THESIS APPROVAL FORM
NAZARBAYEV UNIVERSITY

SCHOOL OF SCIENCES AND HUMANITIES

US VERSUS THEM: EXPLAINING COVID-19 PROTESTS IN THE US

MBI ITPOTHB HHX: OGBACHEHME [MTPOTECTOB ITPOTHB KOPOHABUPYCA B

CIIA

BI3 OAAPFA KAPCDBI: AKII-tarer KOPOHABHPYCKA KATBLICTEI
HAPA3BIABIKTAPALI TYCIHAIPY

BY
Temirlan Zhumadilov
NU Student Numbet: 201750827
APPROVED
BY
Dr. Gento Kato
ON

3 May 2023

Signature of Principal Thesis Adviser
In Agreement with Thesis Advisory Committee
Second Adviser: Dr. Chunho Park

External Reader; Dr. Susumu Annaka




Abstract

One of the most perplexing phenomena that took place during the global COVID-
19 pandemic is the increased number of protests and demonstrations, with the United
States leading the world in the number of protests in 2020. Drawing on relative depri-
vation and social identity theories, this thesis examines the impact of policy stringency,
income inequality, and political polarization on the likelihood of COVID-19 protests in
the US. The empirical analysis combined county-month observation data on protests be-
tween March 12, 2020, to March 13, 2021. The results indicate that (a) both strict policies
and income inequality were instrumental in driving not only COVID-19 protests but other
protest movements like Black Lives Matter and Trump protests; (b) higher income in-
equality dampens the effect of strict policies on protests; (c) the interaction between mean
grievances and grievance polarization is not statistically significant, albeit moving in the
expected direction; (d) increase in the Democrat voter population is consistently positively
associated with the protests; (e) only predominantly Republican populations tend to protest
strict containment policies against the Democrat governor suggesting asymmetrical politi-
cal polarization. Findings contribute to the literature on impact of the COVID-19, theories

of collective action, and the phenomena of political polarization in the US.
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1 Introduction

OVID-19 has caused widespread economic disruption, social isolation, and political po-
C larization as a result of its impact on society. While the immediate collective response
tried to contain the disease via lockdowns and stay-at-home orders, the social and economic
impact of the pandemic has created the ideal environment for collective grievances and social
movements to emerge (Plimper, Neumayer and Pfaff, 2021). People around the world have
taken to the streets to express their dissatisfaction with political, economic, and social condi-
tions (Kishi et al., 2021). In the year 2020 alone, the US has experienced more than 22,000
instances of collective action, accounting for the highest incidence of demonstrations in the
world (Kishi and Jones, 2020). More than half of the states held their first demonstrations
within two months of declaring a state of emergency, protesting the economic and social im-
pacts of COVID-19. Following the death of George Floyd, another major protest wave erupted
in May, and protesters condemned racial injustice and police brutality. In the context of the
most severe global crisis of the century, the timing of the increased protests is indeed un-
precedented and reflects a multitude of psychological, social, economic, and other factors that
motivated people to not only collectively act, but overcome the threat of contracting disease by
doing so.

The nexus between the COVID-19 pandemic and political activism is often emphasized in
popular discourses, in which social isolation and the restriction of personal freedoms caused
by strict policies are the most prominent pandemic-specific pathways to anti-government senti-
ment. Yet, as emphasized by Bartusevicius et al. (2021), there is a lack of systematic evidence
or theoretical framework that would establish those associations. Moreover, the effects of the
pandemic on political behavior, specifically protest, also remains largely unexplored. Lim-
ited to the issues of economic hardship, lacoella, Justino and Martorano (2021) find a positive
link between protest incidence and restrictive COVID-19 policies. Their findings are sugges-
tive of theorizing about the underlying effect of socioeconomic hardship on protest incidence,
where the authors find strong evidence stringent COVID-19 policies have the strongest effect
on protest activity in the most unequal areas of the US which reported large levels of income

inequality at the outset of the pandemic. However, while there are more research projects and



media accounts attempting to link the pandemic to the emergence of collective action, we have
still little evidence on — and an urgent need to understand - how the context of the COVID-19
pandemic affects people’s political activism, especially collective action, and demonstrations.

