK: MEMJIEKETTIK KbIBMETTEPIEI'T X KU
17. Temenaeri aknapaTrThl MYKUAT OKBIT, CYpaKTapFa sxkayar OepiHi3:

Conrpl xpuiaapsl  KazakcTanna KOFaMIABIK —KayilCI3AIKTI  apTThIpPy JKOHE JKOJ
KO3FaJILICBIH OacKapy YIIIiH MOHUTOPUHTTIH MU PIIBIK TEXHOJIOTHSIIAPHI SHT131TyIe. MbIcabl,
ipl Kamamapaa >KON KO3FalbICHIH OaKbUIay >KOHE JKBUINAMIBIKTHI apTTBIPY HEMECE KBI3BLI
JKapbhIKKa OTY CHSAKTHI OY3yIIBLIBIKTAP/ABl aHBIKTAY YIIiH KosmaHbutiaThiH "Sergek" »kyieci.
JKyiie 501 KO3FaNbICHl epekerepiHiH OY3bUTyBIH aBTOMATTHI TYpPJIE aHBIKTAY JKOHE OKIMIILIIK
Marepuaniapibl  KaJdbIITaCTBIPy YIIIH JKacaHIbl HMHTEIUIEKTKE Heri3fenreH OeliHe
AQHAJIMTUKAHBI TaiamaHaabl, OYJI )KOJI epeKeIepiHiH CaKTayblH KYHen Typae Oakpuiayra
KOMEKTeCeIl.

Ocwl ToXipuOere cyideHe OTBIPHIN, MEMJICKET JKacaHIbl MHTEJUICKT HETi3iHae OeTTi
TaHyIblH KOCBIMIIA (YHKIMSCHIH €HTri3y apKbUIbl JKYWEHI KEHEWTyAl jkocmapiam OTbIp.
Kanapreuiran xyiie OeliHeOakplIay KamepajapblHAAFbl CYpeTTepAl Tajaalbl, AepeKTepil
alIbIK JCPEKKOPIApMEH CabICThIPAbl, COHAAN-aK KOFaMIBIK OpBIHAApAArbl KbIIMBICTAPFa
KaThIChI Oap agamaapabl aHBIKTalabpl. MyHIal KEHEWTYIIH MaKCaThl - KBUIMBIC JCHICHIH
TOMEHJICTY JKOHE KYKBIK KOpFay OpraHaapblHa XallblK TBIFBI3 OpHAJIACKAH Kajallaparbl
KYIIKTUIEPl Te3ipeK aHbIKTayFa KOMEKTECY.

MemiiekeT KacaHIlbl MHTEJUIEKT JKyHeci, TeK MIemiM KaObUIaayabl KOJAAy Kypalibl
pETiHAE KYMBIC ICTEHTIHIH aTam KepceTemi. bysl TeXHONOTrus >KyHemiK 3aHIbUIBIKTApIbI
aHbIKTall anaapl, xabapiamanap jkacail amajpl >KOHE BIKTMMaJl COWKECTIKTepZl Oenrinei
ananpl, Oipak, COHFBI HIEIIMIEp/i (COHBIMEH Karap jkKeke 0achlH TEKcepy, Teprey >KoHe Ke3
KEJITeH 3aHbl OpEKETTEP/Ii) KYKBIK KOPFay OpTaHIaphIHBIH KbI3METKepIepi KaObUIIai/Ib.

XKyiieni keHeWTyni MeMIEKeT KYKBIK KONJaHy MpOIECTEpiHE aJaMHBIH OaKbLIaybIH
CakTail OTBIPBII, KOFaMJIbIK KayilCI3AIKTI apTThIpyFa OarbITTalfaH TEXHOJIOTHSUIBIK JKaHAPTY
pETiH/Ie YCHIHABI.
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18. YKorapbiga KeNTipUITeH aKmapaTka coikec, KazakcraHa jxoJ1 KO3FaJIbIChl MOHHTOPUHTTHIH
KaHJai xxyieci eHrizinmi?

O Qadam

OJ Bagyt

O Ko Ko3FanbIChIH YHIECTIpYAIH YITTHIK IU1aT(hOpMachl
O Sergek

19. Ci3 xacaH[pl MHTEIJIEKTKE HETi3/IeIreH KOFaMJBIK KayllcCi3miK jKyHeciH eHri3ymi
KaHMIAJIBIKTEI Konnaiice3? 1-ned 10-ra neitid OarajiaHbI3;

1 2 3 4 5 6 7 8 9 10
TonpIkTal Mynaem
KOJIJaiiMBIH KOJIZaMalMBbIH

20. Erep »kacaHapl HWHTEIUIEKTKE HETI3NENTeH KayilCi3MiK JKyheci KOFaMIbIK
opbiHAapaa kKonmaubuica, Ci3 ©31HI3A1 KaHMIAIBIKTBI Kaiibl ce3iHep emiHiz? 1-gen 10-ra
NeliiH OaraaHbI3:

1 2 3 4 5 6 7 8 9 10
Mynaem Ote
JKalChI3 JKalIbl

8 BJIOK: ECKEPTIIE

3eprTeyre KaTbICKaHBIHBI3 YIIIH paxMeT!

Ocsl cayanHamasa 6epiireH keibip aknapar (curarramMaliapibl, CTaTUCTHKAHBI )KOHE
cayajTHaMa HOTHXKEJIEPiH Koca) 3epTTey MaKCcaThIHIa ©3repTUIIlI HeMece KOChUIIbI. bepinren
JEpeKTep/Ii HAaKThl HEMECe CCHIM/II aKIapar peTiHae KaObuiaayra OOIMai b,

Erep, Cizne 3epTTeyre KaTbICThl CYpaKTapblHbI3 00Jica HEMECe OHBIH MaKCaTTaphl
TypaJibl KOChIMIIIA aKIapar alFbIHbI3 Kence, AMuHa KocOaeBara 21eKTpOH/IBI TTOIITa

apKpUIBI XabapracelHbI3: amina.kosbayeva@nu.edu.kz


mailto:amina.kosbayeva@nu.edu.kz
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A.1.3. Questionnaire (Russian version)

JloBepue K rocyiapcTy u noaaep:xka ucnob3opanuss UM (mckyccTrBeHHOro
HHTEJJIEKTA) B FOCYIapCTBEHHBIX yCJIYrax

BJIOK 1: JEMOI'PAOUYECKUE BOITPOCHI

1. Cxonpko Bam Jiet?

O 18 -24
O 25-34
O 35-44
O 45— 54
O 55-64
O 65 wiu crapie

2. Bamr mon?

Kenckuii
Myxckoit

Hpyroe:
[IpennounTaro HE YKa3bIBaTh

oooa

3. SlBnaserech M Bbl B HACTOSAINEE BpeMsl TPakJaHUHOM / UMEIOIIMM BHJ Ha
sxuTenseTBo Kazaxcrana?

O Ja
O Her

4. B KakOM THUII€ MECTHOCTH BbI BBIPOCIIH?

O Topojckas MECTHOCTb
O CelnbCKasi MECTHOCTh

5. Ha xaxkoii oOpa3oBareiabHON IporpaMMe Bbl B TAHHBI MOMEHT 00y4yaeTech?

IToaroroBuTENLHEIN IO
bakanaBpuar
Maructparypa
JloxTopaHTypa

Jipyroe:

ooooo

6. ITo xakoMy HaIpaBJIEHUIO BBl B JAHHBIII MOMEHT 00yJaeTech?

O STEM (ecTecTBEeHHBIE HAyKU, TEXHOJIOTUH, HHKEHEPUS, MATEMaTHKA)
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O He-STEM (coumanbHble HayKH, T'yMaHUTapHbIe HayKu, OU3HeC, paso,
HCKYCCTBO U T.]I.)

