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General introductory information about 
diabetes



Diabetes mellitus is a violation of 
carbohydrate metabolism based 
on:

● Relative insulin deficiency -  
inability of increased 
concentrations of the hormone to 
normalize blood sugar levels

● Insulin resistance - decrease in 
the susceptibility of cells to the 
action of insulin

What is 
diabetes?
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$1 out of every $4 in US health care costs is spent on caring 
for people with diabetes (cdc.gov)

327,000,000,000



According to researchers' forecasts, this statistics will increase 
to 700 million in 20 years.

422,000,000
from 108 millions to



WHO ranks diabetes to be the top nine causes of death 
among all the diseases

1,500,000



www.idala.asia



Problem & RQ

Research question
Does simple neural network models like 
MLP has a potential to predict the risk of 
the diabetes mellitus type 2? 

Problem
The dire need for the tool that can help 
with early diabetes detection to prevent 
serious medical and financial 
complications of this disease

!



Literature 
review
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Study of the previously made 
researchers in this field



literature review
Algorithms Results

Swapna G. et al. CNN, LSTM and Support Vector Machines (2018) 95.7% accuracy

Ashok k. et al. SVM, Logistic Regression, ANN, DT, and KNN (2018) 78% accuracy

 Nesreen  L. et al. Artificial Neural Network (2018) 87% accuracy

Deepti S. et al. Naive Bayes, SVM, and DT (2018) 76% accuracy

Ram D. et al. Logistic Regression (2021) 78% accuracy

Sidong W. et al Deep Neural Network, SVM, DT, and NB (2018) 78% accuracy

Aiswarya I. Naive Bayes(2015) 80% accuracy

Quan Z. et al. Decision Tree (2015) 77% accuracy

Vijayan V. et al. Gradient Boosting, LR, and NB (2019) 80.7% accuracy



literature review 

Algorithms Results

Deepti S. et al. DT, SVM, and Naive Bayes (2018) 0.82 AUC

Kamrul H. et al. Multilayer Perceptron (2020) 0.90 AUC

The MLP model proposed by Kamrul H. were taken as a baseline



Proposed idea

MUltilayer perceptron was decided to be 
researched with Area under the roc curve as a 
performance metric



Materials and 
methods
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Materials and methods used in this 
study



proposed framework
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● Small dataset of 768 instances

● Missing values: 51% of the data

● Outliers: 126/768 instances

● Imbalanced class labels: 
268(-)/500(+)

● One gender

Pima 
Indian
datasetda
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Data preprocessing
1. Outlier rejection

2. Missing values imputation

3. Normalization

4. Feature selection (PCA / ICA)



K-fold cross-validation



Multilayer perceptron

● 3 types of layers

● Interconnected nodes

● Activation function on each 
neuron

● Back propagation algorithm



Experiments 
and results
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Experiments performed to find the 
best MLP model and results



data preprocessing

before After



data preprocessing



seven-step method

1. The best dataset

2. The best architecture

3. Alternative PCA feature selection

4. Hyperparameters tuning

5. Alternative data preprocessing

6. More experiments

7. Model validation



best dataset

● Architecture is the same as baseline

● 12 datasets were the result of combination of the 
preprocessing techniques

● Replicated MLP  worse by 0.04 AUC than baseline 
(PCA 0.006 AUC worse, ICA 0.065 AUC)

● Controversial results



best Architecture



best Architecture
● 1 to 3 hidden layers (hl)

●  4, 8, 16, 32, 64, or 128 neurons on each 
layer

● Best performance of 0.889 (± 0.02) AUC

● 6 architectures of 3 hl and 8 have less 
than 3 hl (?)