In this thesis, alongside the stringent containment policies and economic hardships as an an-
tecedent to protests, I explore other prominent socio-psychological factors (Bartusevicius et al.,
2021) connected to the salient issues like political polarization, that may account for protest in-
cidence. To approach the protests in the context of COVID-19, I utilize the unique contributions
of social identity (hereinafter SIT) and relative deprivation (hereinafter RDT) theories of col-
lective action. Feelings of injustices or grievances, that stem from subjective comparisons, are
the conventional predictors of collective action according to the RDT (Van Zomeren, Postmes
and Spears, 2008; Crosby, 1976). However, mechanisms of protests from conventional theories
like the RDT face criticism as their empirical applications rarely support the theorized pathways
(Smith et al., 2012). To address this, I investigate the theoretical clarification proposed by Grif-
fin, de Jonge and Velasco-Guachalla (2021), who suggests that rather than measures of average
grievances, like the average income, it is the phenomena of grievance polarization, interpreted
as “’the extent to which a country’s citizens disagree with each other that their government is
providing opportunities to advance their well-being” (2), that explains non-violent protest in
relatively wealthy and stable societies. Elaborated on the original theory, this construct recon-
structs RDT’s concept of grievance by arguing the disparities in people’s grievance judgments
on the grievances that can stem from, for instance in our case, appropriate government response
to the pandemic. Accordingly, these varying experiences of people within a society, like the
measure of unequal distribution of income within a county used in this thesis, produce different
gains for different groups in that society, which ultimately leads to protests.

Another potential protest-inducing factor I test in this thesis is the phenomena of political
polarization that fit into the theoretical pathways of collective action explained by the SIT. So-
cial identity is the shared understanding of what it means to a group member, where the ingroup
(same group) and intergroup (between groups) social processes, like subjective group compar-
isons, are associated with intergroup behavior (Van Zomeren, Postmes and Spears, 2008). One

of the most studied and pervasive social identities, especially in American politics, is party



affiliation or partisanship (Green, Palmquist and Schickler, 2004). In the contemporary con-
text, a growing body of literature on the COVID-19 pandemic and its impact hints that political
partisanship has emerged as one of the key indicators and drivers of differences in people’s
behavior and responses to restrictive policies in the US. Extant literature on the topic of the
COVID-19 pandemic finds a clear ideological nexus between policy beliefs and partisanship
(Kerr, Panagopoulos and van der Linden, 2021; Makridis and Rothwell, 2020; Bruine de Bruin,
Saw and Goldman, 2020; Jungkunz, 2021; Block Jr et al., 2022; Pennycook et al., 2022; Gross-
man et al., 2020; Gadarian, Goodman and Pepinsky, 2021; Goldstein and Wiedemann, 2022).

Importantly, the extant literature on COVID-19’s impact on American society correlates
with the emergence of protest events, specifically the COVID-19 protests that the media pro-
claimed as criticizing the government’s containment restrictions (like lockdowns) to stop the
virus from spreading (Rohlinger and Meyer, 2022). This thesis attempts to explain the link
between the stringent COVID-19 policies, extreme partisan responses, and COVID-19 protests
through political polarization - the increasing divide between individuals and groups with dif-
ferent political ideologies, values, and beliefs. While the diversity of opinions is considered a
natural product of a democratic society and may lead to an ideological divide on various politi-
cal issues, political polarization scholarship suggests that the primary negative consequence of
an increasing ideological gap is the loss of such diversity (Levin, Milner and Perrings, 2021)
that goes against the complex diverse and democratic systems (Huddy, Mason and Aarge, 2015;
Kunda, 1990) and increased partisan hostility or affect (Boxell, Gentzkow and Shapiro, 2022)
on either side of the political dichotomy. In other words, protest can be largely ideology-driven,
which, in accordance with the mechanisms of the SIT, are driven through strong feelings of par-
tisan injustices on pandemic-related policies against the opposite or divergent party that moti-
vate protesters to assert their political identities through collective action. To my knowledge,
this unique role of political polarization in shaping collective action remains largely empirically
unexplored.

So far, I test the two similar yet theoretically distinct antecedents of protest - grievances and
the ideological gap between partisan identities, or political polarization. As such, my research

question is as follows:



Does the rise of grievances and political polarization on policy lead to protests amidst the
COVID-19 pandemic in the US?