O 3aTpynHAIOCh OTBETUTD

BJIOK 2: ITIOJIMTUYECKUE MHTEPECHI

7. Hackonbko Bbl HHTEpECyeTech noautukoit? Onenure ot 1 1o 10:

1 2 3 4 5 6 7 8 9 10
CosceM HE OueHn
HMHTEPECYIOC HUHTEPECYIOC
b b

8. Hackoinbko B 11€710M Bbl AoBepsieTe rocynapctBy? Onenute ot 1 o 10:

1 2 3 4 5 6 7 8 9 10
CoBceM [TonHoCTERIO
HE JIOBEPSIIO
JIOBEPSIO

BJIOK 3: UCKYCCTBEHHBII UHTEJIJIEKT

9. Hackonpko Xxopomo Bbl 3HakoMbl C TexHonorusmMu MU (uckyccTBeHHOro
unTennekra)? Ouenure ot 1 g0 10:

1 2 3 4 5 6 7 8 9 10
CoBceM QOueHn
HE XOPOIIIO
3HAKOM 3HAKOM
(-a) (-a)

10. Kak BBl B T1IeJJOM OTHOCHUTECh K HCHoOib30BaHni0 WU (MCKycCTBEHHOTO
uHTesekra)? Ouenunre ot 1 1o 10:

1 2 3 4 5 6 7 8 9 10
QOuenb QueHsb
HEraTHUBH [IO3UTUBH
0 0

BJIOK 4: BUHBETKH

11. TloxanyiicTa, BHUMATEIbHO IPOUYTHUTE CICAYIONIYIO HHPOPMAIIHIO:

BunbeTka A: MaHuIyIMpoBaHHE YPOBHEM KomIleTeHIui — ['pynmna 1
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3a mocneaHee JECATWIETHE TOCYAApPCTBO IOCIEIOBATENIBHO JIEMOHCTPUPOBAIIO
BBICOKUH aJMHUHUCTPATHUBHBIN U TEXHUYECKHI MOTEHIINAT B PEAIM3alUHU CIOKHBIX pedhopMm
U YNOPABICHUHM KPYIHBIMU TOCYAApCTBEHHBIMM NpoeKTamu. KiltoueBble HallMOHAJIbHBIC
MHULMATUBBl ~ PEaJU30BBIBAJIUCH B COOTBETCTBHM C  YETKO  OIPENEICHHBIMU
CTpaTeru4eCKuMHU IJJAHAMU ~ [pPU  LEHTPAIM30BAHHOM  KOOpAMHALUMU  MEXKIY
MUHUCTEPCTBAMU U aKUMaTaMu (MECTHOW aMUHHUCTpaLUEi).

TocynapcTBeHHBIE OpraHbl YCIEUIHO MOAECPHHU3HPOBAIN HH(PACTPYKTYpYy B
pa3nuuYHbIX  cepax TOCymapCTBEHHBIX ycIyr. bbeuin  BHeapeHbl 1UGpOBBIE U
aJIMUHUCTPATUBHBIE CHUCTEMBI, KOTOPBIE TIOBBICHUIM CKOPOCTh 0OpabOTKH 3ampocoB,
TOYHOCTh PELICHWH M KOOpAMHAIMIO MexXIy BernomcTtBamu. K nmpumepy, B 2022 roxy Obuia
3amynieHa IeHTpaau3oBaHHas 1uiardgopma «e-Otinishy, nmpeaHazHadeHHas I YIPOIIEHUS
B3aUMOJICHCTBUS MEXy TpaKIaHaMU U TOCYJapCTBEHHBIMH opraHamu. Yepes miardopmy
rpakiaHe MOTYT MOAaBaTh OOpallleHusl, OTCIEKUBATh XOJ UX PAacCMOTPEHUS, HAIPABIATh
KanmoObl W HHUIMHMPOBATH IOPUAWYECKHE MpOLenypsl ©0€3 JHMYHOrO TOCEUICHHUs
rocyaapcTBeHHbIX yupexaenuid. K koniy 2025 roga vepe3 mnardopmy «e-Otinish» Ob110
obpaborano Oornee 5 MWIIMOHOB OOpalleHui, TPy 3TOM Ha OONBIIMHCTBO U3 HUX (90%)
ObUTH JaHBI OTBETHI B KOPOTKHE CPOKH (OT HECKOJIBKUX YacOB 10 3 JAHEH).

[lpenocraBieHne TOCYIapCTBEHHBIX YCIAYr TaKXke yiydllaeTcs Omaromaps
[EHTPAJIM30BaHHBIM  QJIMUHUCTPATUBHBIM  IIarGopMaM ¢  aBTOMAaTH3UPOBAHHBIMU
CHCTEMaMH TPOBEPKU W CTaHIIAPTU3UPOBAHHBIMH IPOTOKOJIAMH 00paboOTKH 3asBOK. Ilo
JaHHBIM HE3aBUCUMBIX ayJuTOB, MpoBeneHHbIX B 2025 romy kommanwmsmu «Deloitte» u
«PwC», 310 obecrieunnio 6Gonee ObICTpyr0 00pabOTKYy OOpalleHHil W BBICOKUN YPOBEHD
TOYHOCTH TPOLIEAYD.

IocynapcTBeHHBIE OpraHbl TakKe MPOJEMOHCTPUPOBAIM BBICOKUN  ypOBEHBb
KOOpAMHALMM B YIPaBICHUM HUMIOPTOM M 3KCIOPTOM, obecrnednB 3(deKTuBHOE
JOCTM)KEHUE HALMOHAIBHBIX 1eleil B cdepe Toproau. brarogaps HagakeHHOMY
MEXBEJJOMCTBEHHOMY B3aWMOJICMCTBUIO, PEHTAOEIbHOMY pAacIlpelesIeHuI0 PECYpCoB U
CBOCBPEMEHHOMY  BBHITIOJIHEHUIO ~ aJIMAHUCTPATUBHBIX TMpomenyp Obuia obecrieueHa
crabunbHas pabora. B pesynbrare uero obmmii ToBapoodopor B 2025 rogy moctur 150
MWIJIHAP/0B 10JUIapOB, IPEBBICUB MOKA3ATENIN MOCIEIHUX 5 JIET.

BunbeTka B: ManunynupoBanue ypoBHEM Oj1aroenareibHoCcTH — I pynna 2
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3a mocnenHee NECATHIETHE TOCYAAapCTBO ITOCJIENOBAaTEIbHO MOJYEPKUBAJIO, YTO
rocygapCTB€HHad IIOJMTHKA JOJKHAa B ICPBYIHO O4YCPCIb 6LITB HalpaBJICHA Ha
Onaromnoiy4ue, JOCTOMHCTBO U JOJTOCPOYHYIO 0€30MacHOCTh rpakJaH. B HalMOHAIbHBIX
CTPATCTUAX pa3BUTHUA COLlMAJIbHAA 3alllUTa, paBHLIfI AOCTYII K BOBMOKHOCTAM U IMOAJCPIKKA
yS3BUMBIX TPYII HAaCEJNeHHs HEONHOKPATHO O0O03HAYaldNCh Kak KIIFOUEBHIE LEJH
rOCyIapCTBEHHOW MOJUTHKHU.