Alternative PCA

● 3, 5, 6, and 7 PC

● PCA 6 is still the best feature 
selection

● 8 architectures selected with 
0.886 AUC or above



hyperparams tuning
● Batch size [4, 8, ,16, 32, 64, 

128]

● Learning rate [0.0001, 0,001, 
0.01, 0.1]

● Dropout neurons [0.5, 0.6, 
0.7]

● 576 architectures tested

● 0.90 AUC performance



Alternative preprocessing



Alternative preprocessing

● Poor results for chi-squared and 
fisher’s score

● Huge overfitting for data scalers 
when applying with PCA



More Experiments

● No improvements with dynamic 
learning rate

● RMSprop, Adamax, and Nadam 
optimizers show a competitive 
results

● Best architecture with 50 
epochs 



More Experiments



MODEL Validation



Key contribution, 
limitations, and 
future work
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Almost the end of the thesis 
presentation



Key Contributions
● Broad research on Multilayer Perceptron of 1-3 hidden 

layers

● Lighter MLP model that is faster and memory efficient

● Dataset with MLP performance based on: num of 
hidden layers, neurons, activation functions, batch sizes, 
optimizers, learning rates, dropout layers, feature 
selection techniques, loss functions



Limitations & Future work
LIMITATIONS:

● The data normalization and PCA feature selection applied to the entire 
dataset

● The work covers the experiments on 1 to 3 hidden layers with 4 to 128 
neurons on each layer

● Untapped potential of optimizers and dynamic learning rate

● Only MLP was tested

● The data provided by PIDD seems not enough

● No assistance from a qualified medical specialist



Limitations & Future work
FUTURE WORK:

● Normalization and PCA feature selection to the training dataset

● Deeper MLP model

● Use more powerful hardware

● Other NN models like ResNet

● Use other dataset

● Assistance from a qualified medical specialist



conclusion
06

Summary of the entire study
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important information
● Athletes with diabetes should be screened for complications 

associated with the disease. 

● Combine regular aerobic exercise with resistance exercise. 

● Insulin-dependent athletes should closely monitor their blood 
sugar levels before, during, and after exercise. 

○ Categorically not recommended to make physical 
exercise at significant hyperglycemia, since physical 
activity can paradoxically aggravate hyperglycemia and 
lead to ketoacidosis. 



● Use of this low-quality dataset

● Applied solution for the filling of 
empty values

They fill in the null values with the 
mean values of all other existing 
data. 

○ Glucose: 5
○ Blood Pressure: 35
○ Skin Thickness: 227
○ Insulin: 374
○ BMI: 11

Reviewed
studies
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This dataset was collected by Neha Prerna Tigga and Dr. Shruti Garg of the Department of 
Computer Science and Engineering, Birla Institute of Technology - Mesra

DD2019
Diabetes Dataset 2019

Alternative dataset



RQ & hypothesis

Research question
Are BMI, regular medicine, blood pressure 
and stress level the most important 
parameters for T2DM risk prediction?

hypothesis
BMI, regular medicine, blood pressure and 
stress level are the most important 
parameters for T2DM risk prediction.



Objective

The main goal of this study is to develop 
a machine learning model for predicting 
the risk of type 2 diabetes with an 
accuracy above 95%.



Specific aims
● Approval from the NU Institutional Ethics Committee
● Dataset search:

○ Datasets with the diagnosis of type 2 diabetes 
○ General initial assessment of the found dataset

● Dataset preprocessing:
○ Statistical analysis, distribution checking, finding 

patterns, assumptions testing 
○ Removing the outliers, restoring the null values and 

make normalization of data frame
● Final model and it’s validation

○ Building the model and identification of the algorithms 
with highest accuracy and it’s feature importance

○ Validation by Pima Indian Dataset



Experimental 
plan
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Basic steps for completing a study



# Options

Age 1 Less than 40 / 40-49 / 50-59 / 60 or older

Gender 2 Male / Female

Family history with diabetes 3 Yes / No

Diagnosed with high blood pressure 4 Yes / No

Physical Activity 5 None / Less than 0,5 hr/ More than 0,5 hr/ 1+ hr

BMI 6 Numeric

Smoking 7 Yes / No

Alcohol consumption 8 Yes / No

Sleep duration in hours 9 Numeric

Sound sleep duration in hours 10 Numeric

Regular medicine intake 11 Yes / No

Junk food consumption 12 Occasionally / Often / Very often / Always

Stress level 13 Not at all / Sometimes / Very often / Always

Blood pressure level 14 High / Normal / Low

Number of pregnancies 15 Numeric

Gestational diabetes 16 Yes / No

Urination frequency 17 Not much / Quite often

Diabetic (result) 18 Yes - 266 / No - 685dD
20
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Age (years) 1 Numeric