While there are many theories available to explain collective action, like the political oppor-
tunity (Meyer, 2004; McAdam et al., 1996) or resource mobilization models (Jenkins, 1983),
I choose the theoretical mechanisms of collective action as explained by RDT and SIT. While
both theorize on the core process of between-groups subjective comparison as proximal to
collective action, the two differ in their theoretical focus and perspectives on the role of group
membership and intergroup comparisons in shaping this type of behavior. RDT predicts collec-
tive action through feelings of relative deprivation, that ”develop on the basis of social compar-
isons with specific others” (Van Zomeren, Postmes and Spears, 2008, 505). Here, what drives
collective action is the desire to redress the subjective sense of injustice. On the other hand, the
SIT places importance on socio-structural factors like the salience of the social identity and af-
fective ties with a disadvantaged group as a predicament of collective action (Tajfel and Turner,
2004; Kalin and Sambanis, 2018). While SIT differentiates between psychological underpin-
nings of different intergroup behaviors, scholars have increasingly focused their attention on
the application of the theory specifically to the formation of collective action (Van Zomeren,
Postmes and Spears, 2008; Mummendey et al., 1999). Specifically, I use the SIT to explain
the effect of the wide partisan gap and hostility in the context of COVID-19. For example,
collective action is not merely due to deprivation or perceptions of injustice, which people
often experience without the urge to protest, but a way for protesters as a viable identity man-
agement strategy to enhance the status and social identity of their partisan group due to their
ideologically polarized opinions.

I begin with Chapter 2 which presents a review of the existing literature on responses to
the COVID-19 policies, partisanship, political polarization, and socio-psychological theories
of protests which contextualizes my research question. In Chapter 3, I present the theory and
hypotheses that investigate the relationship and potential interaction between traditional and
novel measures proximate to collective action. In particular, in addition to policy stringency
as antecedent in the formation of the COVID-19 protests, I investigate how income inequal-

ity, measured through the Gini index, and county partisanship, measured through the county’s



average Democrat vote share, predicts protest and moderates the impact of the strict pandemic
policies. Chapter 4 introduces the data, variable measurements, the empirical strategy to test the
hypotheses, and the results from the analysis. Results indicate that both income inequality and
strict containment policies are significant predictors of protests during the pandemic, with an
explanatory power that extends beyond COVID-19 protests. While neither the average house-
hold income nor its interaction with income inequality is statistically significant in explaining
protests, the visual plots present partial support for the interaction of mean grievances and
grievance polarization proposed by Griffin, de Jonge and Velasco-Guachalla (2021). The effect
of Democrat vote share produces an increase in all types of protests, except Trump protests.
Importantly, politically polarized Republican counties experience more protests as a reaction
to stringent containment policies enacted by Democrat governors, whereas Democrat counties
do not exhibit the same polarized dynamic against the Republican governors. Finally, I sum-
marize the findings and discuss their policy and research implications in Chapter 5, and make

substantive conclusions and recommendations for future research in Chapter 6.

2 Literature Review

The current thesis examines the relationship between two distinct areas of study: the literature
on the COVID-19 pandemic and its impact on American politics and traditional theories of
collective action. First, I discuss the literature on protest and how citizen views and preferences
can shape collective action. Here, I discuss the relevance of partisanship and how partisanship,
as a salient social identity in the US, can be a relevant indicator of collective policy preferences
as well as collective action (Green, Palmquist and Schickler, 2004). I then associate party
partisanship with a growing body of novel literature on the COVID-19 pandemic and its impact,
which sheds light on the relevance of rising political tension and the politicization of issues such
as COVID-19 in the United States. As will be argued in the second part of the literature review,
salient partisan identification can act as a prominent social-psychological driver of protest. In
the second and third parts of the literature review, I first compare and then implement the

two socio-psychological theories of collective action, the SIT and RDT, in order to organize



and discuss how people’s social identities and feelings of deprivation can motivate them to
protest. While the RDT is one of the most prominent theories of protest, I review the novel
elaborations for the long-standing theory of relative deprivation that potentially addresses many
of its limitations. Finally, I situate the unique theoretical contributions of both RDT and SIT in

the formation of protests in the US.