Jnst Toro, yTOOBI MHEHHWE TPa)K/IaH JOXOAWIO JIO0 TOCYAAPCTBEHHBIX OPraHOB, IO
BCel cTpaHe ObLIM CO3aHbl MEXaHU3MbI 00paTHO# cBs3u. Kak B ropogax, Tak U B CENIbCKOM
MECTHOCTH IPOBOJIMIMCH OOIIECTBEHHbIE (DOPYMBI U BCTPEUM, Ha KOTOPBIX KUTEIU MOITIH
OTKPBITO JIEIUTHCSI CBOUMH MpoOJieMaMH U MOTPEOHOCTAMU. B pesynbrare npaBUTENbCTBO
KOPPEKTUPOBAJIO MPOrpaMMbl COLMAIBHON MOANEPKKU M 3aIlyCKajl0o HOBbIE€ MHHUIIMATHUBBI,
HamnpaBlieHHbIE HA TIOMOINb YSI3BUMBIM TPYIIIIaM HACEJICHUs W YyIydllIeHHWEe OIaromoixydus
obmiectBa B 1esnoM. ComnacHO ompocy OOIECTBEHHOTO MHEHHS, IpoBeAeHHOMY «Pew
Research Center» B 2025 roay, 78% pecrnOHIEHTOB COINIACHIIUCH C YTBEP)KICHHEM, UYTO
«roCyIapCcTBO UCKPEHHE 3a00TUTCS O OIaronoiyyuy TaKUX JIIOAeH, Kak s», a 82% 3asBuiu,
YTO CYMTAIOT, YTO TOCYIApPCTBEHHAsI IOJUTUKA B IEPBYIO OUYEPEIb OTPAKAET MHTEPECHI
rpaxKaaH.

Oco00e BHHMaHHE TOCYAApCTBO MPOSBUIIO K TpaXkJaaHaMm BO Bpems maBoakoB 2024
rojia, 3aTPOHYBUIMX OOJBIIMHCTBO pernoHoB Kaszaxcrana. [lomumo ¢puHaHCcOBON OMOITH U
MIPOBEJICHUS CIAacaTeIbHbIX ONEpaluid, ObUTM OpPraHU30BaHbl TOPSUME JIMHUU TOAJICPKKH,
yepe3  KOTOpble  IOCTpajaBIIME MOIIM  MOIYYUTh  IMCHXOJOIMYECKYI0  ITOMOLIb.
[Tocnenyromue 00IIECTBEHHBIE OMPOCHI TOKAa3alH, YTO MHOTHE TPakJlaHE BOCIIPUHSUIIA 3TH
Mepbl Kak CBUJETENIbCTBO CTPEMJIEHMSI TOCYJapcTBa 3allUTUThL Onaromnoyiydue rpaxziaH B
MepUoJ KpU3uca.

Bunsetka C: MaHunynupoBaHue YpPOBHSIMH KOMIETEHLUUH M OJIaroXenareIbHOCTH —
['pyrma 3
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3a MMOCIEAHEC MACCATHUIICTUE TOCYAAPCTBO IIOCICAOBATCIIBHO ACMOHCTPHUPOBAIO
BBICOKHI aIIMI/IHI/ICTpaTI/IBHBIf/'I U TEXHUYCCKHI noTeHuuall, OAHOBPCMCHHO IMOAYCPKHBAA
Ba)XHOCTBb 3allIUThI 6HarOHOJIy‘{I/I$I rpaxxaaH. prrIHBIe pe(boprI ObLIH p€ain30BaHbl B
COOTBCTCTBHUH C YCTKO ONPCACICHHBIMU CTPATCTUYCCKHMU IUIAHAMU IPHU KOOPAWHAIHNUN
MCXKAY MUHUCTCPCTBAMU U aKUMATAMHA (MCCTHLIMI/I a,Z[MI/IHI/ICTpaI_II/ISIMI/I).

MuuimatuBel rocyaapcTBa ObUTM HAMPaABJICHBI HA PAaCHIMPEHUE MPOrPaMM aJpeCHOMR
MTOMOIIN CEMBSIM B TPYIHOM KU3HEHHOW CUTYaIlNH, CEIbCKUM JKUTEJISIM U JIUIAM C HU3KUMH
noxofaaMu. BeUTH yCHIIEHBI MEXaHU3MbI COLMAIBHOM TOMJIEPIKKHU, YTOOBI TIOMOIIIb JJOXO/IHIIA
70 HanboJiee HyKIAIMUXCs. PerynspHas myOnndHas OTYETHOCTh TakKe ObLila HallpaBJIeHA
Ha TIOBBIIICHHE MPO3PAYHOCTU M MOAOTYETHOCTH. B pesynbrare k koniy 2025 roga mons
JIIOZICH, )KUBYIINX 32 YepTon OeMHOCTH, cOKpaTmiiach ¢ 5,1% mo 1%.

B NnepruoaAbl Kpu3nca BJIACTH TAKXC 3asBJIAIN O cBOCH MPUBCPKCHHOCTH 3allIHUTC
rpaXJaH OT HKOHOMHYECKMX W COLMAJbHBIX PHCKOB, BBOIS MEpbl MOJJIEPKKH IS
CHIDKEHHUSI (PMHAHCOBOM Harpy3Ku Ha JOMOXO3sificTBa M Mauiblii 6usHec. Hanpumep, nociie
naBoakoB 2024 roga B HECKOJBKMX PErMoHaxX ObUIM 3amyIIeHbl YCKOPEHHBIE MPOLEILYpPHI
MpeocTaBiIeHNs (PUHAHCOBOW MOMOIIM MTOCTPAIaBIIEMy HaceIeHHIO 0e3 OI0pOKpaTHUECKUX
3anepxkek. biarogapst 3ToMy, JIFOIM MOINIM IOJTYYUTH BBIIUIATHI YK€ YEPE3 HECKOJIBKO JTHEU
[OCJI€ POUCIIECTBUS.

[Tomumo 5TOrO OBLIM OpPraHU30BaHbI OOIIECTBEHHBIC CIYIIAHUS W MEXaHU3MBbI
0o0paTHOM CBS3M, HA KOTOPBIX JIIOIM MOIJH OTKPBITO paccKa3arb O CBOMX IMpoOiieMax u
npeiokeHussXx. Bo BpemMsi 1 mocsie maBoJKOB ObUTM OTKPBITHI MPSMbIC JIMHUK CBSI3H, Yepe3
KOTOPBIE JIIOIM MOIVIM PEIIUTh CBOM BOINPOCHI B OYEHb KOPOTKHE CPOKU (OT HECKOJIBKHX
4acoB /10 3 HEH).