Pregnancies 2 Numeric

Concentration of plasma glucose (mg/dL) 3 Numeric

Diastolic blood pressure (mm Hg) 4 Numeric

Triceps skin fold thickness (mm) 5 Numeric

2-Hour serum insulin (mu U/ml) 6 Numeric

BMI (kg/m2) 7 Numeric

A pedigree function for diabetes 8 Numeric

Outcome 9 Yes - 268 / No - 500



dD2019 preprocessing
● Identification of missing values 

○ BMI: 8 
○ Pregnancies: 42
○ Pdiabetes: 1
○ Diabetic: 1

Result: from 952 to 905 samples

● Conversion of categorical value to nominal (changing the text 
data to digital)

Result: from 17 to 32 parameters 



dD2019 preprocessing
● Identification of outliers

Result: From 905 to 872 samples

● Normalization of dataset 

Database normalization is the process of structuring a 
database, in accordance with a series of so-called normal forms 
in order to reduce data redundancy and improve data 
integrity.

● The division of dataset into test and train subsets with ration 
20% and 80% respectively.



PID preprocessing
● Identification of zero values

○ Glucose: 5
○ Blood Pressure: 35
○ Skin Thickness: 227
○ Insulin: 374
○ BMI: 11

● The zero values of Glucose, Blood Pressure and BMI were 
removed.

Result: From 768 to 724 samples



PID preprocessing
● Identification of outliers

○ Pregnancies: 3
○ Glucose: 13
○ Insulin: 28
○ BMI: 6
○ Diabetes Pedigree Function: 27
○ Age: 6 

Result: From 724 to 640 samples

● Filling the zero values of Skin Thickness and Insulin 
parameters by Iterative imputation

● Normalization of dataset (Canceled) 
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Data processing

Logistic Regression 
It is a predictive analysis algorithm and 
based on the concept of probability

Support Vector Machine
Classifies data points by an appropriate 
hyperplane in a multidimensional space

K-Nearest Neighbor
Assumes the similarity between the new 
and available data and put the new data 
into the category that is most similar 
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Data processing

Decision Tree
Works on the principle of decision making. It can be 
described in form of tree and provides high accuracy 
and stability

Random Forest
Creates multiple decision tree from randomly selected 
subset of training dataset, then aggregates the votes 
from different decision trees to decide the final class of 
test objects

Naive Bayes
Probabilistic machine learning algorithm based on 
Bayes theorem described in probability
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Data processing

L2 Regularization (Ridge Classifier)

In supervised machine learning, the ML models get trained training data and 
there are the possibilities that the model performs accurately on training data 
but fails to perform well on test data.

For example, when the model learns signals as well as noises in the training 
data but couldn’t perform appropriately on new data upon which the model 
wasn’t trained, the problem of overfitting takes place.  

Various methods can be adopted, for avoiding overfitting of models on training 
data, such as cross-validation sampling, reducing number of features, pruning, 
regularization and many more.



!

Data processing

Feature imp0rtance

Algorithms with the highest accuracy were taken, then the parameters 
that are most important for the final prediction results were identified. 
In other words, which parameters most influence the risk of diabetes.