2.1 Policy Protest, Pandemic, and Partisanship

In what is undoubtedly one of the most influential studies on collective action, McAdam, Tar-
row and Tilly (2003) coin the phrase “contentious politics™ to describe instances of collective
action in which groups with diverse interest-based claims against the government engage in
conflict. Traditionally, contentious politics, motivated by a variety of political causes, are fo-
cused on the government. For example, instances of contentious politics, such as protests, are
oftentimes policy-oriented and serve as a potent informational cue for policymakers to take ac-
tion. Some meta-analyses of protest theories long acknowledge this relationship as the “infor-
mation continuum’ between the protesters and the government (Gillion, 2013). Unsurprisingly,
one conventional protest variable that has emerged is the citizen perceptions of active policies.
For example, lacoella, Justino and Martorano (2021) find a positive association between the
stringency of the COVID-19 policies and protest incidence in the US, but only in counties with
high levels of income inequality. Although the lacoella, Justino and Martorano (2021) did not
measure individual policy perceptions, policy stringency is assumed to create the perceptions
of policy discontent among American citizens and induce protest. One interesting implication
provided by the authors is that the reaction to the stringent policies is amplified by levels of in-
come inequality - [acoella, Justino and Martorano (2021) only observe a statistically significant
and positive effect of policy stringency on protest given high levels of within-county income
inequality at the outset of the pandemic. This implies that strong reactions to the COVID-19
policies can be moderated by different mechanisms that are theoretically proximate to protest,
like the objective measure of income inequality.

While the studies like Iacoella, Justino and Martorano (2021) produce interesting findings

on protest incidence in the US during the pandemic, their empirical findings can only do so



much in terms of causal inference - county-week aggregate data can only assume the real
perceptions of citizens towards variables of their interests, like policy stringency or income
inequality. BartusevicCius et al. (2021) address this limitation of causality by analyzing the as-
sociation between individual perceptions of incompatibilities over the state- or national-level
COVID-19-related politics and anti-systemic attitudes (like motivation to protest). While the
authors observe overall low levels of anti-systemic attitudes, they draw attention to the prereg-
istered findings which indicate that as the perceived burden of COVID-19 increases (i.e. peo-
ple feel the government exercises greater authoritative powers and impedes collective action
through restrictive policies), a majority of survey respondents reported individual anti-systemic
feelings and intentions to participate in both normative (peaceful) and nonnormative (violent)
protests. Interestingly, BartuseviCius et al. (2021) note that the self-reported engagement in
violent protests among the sample of democracies and semi-democracies was only statisti-
cally significant in the US. One implication from the authors’ finding is that the impact of the
COVID-19 pandemic in the US was especially salient in terms of anti-systemic reactions and
behavior of the American citizens (Bartusevicius et al., 2021).

To understand how policy perceptions can shape protests, a wealth of theory delves deeper
into the dynamics of the groups that McAdam, Tarrow and Tilly (2003) emphasize in their
broad definition of contentious politics. Foundational theories explain collective action through
socio-psychological mechanisms of group attributes and identification (Sears et al., 1980). Ac-
cording to one of the most-cited definitions of collective action by Wright, Taylor and Moghad-
dam (1990), protest is likely to occur when an individual acts “as a representative of the group
and where the action is directed at improving the conditions of the group as a whole” (995).
This definition points at the social or collective nature of protests through individual representa-
tion, whereas the directed actions constitute a wide range of interest-based claims and political
causes (e.g. policy perceptions). While individual citizens can identify with different and of-
tentimes competitive groups, one of the most widely discussed and consistent social groups in
American politics is party identification or partisanship.

The concept of party identification has long been under the attention of socio-psychological

and political science research. In American Voter, a seminal scholarly work by Campbell et al.



(1960), the authors define partisanship as a psychological attachment to a given political party.
According to this broad definition of partisanship, psychological attachment shapes people’s
beliefs and is one of the - if not the most, consistent and widely-used variables predicting po-
litical behavior in American political science (Huddy and Bankert, 2017). On the one hand,
scholars have long acknowledged that policy perceptions can stem from symbolic attitudes
such as ideology and political partisanship. Sears et al. (1980), alongside a whole body of both
old and novel research on policy and partisanship (Gadarian, Goodman and Pepinsky, 2021;
Gerber and Hopkins, 2011), finds that partisanship is one of the key variables that have a sig-
nificant impact on people’s policy preferences (Sears et al., 1980). On the other hand, reversing
the relationship, people can, depending on either policy outcomes or expectations (Fiorina,
1981), shape their partisanship by navigating through their policy preferences. The specific
methodological challenge suggested by this and related scholarly work against the psycholog-
ical attachment” view is that partisan identity can be observationally equivalent to the policy
preferences or political actions it is expected to affect (Huddy, Mason and Aarge, 2015). Thus,
the literature describes ways in which partisanship can drive citizens’ political behavior, which
includes collective action, whereas political factors, like policy preferences and party perfor-
mance, may also affect one’s partisanship. Given the peculiarities and confusion surrounding
the concept, scholars have long debated the mechanisms and conceptual implications of what
constitutes one’s partisanship.