Bunnetka D: Het manunynsmumit — I'pynna 4

3umare ONUMIHICKUE UTPHI - 3TO KPYITHOE MEXIYHAPOIHOE CIIOPTUBHOE COOBITHE,
KOTOpPO€ OOBEIUHSAET CIIOPTCMEHOB CO BCErO0 MHpa Il COPEBHOBAHUN B Pa3IMYHBIX
mucuuruHax. B 2026 roxy 3umHue OnuMOuicKue WUrpsl NpoxXoauiad B Mwuiiane u
anpnuiickom KypopTtHoM ropoge Kopruna-g'Amnenuno B Hramuu. B mporpammy
COpPEBHOBAaHMM BXOAMWJIM TaKW€ BUJbI CIIOpTAa KaK XOKKeHW ¢ maitboil, ¢urypHoe karaHue,
OuariioH, 0o00cnel, TOPHONBDKHBIM  CIOPT, JBDKHBIE TOHKH, (QpucTailin, CcHOyOopa,
IIOPT-TPEK, KEPJIMHT, CAHHBIH CIOPT, JIBDKHOE JBOCOOPhE, CKEJICTOH, CKH-aJbIIUHU3M H
MPBIKKY Ha JIbDKAX ¢ TPaMIUIMHA.

B Urpax 2026 roma yuactue npuHsiau npexncrasurenn 93 crpan. Cambimu
MHOTOYHMCIIEHHBIMH TI0 KOJIMYECTBY YYaCTHHUKOB ObLIM jAenerauuu u3 EBporbl, AMepUKu u
Asun. Hopserus, CIIA, Hunepnanapi, Mranus u I'epmanus 3aBoeBanu HauOobliee
KOJTM4ecTBO Mepaaned. bpasunus crana nmepBoi crpaHoi FOxHON AMepuku, 3aBoeBaBILIE
OJIMMIINICKYIO MEJAb.

Camont B3pocinon wmenmamuctkodn HWrp 2026 roma crama 46-netHss CuibBaHa
Tupunnonn wu3 IlIBeiinapuu, 3aBoeBaBIIas cepeOpsHYIO MeAalb B JKCHCKOM KEpPJIUHTE.
CambIM IOHBIM MEAAIUCTOM cCTajia mpeacTtaBuTenbHuna PecryOnuku Kopest — 17-netHsis
Uxpe ['aoH, BeIMrpaBIas 30J0TO B KCHCKOM xadraiie Ha CHOyOopje. DTH UTPBI TaKXKe
ObUIM Ha3BaHbI CAaMBIMHU T'€HJIEPHO COaJaHCHPOBAHHBIMHU 3UMHUMHU OIUMIMICKUMU UTPAMU
B MICTOPUH: )KEHIIMHBI COCTaBMIM 47% BCEX CIIOPTCMEHOB.
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BJIOK 5: ITPOBEPKA BHUMATEJIbBHOCTU

12 (A). CormacHO TpHBEICHHOHN BhIIE HH(OpMAIMK, KaKH€ MHUPOBBIE KOMITAHUU
IPOBEJIN AyJUThl aIMUHUCTPATUBHBIX Matgopm B 2025 roay? (Ha 3TOT BOIIPOC OTBEYAIOT
TOJILKO PECIIOHJIEHTHI U3 Ipynmnsl 1)

KPMGu EY
McKinsey u BCG
Deloitte u PwC
BDO u RSM

0000

12 (B). CormacHo mpuBeIeHHOW BbIIe WHPOPMAIMK, Kakas MEXKIyHapOIHAs
opraHu3aIys mpoBeja onpoc odmecTBeHHOro MHeHUs B Kazaxcrane B 2025 romy? (Ha 5TOT
BOIIPOC OTBEYAIOT TOJBKO PECIOHIEHTHI U3 IPYyMIbI 2)

[0  Pew Research Center
J  Gallup World Poll

(0  World Values Survey
O Ipsos

12 (C). ComracHO mnpuBeNEeHHOW BbIIE WH(POPMALUHU, HACKOIBKO OBICTPO ObUIN
peleHsl mpoOIeMbl JIFofie BO Bpemsi M mociie maBoakoB 2024 roma? (Ha 3TOT BOIPOC
OTBEYAIOT TOJILKO PECTIOHACHTHI U3 TPYIIILI 3)

3a HECKOJIbKO MUHYT

OT HECKOJIILKUX YacoB 0 3 JHEH
3a HECKOJIBKO MECSIIEB

Hudero u3 BhllIenepevrncIeHHOTO

oooao

12 (D). CormacHo mupuBEACHHOW BbIlIE WHGOPMAIMH, CKOJBKO CTpaH MPHHSIIHA
yuactue B 3uMHUX Onumnuiickux urpax 2026 roma? (Ha 3TOT BOIPOC OTBEYAOT TOJILKO
PECTIOH/ICHTHI U3 TPYIIIHI 4)

84 cTpaHbl
93 cTpansl
155 crpan
77 cTpan

o0oog

BJIOK 6: ITPOBEPKA MAHUITYJIALINN

13. Hackomnpko 3¢gdekTHBHO, TIO BallleMy MHEHHIO, TOCYIapCTBO pelIaeT mpooieMbl B
Hauiel ctpane? Ouenute ot 1 o 10:
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1 2 3 4 5 6 7 8 9 10
Coscem Ouenb
Hed(hPeKTUBH b dexTuBH

0 0

14. Kak ObI BbI OLIEHUJIM TEXHUUECKUN U aIMUHUCTPATUBHBIN MOTEHIIMAI TOCyAapCTBa
1o peanu3aiuu pedopM 1 MOJUTUKH B 1ieiioM? Ouenure ot 1 10 10:

1 2 3 4 5 6 7 8 9 10
OueHn QOueHb
HU3KUU BBICOKHUU

15. Kak BbI cuMTaere, HaCKOJIBKO TOCYIapCTBO 3a00TUTCSA O OIAromnoayyuu JHOACH?
Onenunrte ot 1 10 10:

1 2 3 4 5 6 7 8 9 10
CosceM OueHn
HE 3a00THTC
3a00THUTC i
A

16. Kak BbI cumrTaere, HACKOJIBKO TOCYIAPCTBO CTPEMHUTCS JACHCTBOBATh B MHTEpECAX
rpaxzaan? Ouenute ot 1 go 10:

1 2 3 4 5 6 7 8 9 10
CosceM QOueHn
HE CTPEMHTCS
CTPEMHUTCS

BJIOK 7: U B TOCYJAPCTBEHHBIX YCIIYIAX

17. ToxanyiicTa, BHUMATeIbHO MPOUYTHUTE CICAYIONUIYI0O HH(DOPMAIMIO M OTBETHTE Ha
BOIIPOCHI, IIPUBEACHHBIEC HIKE:

B nocnennue ronel B Kazaxcrane BHeIpstoTCA MU(PPOBBIE TEXHOIOTMH MOHUTOPUHTA
JUId TIOBBIIIEHHUsI OOIIECTBEHHOW O€30IacCHOCTH M YNPaBJIEHUS JIOPOXKHBIM JIBUKEHUEM.
OnHuM W3 TPUMEPOB sBIsIETCA cUcTeMa «Sergek», KOTopas HCIONB3yeTcsi B KPYIHBIX
ropojax i HaONIOAEHUS 3a JOPOXKHBIM JIBUKEHHEM U BBISIBICHHS HAPYLICHUH TaKuUX Kak
IPEBBILIEHHE CKOPOCTH WJIM IPOE3] Ha KpacHbIi cBeT. CucTeMa UCIIOIb3yeT BUJCOAHATIUTUKY
Ha 0a3e HCKYCCTBEHHOIO WHTEIUIEKTa JJIsl aBTOMAaTHYECKOro OOHAapyXXeHHs HapylIeHUH
IpaBWJI JOPOXKHOTO JIBKEHUS M (OPMHPOBAHUS aJMHUHUCTPATUBHBIX MaTEpUajiOB, YTO
noMoraet 6osiee CUCTEMHO KOHTPOJIMPOBATh COOJIOIEHUE MTPABHII HA JOPOrax.