Results & 
discussion
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Analysis of the obtained results



Data processing results
LR KNN SVM NB DT RF L2R

DD2019 PID DD2019 PID DD2019 PID DD2019 PID DD2019 PID DD2019 PID DD2019 PID

Accuracy 0.8899 0.7484 0.9541 0.7736 0.9587 0.7673 0.8257 0.7547 0.9541 0.7107 0.9541 0.7610 0.8807 0.7547

Error 0.1101 0.2516 0.0459 0.2264 0.0413 0.2327 0.1743 0.2453 0.0459 0.2893 0.0459 0.2390 0.1193 0.2453

Sensitivity 0.7937 0.4800 0.9206 0.4400 0.9365 0.4000 0.8095 0.5600 0.9365 0.5400 0.9206 0.4400 0.8095 0.4600

Specificity 0.9290 0.8716 0.9677 0.9266 0.9677 0.9358 0.8323 0.8440 0.9548 0.7890 0.9677 0.9083 0.9097 0.8899

Precision 0.8197 0.6316 0.9206 0.7333 0.9219 0.7407 0.6623 0.6222 0.8939 0.5400 0.9206 0.6875 0.7846 0.6571

10-fold CV 0.9006 0.7775 0.9649 0.7608 0.9312 0.7837 0.8562 0.7713 0.9634 0.7358 0.9527 0.7712 0.8945 0.7878
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1

feature importance

DD2019
● K-Nearest Neighbor Classifier: Gender, Stress 

sometimes, Regular medicine
● Support Vector Machine: Regular Medicine, Family 

Diabetes, Gender

PID
● K-Nearest Neighbor Classifier:  Glucose, Insulin, 

Age
● Support Vector Machine: Insulin, BMI, Glucose



Further work
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Project Development Areas



Further work

This study still requires further improvement and expansion of the 
field of study. The main direction at the moment is the use of other 
machine learning algorithms, building multilayer structures and 
creating the neural network. Also, a possible area for further work 
is the collection of our own database with as many attributes and 
participants as possible.



conclusion
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Summary of the entire study



Conclusion

the highest accuracies achieved by KNN and SVM on DD2019  (95.4%% 
and  95.9%% respectively), while on PIDD KNN has 77.4% and SVM has 
76.7%. On DD2019 for the KNN the most important attributes are 
Gender, Stress sometimes, Regular Medicine, while for SVM these 
attributes are Regular Medicine, Family Diabetes, Gender. on PIDD 
Glucose, Insulin, Age have the highest values for the KNN, while for 
SVM the most important attributes are Insulin, BMI, Glucose. 
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efficiency
Despite being red, Mars is 
a very cold place

reliability
Mercury is the closest 
planet to the Sun

COMMIT
Jupiter is the biggest 
planet in the Solar System



Web
ONLINE SHOP

Remaining
100 UNITS FREEFollow the link in the graph to modify its 

data and then paste the new one here. For 
more info, click here

OUR NUMBERS

Mars is actually cold 
MARS

Saturn is a gas giant
SATURN

Has a beautiful name
VENUS

https://slidesgo.com/slidesgo-school/presentation-tips/how-to-modify-a-graph-in-our-templates?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=how-to-modify-a-graph-in-our-templates&utm_term=slidesgo-school&utm_content=how-to-modify-a-graph-in-our-templates
https://slidesgo.com/slidesgo-school/presentation-tips/how-to-modify-a-graph-in-our-templates?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=how-to-modify-a-graph-in-our-templates&utm_term=slidesgo-school&utm_content=how-to-modify-a-graph-in-our-templates
https://docs.google.com/spreadsheets/d/16Ql7t8jRcDgH7kvqINYpqIX_JUyBYhATIQm3Juzz_Ho/copy


Follow the link in the graph to modify its data and then 
paste the new one here. For more info, click here

$35,000
Saturn is a gas giant 
with rings

$6,000
Neptune is very far 
from the Sun

OUR GROWTH

https://slidesgo.com/slidesgo-school/presentation-tips/how-to-modify-a-graph-in-our-templates?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=how-to-modify-a-graph-in-our-templates&utm_term=slidesgo-school&utm_content=how-to-modify-a-graph-in-our-templates
https://docs.google.com/spreadsheets/d/16Ql7t8jRcDgH7kvqINYpqIX_JUyBYhATIQm3Juzz_Ho/copy