Onwupasicb Ha 3TOT OMNBIT, FOCYAAPCTBO IUIAHUPYET PaCIIUPUTh CHUCTEMY, BHEAPUB
JIOTIOJIHUTENbHYI0 (DYHKIMIO paclio3HaBaHUS JIMI[ HA OCHOBE MCKYCCTBEHHOI'O MHTEJUIEKTA.
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OOHOBIIEHHAsT cucTeMa OyJeT aHaJM3MpOBaTh M300paKEHHS C KaMmep BHUICOHAOIIONCHUS,
COIOCTABIIATH JIaHHbIE C OTKPBITBIMU 0a3aMU JaHHBIX, a TAKXKE BBIABIATH JIHOJIEH, BO3MOXKHO
IPUYACTHBIX K MPECTYIUIEHUSM B OOIIECTBEHHbIX MecTaX. Lleab Takoro pacmmpeHus -
CHHM3UTh YpPOBEHb IMPECTYMHOCTH X TOMOYb IPAaBOOXPAHUTENIBHBIM OpraHaMm OblcTpee
BBIABJIATE IOAO3PCBACMBIX B I'YCTOHACCIICHHBIX IrOpoJax.

locymapcTBO MOMYEpKUBAET, 4YTO CHCTEMa WCKYCCTBEHHOTO WHTEIUIEKTa Oyaer
(YHKIMOHUPOBATh UCKIIOYUTEIBHO KaK MHCTPYMEHT HOAJEPKKU MPUHATHA pelIeHUHd. JTta
TEXHOJIOTUA MOXCET BBIABIIATH 3aKOHOMECPHOCTH, TCHECPUPOBATE YBCAOMIICHUSA U 0003Ha4YaThL
BO3MO)KHBIE COBIIAJICHHS, OJHAKO OKOHYATEJbHBIE pEIIeHHUs (a Takke MpoBepKa JIMYHOCTH,
paccienoBaHue W JIOObIC IOPHIUYECKHE ICHCTBUS) OyIyT NPUHUMATHCS COTPYIHHUKAMHU
MPaBOOXPAHUTEIBHBIX OPTraHOB.

Pacmmpenne cuctemMbl OPEACTAaBICHO TOCYAAapCTBOM KaK  TEXHOJIOIMYECKOe
O0OHOBJIEHUE, HAINPABJICHHOE Ha TOBBIIIICHUE OOIIECTBEHHON 0€30MacHOCTH MPU COXPAHCHUH
YeJI0BEYECKOro KOHTPOJIS HaJl IPOIlecCaMu MPaBOIIPHUMEHEHHS.

18. CornacHo mnpuBEJCHHOW BBIIE HHPOPMAIMM, Kakas CHUCTeMa MOHHTOPHUHTA
JIOPOYKHOTO JBHKCHHS Oblila BHepeHa B Kazaxcrane?

Qadam
Bagyt
HanmonanpHas matdopma KOOpAMHALIMY JOPOKHOTO JBUKEHUS

0000

Sergek

19. B xakoii creneHW BBl TOAJACPKHBACTE BHEAPEHHE CHUCTEMBbI OOILIECTBEHHOM
0e30macHOCTH, OCHOBAaHHOM Ha HCKyccTBeHHOM MHTeuiekTe? Onenure ot 1 g0 10:

1 2 3 4 5 6 7 8 9 10
IMomHOCTEIO TlonmHOCTEIO
HE MOJICPKUBA
MOJIIEPIKUBA 0
0

20. Hackonbko KoM(pOPTHO BBl ObI ce0st 9yBCTBOBAJIH, €CIIH OBl cCHCTEMa 0e301MacHOCTH
Ha OCHOBE MCKYCCTBEHHOT'O MHTEJUIEKTa MCIIOb30Baach B OOLIECTBEHHBIX MecTax? OueHuTe
ot 1 o 10:

1 2 3 4 5 6 7 8 9 10
Coscem Ouenb
HEKOM(DOPTHO KoM(OPTHO

BJIOK 8: IPUMEYAHUE

BJ'IaFO,[[apI/IM BacC 3a y4aCcTUuC B 5TOM I/ICCJ'IeI[OBaHI/II/I!

HexoTopas unpopmarus, npeacTaBieHHas B ’TOM ONpoce (BKIIOUasi ONMUCAHUS,
CTaTUCTHYECKHUE JTAHHBIE U PE3YJIBTAThI ONPOCOB), ObLIa M3MEHEHA WK 100aBJIeHa B
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MCCIIEIOBATENbCKUX LENsaX. [ [puBeIcHHbIE TaHHBIE HE CJIEAYET BOCHIPUHUMATD KaK
(haKTUYECKYIO W JOCTOBEPHYIO HH(OPMAIHIO.
Ecnu y Bac BOBHUKHYT Kakue-1100 BOIIPOCHI MO MOBOAY MCCIEOBAHUS WU BBl XOTUTE
MOJTYYUTh JOMOJHUTEIIbHYI0 HHPOPMAITHIO O €ro IEJISX, MOKATYHCTa, CBSHKHTECh ¢ AMUHOM

Koc6aeBoii o 3:1. moure: amina.kosbayeva@nu.edu.kz


mailto:amina.kosbayeva@nu.edu.kz
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A.2.1. Consent form (English version)

You are invited to participate in a research study examining public attitudes toward the
government policies.

If you agree to participate in this study, you will be asked to read short informational
text, answer several questions about your opinion and perception, as well as providing basic
demographic data. The survey will take approximately 15 — 20 minutes.

This study is minimal risk. No sensitive personal information will be collected.

While there are no direct personal benefit, your responses will contribute to academic
research on public attitudes toward the government policies.

No tangible compensation will be provided for participation. The results of the study
will be available upon completion as part of a master’s thesis, which will be uploaded to the
university’s official library repository.

Any information that is obtained during this study will be kept confidential to the full
extent possible.

Participation in this study is strictly voluntary, and if agreement to participation is
given, it can be withdrawn at any time without prejudice.

It is understood that should any questions or comments arise regarding this project, or
a research related injury is received, the Principal Investigator, Amina Kosbayeva,
amina.kosbayeva@nu.edu.kz should be contacted. Any other questions or concerns may be
addressed to the Nazarbayev University SSH IREC, sshirec@nu.edu.kz.

By clicking “I agree” below you are indicating that you are at least 18 years old, have
read and understood this consent form and agree to participate in this research study:

O 1Agree
(0 1Disagree

A.2.2. Consent form (Kazakh version)

Ci3ni, YKIMETTIH cascaTblHa KOFaMHBIH KO3KapachlH aHBIKTAMTHIH 3€pTTEYyTe KaTbICyFa
IIaKBIPAMBIH.

Erep, Ci3z ochl 3epTTeyre KaTbiCyFa KEIICCEHI3, C13/IeH KbICKAllla aKMapaTThIK MOTIH/I1
OKBIII, MiKipiHI3 OeH KaObUIIaybIHbI3 Typajbl OipHelle cypakTapra jayan Oepy jKoHE Herisri
neMoTpausUTbIK MOIMETTEPl YChIHY cypanansl. CayamHama mamameH 15-20 MUHYTTBHI
KaXXET eTel.

by 3eprreyne Munumansl Kayin 6ap. Kynus skeke aknapar *KHUHaIMai bl

Tikeneil xeke mnaiga Oonmmaca Ja, Ci3/iH KayanTapblHbI3 YKIMETTIH casicaTblHa
KOFaMHBIH KO3KapaChlH FHUIBIMH 3€PTTEYTE BIKIAJ €TE/i.

Karpicy ymriH  aiftapinplkTaii  eTeMakpl — TeJeHOeWai. 3epTrey  HOTIKeNepi
YHUBEPCUTETTIH pPEeCMM KiTalmxaHa KOWMAachlHA >KYKTEJIETIH MarucTpiiK JUCCEepPTAIUsHBIH
OeJiri peTiHae asKTalFaHHAH KeWiH KOJI KEeTiM/Ii O0JaIbl.

Ocpbl 3eprTey OaphiChiHAA ajbIHFAH Ke3 KeJIreH akmapaT MYMKIHAITIHIIe KyMus
CaKTaajabl.

byn 3eprreyre karbicy epikTi OOJbIl TaOBLIAAbl JKOHE KaThICyFa KeENCIM ajFaH
xarmaiiga, Ci3 kemicimMi kepi KaTapyra KYKbUIBICHI3.
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Ocpl sx00ara KaThICTHI KaHJal 1a Oip cypakrap, TYCiHIKTEMeNep TybIHAaraH HeMece
3eprTeysepre OalllaHBICTBI JKapakaT ajFaH >karjaiina Oac 3eprreymi AmuHa KocOGaeBameH
Oaitmanpicy kepek (amina.kosbayeva@nu.edu.kz). Ke3 kenren Gacka cypakrapMeH Hemece
anannaymbUibikrapMeH HazapOaeB YHuBepcuteTiHiH JKapaTbuibicTaHy, QJIEyMETTIK >KOHE
TYMaHUTApIbIK FBUIBIMIAp MeKkTeOiHIH FwuibiMuH  3epTTeyiep ATHKachl KOMUTETIHE
xabapnacyra 6onansi (sshirec@nu.edu.kz).

Temenneri "Men kemicemin" TyiimeciH Oacy apkbuibl Ci3 keM aerenzae 18 »kacta
eKEeHIHI3/ll pacTaiChIi3, OCHI KeiciM (hOpMaChIH OKBIII, TYCIHECI3 )KOHE OCHI FBUIBIMH 3€pTTEYyTe
KaThICyFa KeIiCcecis:

[J Men kenicemin

[J Men kenicrieiiMmin

A.2.3. Consent from (Russian version)

Bac npurnamarooT TpUHATH ydacTHE€ B MCCIEIOBAaHUU, MOCBAIIEHHOM HW3YYCHHUIO
OTHOIIICHHUS OOIIECTBEHHOCTH K TOCYJapCTBEHHOM MOIHUTHUKE.

Eciu Bbl comacutrech NPUHATH ydYacTHE B OSTOM HCCJIENOBaHHM, BaM Oyner
NPEAJIOKEHO MPOUUTATh KPATKYI0 MH(POPMAINIO, OTBETUTh Ha HECKOJIBKO BOIIPOCOB O BallleM
MHEHUH M BOCIPUATHUH, & TAKXKE MPEAOCTaBUTh HEKOTOpbIE JIeMorpapuuecKue IaHHbIC.
Omnpoc 3aiimer okoso 15-20 MUHYT.

DTO HCCaeI0BaHUE CONPSIKEHO ¢ MUHUMAJIbHBIM pUcKoM. KoHuaeHnanpHas TnaHas
nHdopmarust cobuparbcs He OyJIeT.

Hecmorpss Ha oOTCyTCTBHE TIPSIMOM JIMYHOW BBITOJBI, Ballld OTBETHl OydyT
CHOCOOCTBOBATh HAYYHOMY MCCIICIOBAaHMIO OTHOIICHHS OOIIECTBEHHOCTH K TOCYJapCTBEHHOM
MIOJTUTHKE.

3a yuactue He OyIeT BBIIIAUMBATHCS Kakasg-TuMO0 KoMmmeHcaius. PesynbraTsl
UCCIIeIOBaHUs OyayT IOCTYIHBI MO 3aBEPUICHUM KaK 9acTh MAaruCTEPCKOW JHUCCEPTAIlHH,
KoTopasi OyIeT 3arpykeHa B opuIaibHOe OUOINOTEYHOE XPaHWIHILE YHUBEPCUTETA.

Jlrobas uHpopMalys, MoxydeHHass B XOJE 3TOTO MCCIEIOBaHMs, OyJIeT COXpaHEHa B
TailHE B MAKCUMAJIBHO BO3MOXHOM CTEIICHHU.

Yyactue B JAaHHOM HCCIIECOBAHHH SBISIETCS CTPOTO JTOOPOBOJBHBIM, M, B Cllydae
MOJTyYEHUS COIVIACHsl Ha y4acTue, OHO MOXKET ObITh OTO3BAHO B JIH000€ BpeMSI.

B cnydae BO3HUKHOBEHUS! KaKHX-JTHOO BOIPOCOB WJIM KOMMEHTApUEB OTHOCHTEIHHO
JAHHOTO MPOEKTA, UK MOMyUYeHHUsI TPABMBbI, CBS3aHHOM C UCCIIEIOBAHUEM, CIIEAYET CBSI3aThCs
C TIIaBHBIM HcchenoBarenem, AmuHoi KocbaeBoii, amina.kosbayeva@nu.edu.kz. Ilo mo0Obim
JIpYTUM BOTIPOCaM MOXXHO oOpariarbess B KOMUTET 1o 3THKe Hay4dHBIX uccienoBanuii [IKomel
€CTEeCTBEHHBIX, COLMAJIbHBIX M TyMaHUTapHbIXx Hayk HazapbaeB VYHuBepcurera,
sshirec@nu.edu.kz.

Bri6paB “SI cormacen” HuXe, BbI MOATBEPIKIAETE, YTO BaM HCIIOIHMIOCH HE MeHee 18
JIeT, BBl MPOYUTAIN U TOHSIN JaHHYIO (OpPMY COINIacus M COINIaCHBI y4acTBOBAaTh B IaHHOM
Hay4YHOM HCCJIEIOBAaHUU!

[0 4 cornacen
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[J S me cortacen
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A.3. Email invitation to participate in the study

Table A1

Dear Students,
My name is [PI’s name]'. I am a second year MAPSIR program student at NU.
I am inviting you to participate in a research study conducted as a part of my master’s
thesis. This study explores public attitudes toward government policies.
e Participation involves completing a short online survey that takes approximately 5
— 10 minutes.
e Participation is entirely voluntary, anonymous, and you may choose to stop the
survey at any time.
If you would like to participate, please follow any of the links below (please, choose the
language you are most comfortable with):
English version: https:/nukz.qualtrics.com/jfe/form/SV_aXW5XfabMdSYzMq
Kazakh version: https:/nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zun4
Russian version: https:/nukz.qualtrics.com/jfe/form/SV_0SutY 173fCqtRr0
If you have any questions about the study, please contact [PI’s name] at [PI’s email address]
or the Primary Advisor at [PA’s email address]*.
Thank you for your interest and time!
Note: This study has been approved by the NU SSH IREC and the Political Science and
International Relations department.