FUTURE PROJECTS

Project 1
Jupiter is planet is 
the biggest planet 

in the entire
Solar System

Project 2
Venus has a 

beautiful name, 
but also high 
temperatures

Project 3
Despite being red, 
Mars is a very cold 
planet full of iron 

oxide dust
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Project 4
Mercury is the 

closest planet to 
the Sun and the 

smallest one

4



John DOE
“Jupiter is a gas giant and 
the biggest planet in the 

Solar System”

CUSTOMER TESTIMONIALS

PETER PATS
“Mercury is the closest 

planet to the Sun and the 
smallest one”



GENDER
26-35

AGE

hobbIES

36-45

46-55
65% Male

TARGET

35% Female



AWARDS

MARS Despite being red, Mars 
is a very cold place. It’s 
full of iron oxide dust

JUPITER Jupiter is a gas giant and 
the biggest planet in the 
Solar System

MERCURY Mercury is the closest 
planet to the Sun and 
the smallest one



JENNA DOE
You can talk a bit about 

this person here

OUR TEAM

JAMES WOLF
You can talk a bit about 

this person here



BASIC REGULAR PRO

FREELANCERS

WORKERS

BIG COMPANIES

BANKING PRODUCTS



You can replace the 
images on the screen 
with your own work. 
Just right-click on 
them and select 
“Replace image”

DEVICES



CREDITS: This presentation template was created by Slidesgo, 
including icons by Flaticon, and infographics & images by Freepik 

Do you have any 
questions? 
youremail@freepik.com 
+91  620 421 838 
yourcompany.com

Please keep this slide for attribution

thanks!
On

lin
e t

ec
h 

sh
op

http://bit.ly/2Tynxth
http://bit.ly/2TyoMsr
http://bit.ly/2TtBDfr
mailto:youremail@freepik.com


ICON PACK: E-COmmerce



ALTERNATIVE RESOURCES

PHOTOS
● An overhead view of cellphone with earphone; cd; radio and cassette

● Retro black camera arrangement

https://www.freepik.com/free-photo/overhead-view-cellphone-with-earphone-cd-radio-cassette-pink-background_3152706.htm#page=1&position=12&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik
https://www.freepik.com/free-photo/retro-black-camera-arrangement_13360548.htm#page=1&position=17&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik


RESOURCES of this template

● Icon Pack: E- Commerce | Outline

ICON PACK

● Woman wearing virtual reality simulator
● Woman using her smartphone while at home

● Back view of woman at home using headphones and tablet
● Medium shot woman with headphones

● Smiley man at home on the couch using smartphone and headphones

PHOTO

Do you like the resources on this template? Get 
them for free at our other websites:

https://www.flaticon.com/packs/e-commerce-56?word=online%20shop/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=flaticon
https://www.freepik.com/free-photo/woman-wearing-virtual-reality-simulator_13327676.htm#page=1&position=7&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik
https://www.freepik.com/free-photo/woman-using-her-smartphone-while-home_11631534.htm/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik
https://www.freepik.com/free-photo/back-view-woman-home-using-headphones-tablet_11631546.htm#page=1&position=6&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik
https://www.freepik.com/free-photo/medium-shot-woman-with-headphones_12975834.htm#page=1&position=1&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik
https://www.freepik.com/free-photo/smiley-man-home-couch-using-smartphone-headphones_11631595.htm#page=1&position=0&from_view=collections/?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=sg_resources&utm_content=freepik


For more information about editing slides, please read our FAQs or visit Slidesgo School:
https://slidesgo.com/faqs and https://slidesgo.com/slidesgo-school

Instructions for use

If you have a free account, in order to use this template, you must credit Slidesgo by keeping the Thanks 
slide. Please refer to the next slide to read the instructions for premium users.

As a Free user, you are allowed to:

- Modify this template.
- Use it for both personal and commercial projects.

You are not allowed to:

- Sublicense, sell or rent any of Slidesgo Content (or a modified version of Slidesgo Content).
- Distribute Slidesgo Content unless it has been expressly authorized by Slidesgo.
- Include Slidesgo Content in an online or offline database or file.
- Offer Slidesgo templates (or modified versions of Slidesgo templates) for download.
- Acquire the copyright of Slidesgo Content.

http://bit.ly/33VAFh3
http://bit.ly/30B07Gq
http://bit.ly/2PfT4lq


As a Premium user, you can use this template without attributing Slidesgo or keeping the "Thanks" slide.