*kokok

KypmerrTi cTyneHtrep,
Mewniy ecimim [PI’s name]. Mern HY-ngarst MAPSIR GarnapiiaMachIHBIH €KIHIII KypC
CTYIICHTIMIH.
MeH ciznepai MAarucTpJIik AMccepTalusM asiChbIH/AA *KYPri3ijireH 3eprreyre KareiCyra
IIaKBIPaMBbIH. BYJT )KYMBIC KOFAMHBIH MEMJICKETTIK CasiCaTKa KaTbIHACKIH 3€PTTEHII.
e Karbicy mamaMeH 5-10 MUHYTTHI aJaThlH KbICKA OHJIAMH CayaJIHAMAHBI
TONTBIPYIIBI KAMTH/IBI.
e KarbIiCy TONBIFBIMEH ePIKTI )KoHE sKachIPbIH 00N TabbuTa bl Ci3 Ke3 KeJreH

YaKbITTa cayaJJHAMara KaTbICYAbl TOKTATA aJ1aChI3.
Erep ci3 KaTBICKbIHBI3 KeJIce, TOMEH/IET1 ClITeMeNep/iH Ke3-KelIreHiHne oTiHi3 (ci3re
BIHFAUJIBI TUII TAHJAHBI3):

AFBUIIIBIH HYCKACBHI:

https:/nukz.qualtrics.com/jfe/form/SV_aXW5XfabMd5YzMq

Ka3zakma nyckacsl: https:/nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zund

Opbicma nyckacol: https://nukz.qualtrics.com/jfe/form/SV_0SutY 173fCqtRr0
Erep cizne 3epTreyre KaTtbICThI CypakTapbIHbI3 Ooica, [PI’s name] [PI’s email address]
ANIEKTPOH/IBIK TOIITa apKbUIbI XabapiaccaHsi3 Oomianel. Hemece [PA’s name] 6ac FeIIbIMU
xeteknriciMer [PA’s email address] 31eKTpOHABIK MOIITA apKBLTBI XabapiiaccaHbi3 00JIa b
KbI3bIFyIIBIIBIK TIEH YaKbIT O6JITeHiH13 YIIiH paxMeT!
Eckepmy: 6yn 3epmmeyoi Hazapbaee Ynusepcumeminiy Kapamvinvicmany, aneymemmix
JHCOHE SYMAHUMAPTBIK bLILIMOAD MeKkmeOiHiy T vlnbimu 3epmmeynep Smukacol Komumemi
arcone Cascammauy HcoHe XanblKaApaiblK KAmblHACMAp 0enapmamenmi MaKynodob.

' PI - Principal Investigator
2 PA - Primary Advisor


https://n-fmjoxxv63c6wp5nni2la7h5i3lzclxm5gcpehri-1lu-script.googleusercontent.com/userCodeAppPanel#columnPickerDrawer
https://n-fmjoxxv63c6wp5nni2la7h5i3lzclxm5gcpehri-1lu-script.googleusercontent.com/userCodeAppPanel#columnPickerDrawer
https://n-fmjoxxv63c6wp5nni2la7h5i3lzclxm5gcpehri-1lu-script.googleusercontent.com/userCodeAppPanel#columnPickerDrawer
https://n-fmjoxxv63c6wp5nni2la7h5i3lzclxm5gcpehri-1lu-script.googleusercontent.com/userCodeAppPanel#columnPickerDrawer
https://n-fmjoxxv63c6wp5nni2la7h5i3lzclxm5gcpehri-1lu-script.googleusercontent.com/userCodeAppPanel#columnPickerDrawer
https://nukz.qualtrics.com/jfe/form/SV_aXW5XfabMd5YzMq
https://nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zun4
https://nukz.qualtrics.com/jfe/form/SV_0SutY173fCqtRr0
https://nukz.qualtrics.com/jfe/form/SV_aXW5XfabMd5YzMq
https://nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zun4
https://nukz.qualtrics.com/jfe/form/SV_0SutY173fCqtRr0
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skksk

VYBaxkaeMbI€ CTYJICHTHI,
Mens 30ByT [PI’s name]. 5 ctynenTka Broporo kypca nporpaMmMmel MAPSIR B HY.
S mpurnamaio Bac MPUHATH y4acTHE B MCCJIEIOBAHNH, TPOBOAMMOM B paMKax Moeii
MarucTepckoii fuccepraumu. B sToil paboTe nccieayercs oTHOIEHHE 00IIECTBEHHOCTH
K TOCY/IapCTBEHHOM MOJINTHUKE.
e VYyacTue IpearnoaraeT 3arnojiHeHHe KOPOTKOro OHJIAH—0NPoca, KOTOPBIN
3aHMMaeT NpUMepHO 5-10 MUHYT.
® VYwyacTue SBJISETCS MOJIHOCTHIO J00POBOJIbHBIM U AHOHUMHBIM. Bbl MOXxeTe B
JI1000if MOMEHT MPeKPaTUTh yYacTHe B ONpoce.
Ecnu BBl XOTHTE NPUHATH y4acTHe, NOXKalyicTa, nepedure 1o 1o00i n3 NpUBEAECHHBIX
HIDKE CCBUIOK (IToKauryiicTa, BeIOepuTe Harbosee yaoOHbIH IS Bac SI3bIK):
AHIIMiiCKas BepCHs:
https:/nukz.qualtrics.com/jfe/form/SV_aXW5XfabMd5YzMgq
Ka3axckas Bepcusi: https://nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zun4
Pycckas Bepeus: https://nukz.qualtrics.com/jfe/form/SV_0SutY 173fCqtRr0
Ecnu y Bac ecth Kakue-1m100 BOIPOCH! IO IOBOJY UCCIICAOBaHMS, OXKAIYHCTa, CBKHUTECH
¢ [PI’s name] mo email-aapecy [PI’s email address] wim ¢ raBHBIM HayYHBIM
pykoBoguteneM [PA’s name] mo email-agpecy [PA’s email address].
Cnacu60 BaM 3a MPOSIBJICHHBIN HHTEPEC U yEICHHOE BpeMsi!
Ipumeuanue: Imo ucciredosanue 6110 0000peno Komumemom no smuxe Hay4HwIx
uccneoosanuii Lllkonwr ecmecmeenHulx, coyuanvhvlx u cymanumapHulx nayk Hazapbaes
Ynusepcumema u oenapmamenmom Ionumonoauu u Medcoynapoomnvix omnouteHui.



https://nukz.qualtrics.com/jfe/form/SV_aXW5XfabMd5YzMq
https://nukz.qualtrics.com/jfe/form/SV_5sUCzGydqd4zun4
https://nukz.qualtrics.com/jfe/form/SV_0SutY173fCqtRr0

Appendix B. Results

B.1.1. Descriptive statistics

112

Table BI (full sample)

Variable Obs. Mean SD Median Min. Max.
Interest in politics 210 6.34 2.58 7.0 1 10
Trust in government 210 4.29 1.98 4.0 1 10
Familiarity with Al 210 7.27 1.78 7.0 1 10
Attitude toward Al 210 6.37 2.24 7.0 1 10
Competence 210 5.06 1.81 5.0 1 9
Benevolence 210 4.62 2.09 4.5 1 10
Support for Al 210 5.90 2.52 6.5 1 10
Table B2 (filtered sample)
Variable Obs. Mean SD Median Min. Max.
Interest in politics 163 6.34 2.55 7.0 1 10
Trust in government 163 4.29 2.03 4.0 1 10
Familiarity with Al 163 7.37 1.73 7.0 4 10
Attitude toward Al 163 6.21 2.27 7.0 1 10
Competence 163 5.11 1.83 5.5 1 9
Benevolence 163 4.62 2.15 4.5 | 10
Support for Al 163 5.85 2.63 6.0 1 10
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B.1.2. Correlation matrix

The correlation matrix provides insights into the relationships between key variables
and offers preliminary assessment of the theoretical expectations prior to regression analysis.
Both dimensions of trust in government - perceived competence and benevolence - are found
to be positively correlated with support for Al in the public sector (0.49 and 0.43
consequently). These relationships are consistent with the expectations outlined in Hypothesis
1 and 2, suggesting that individuals who evaluate the government as more capable and more

well-intentioned would be more likely to support the use of Al in public services.

Figure Bl: Correlation matrix

Aftitude toward Al 0
. 0.2
Perceived Competence
-0.4
Perceived Benevolence 06
0.8

Support for Al

Perceived competence and benevolence themselves are highly correlated (0.75), which
might indicate that respondents who view the government as technically and administratively
capable also tend to perceive it as acting in public interest. While this finding aligns with the
existing literature on multidimensional trust in government, the strength of the relationship
might raise questions regarding the conceptual overlap between the two variables. The

inclusion of both of these independent variables with an interaction term in the regression
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model has been done to assess the independent and conditional effects, thus mitigating the

above mentioned concern.

Baseline general trust in government is strongly correlated with both the perceived
competence and benevolence, confirming that the experimental setting is fit to carry out the
relevant evaluations. Moreover, trust in government is found to be moderately correlated with
the support for AI (0.36) which reinforces the central argument that attitudes toward

governmental institutions shape the acceptance of Al tools in the public sector.

Attitudes towards Al are also positively correlated with the support for Al in public
services, thus general susceptibility to algorithm-driven technology plays an important role in
influencing the acceptance of such technology in governance. Familiarity with Al on the
other hand, is more weakly correlated with the dependent variable, which suggests that

exposure to Al doesn’t necessarily lead to its support in public services.



B.1.3. Balance charts
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Table B3 (full sample)

Group A Group B Group C Group D
Interest in 6 (2.67) 6.24 (2.68) 6.94 (2.38) 6.15 (2.56)
politics
Trust in 4.25 (1.84) 4.02 (1.95) 4.8 (1.86) 4.06 (2.22)
government
Familiarity 7.08 (1.55) 7.36 (2.13) 7.41 (1.75) 7.25 (1.69)
with Al
Attitude 6.15 (1.97) 6.94 (2.35) 6.63 (2.14) 5.77 (2.37)
toward Al
Gender Male 45.3% 42% 42.6% 54.7%
Female 54.7% 56% 57.4% 45.3%
Prefer not to 0% 2% 0% 0%
say
Age 18-24 60.4% 56% 55.6% 67.9%
25-34 34% 32% 29.6% 22.6%
35-44 5.7% 12% 13% 9.4%
45-54 0% 0% 1.9% 0%
Field of Non-STEM 47.2% 48% 59.3% 41.5%
study
STEM 49.1% 50% 37% 54.7%
Not sure 3.8% 2% 3.7% 3.8%
Academic Foundation 1.9% 0% 0% 0%
program Year
Bachelor's 35.8% 44% 35.2% 39.6%
Master's 49.1% 38% 37% 39.6%
Doctoral 13.2% 18% 27.8% 20.8%
Upbringing Rural 11.3% 6% 16.7% 17%
Urban 88.7% 94% 83.3% 83%
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Residency Non-resident 9.4% 16% 11.1% 11.3%
Resident 90.6% 84% 88.9% 88.7%
N 53 50 54 53
Note: Standard deviation in parentheses.
Table B4 (filtered sample)
Group A Group B Group C Group D
Interest in 6.1 (2.76) 6.49 (2.56) 6.77 (2.22) 6.11 (2.6)
politics
Trust in 4.34 (1.92) 3.78 (1.8) 511 (1.91)  4.09 (2.27)
government
Familiarity 7.1 (1.48) 7.56 (1.98)  7.71 (1.67) 7.2 (1.75)
with Al
Attitude 6 (2.11) 6.71 (2.41)  6.69(2.03) 5.61(2.36)
toward Al
Gender Male 41.5% 39% 45.7% 58.7%
Female 58.5% 58.5% 54.3% 41.3%
Prefer not to 0% 2.4% 0% 0%
say
Age 18-24 61% 51.2% 51.4% 69.6%
25-34 34.1% 34.1% 34.3% 21.7%
3544 4.9% 14.6% 14.3% 8.7%
Field of Non-STEM 48.8% 48.8% 60% 41.3%
study
STEM 48.8% 48.8% 34.3% 54.3%
Not sure 2.4% 2.4% 5.7% 4.3%
Academic Bachelor's 41.5% 39% 34.3% 39.1%
program
Master's 43.9% 43.9% 37.1% 41.3%
Doctoral 14.6% 17.1% 28.6% 19.6%
Upbringing  Rural 12.2% 7.3% 20% 15.2%



Residency

Urban

Non-resident

Resident

87.8%

7.3%

92.7%

41

92.7%

17.1%

82.9%

41

80%

14.3%

85.7%

35
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84.8%

8.7%

91.3%

46




B.1.4. Manipulation check
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Table B5 (full sample)
Competence Benevolence
Group N
Mean SD Mean SD
High competence (A) 53 5.17 1.77 4.52 2.10
High benevolence (B) 50 4.86 1.88 4.70 2.08
High competence and 54 5.39 1.88 4.95 2.12
benevolence (C)
Control (D) 53 4.82 1.69 431 2.08
Table B6 (filtered sample)
Competence Benevolence
Group N
Mean SD Mean SD
High competence (A) 41 5.24 1.85 4.56 2.20
High benevolence (B) 41 4.70 1.94 4.50 2.17
High competence and 35 5.94 1.45 5.30 1.93
benevolence (C)
Control (D) 46 4.73 1.78 4.25 2.20




B.1.5. Difference-in-means test
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Table B7 (full sample)
Group Mean Difference p-value
from control
group
Control (D) 5.77
High competence (A) 5.59 -0.18 0.72
High benevolence (B) 6.00 +0.23 0.65
High competence and benevolence (C) 6.23 +0.45 0.35
Table B8 (filtered sample)
Group Mean Difference p-value
from control
group
Control (D) 5.65
High competence (A) 5.55 -0.10 0.86
High benevolence (B) 5.82 +0.17 0.77
High competence and benevolence (C) 6.48 +0.83 0.16