You are allowed to:

● Modify this template.
● Use it for both personal and commercial purposes.
● Hide or delete the “Thanks” slide and the mention to Slidesgo in the credits.
● Share this template in an editable format with people who are not part of your team.

You are not allowed to:

● Sublicense, sell or rent this Slidesgo Template (or a modified version of this Slidesgo Template).
● Distribute this Slidesgo Template (or a modified version of this Slidesgo Template) or include it in a database or in 

any other product or service that offers downloadable images, icons or presentations that may be subject to 
distribution or resale.

● Use any of the elements that are part of this Slidesgo Template in an isolated and separated way from this 
Template.

● Register any of the elements that are part of this template as a trademark or logo, or register it as a work in an 
intellectual property registry or similar.

For more information about editing slides, please read our FAQs or visit Slidesgo School:
https://slidesgo.com/faqs and https://slidesgo.com/slidesgo-school

Instructions for use (premium users)

http://bit.ly/2PfT4lq
http://bit.ly/33VAFh3
http://bit.ly/30B07Gq


This presentation has been made using the following fonts:

Bebas Neue
(https://fonts.google.com/specimen/Bebas+Neue)

Montserrat
(https://fonts.google.com/specimen/Montserrat)

#474747 #d8d6d6 #ffffff

#d1aeff #cec7e2 #91ff62

Fonts & colors used

https://fonts.google.com/specimen/Bebas+Neue
https://fonts.google.com/specimen/Montserrat


Create your Story with our illustrated concepts. Choose the style you like the most, edit its colors, pick 
the background and layers you want to show and bring them to life with the animator panel! It will boost 

your presentation. Check out How it works.

Pana Amico Bro Rafiki Cuate

Storyset

https://storyset.com/how-it-works?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=how%20it%20works&utm_content=storyset
https://storyset.com/pana?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=pana&utm_content=storyset
https://storyset.com/pana?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=pana&utm_content=storyset
https://storyset.com/amico?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=amico&utm_content=storyset
https://storyset.com/amico?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=amico&utm_content=storyset
https://storyset.com/bro?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=bro&utm_content=storyset
https://storyset.com/bro?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=bro&utm_content=storyset
https://storyset.com/rafiki?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=rafiki&utm_content=storyset
https://storyset.com/rafiki?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=rafiki&utm_content=storyset
https://storyset.com/cuate?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=cuate&utm_content=storyset
https://storyset.com/cuate?utm_source=slidesgo_template&utm_medium=referral-link&utm_campaign=slidesgo_final_slides&utm_term=cuate&utm_content=storyset


You can easily resize these resources without losing quality. To change the color, just ungroup the resource 
and click on the object you want to change. Then, click on the paint bucket and select the color you want. 

Group the resource again when you’re done. You can also look for more infographics on Slidesgo.

Use our editable graphic resources...

https://bit.ly/2ZjL1pd






JANUARY FEBRUARY MARCH APRIL

PHASE 1

Task 1

Task 2

JANUARY FEBRUARY MARCH APRIL MAY JUNE

PHASE 1

PHASE 2

Task 1

Task 2

Task 1

Task 2



     





You can resize these icons without losing quality.
You can change the stroke and fill color; just select the icon and click on the paint bucket/pen.

In Google Slides, you can also use Flaticon’s extension, allowing you to customize and add even more icons.

...and our sets of editable icons

https://chrome.google.com/webstore/detail/flaticon-for-gsuit-gslide/haekgjfnhhdkgfgmldhfokhmfkgmciba


Educational Icons Medical Icons



Business Icons Teamwork Icons



Help & Support Icons Avatar Icons



Creative Process Icons Performing Arts Icons



Nature Icons



SEO & Marketing Icons



http://bit.ly/2PfT4lq