Naturally, different interpretations of partisanship produced many competing perspectives
on the concept in the literature. In his review, Huddy and Bankert (2017) identifies two most
prominent perspectives that find both theoretical and empirical support to this day. First, rooted
in the rational choice paradigm, ’the instrumental partisanship” perspective argues that par-
tisanship constitutes a rational choice based on many political factors (Huddy and Bankert,
2017). Pioneers of rational choice partisanship argue that partisans create psychological at-
tachments based on careful political examinations. Partisanship becomes instrumental because
voters have a policy or ideological preferences, and a particular party is a means to realize their
desired policy outcomes (i.e., preferences precede PID). For example, one of the most promi-

nent studies in the field, Fiorina (1981) analyzes the topic of “retrospective voting,” theorizing



that one’s partisanship can be based on and change depending on both future policy expecta-
tions and policy outcomes (i.e. past evaluations of policy). In other words, the instrumental
approach views partisanship as a rational decision-making process, where individuals choose
to align with a political party based on their individual policy preferences, party performance,
and ideology (Fiorina, 1981; Huddy and Bankert, 2017).

Second, the “expressive partisanship” perspective views partisanship as an identity strength-
ened by social affiliations with gender, religious, or ethnic groups. Pioneered by Green, Palmquist
and Schickler (2004), the expressive nature of partisanship is due to partisans’ motivations to
defend their party to maintain its positive standing, emphasizing the tribal nature of politics
(Huddy and Bankert, 2017). In other words, partisanship entails one’s views and preferences
aligned with those of their political party, where group members share or express the collective
party preferences and values over a number of political issues. An important empirical contri-
bution supporting partisanship as a form of identity expression was conducted by Gould and
Klor (2019), where the authors argue that policy preferences follow their party affiliation rather
than precede it. They use panel data to show how the party realignment over abortion legaliza-
tion in the US led many voters to switch parties with stances that would align with their deeply
held views on abortion. Their findings contend that as people realign their party preferences
due to highly partisan political issues, the host of other political and personal preferences over
policy dimensions would reflect the policy platform of the newly chosen party. This, according
to Gould and Klor (2019), suggests that ’voting for a party induces individuals to adapt their
views to the positions of a prototypical member of the group they choose to identify with”
(6). Hence, findings from Gould and Klor (2019), among many others, confirm that political
identity is, importantly, a reflection of how people think about themselves and psychologically
attach to a party. Through this sense of belonging, Green, Palmquist and Schickler (2004)
argue, is how people adopt the party’s doctrinal policy and political positions.

While the literature finds vast empirical evidence that can explain vote choice and public
opinion in support of both views (Huddy and Bankert, 2017), one of the main theoretical lim-
itations of the instrumental approach is the lack of theoretical mechanisms that would explain

salient partisan emotions and motivated reasoning. The instrumental perspective assumes that



voters are capable of and are motivated to switch parties or candidates if political changes do
not satisfy their instrumental considerations. Put differently, if the perceptions of party per-
formance and policy are undesirable, citizens, ideally, will abandon their party loyalties and
preferences. However, in reality, switching parties or candidates proves to be difficult and
costly, especially if a voter has strong emotional attachments to a party or candidate (Huddy
and Bankert, 2017; Kalin and Sambanis, 2018).

Unlike its competitor, the expressive approach suggests that partisanship is instead shaped
by social affiliations and, importantly, emotional attachments to a political party. According to
this view, citizens find themselves attached to a party due to the salient social identification with
the party group that relates to the partisan due to similarities of the social characteristics and
personal views (Huddy, Mason and Aarge, 2015). Partisanship has become a significant social
identity for Americans due to various social and psychological factors, including the increas-
ing polarization of politics (Kerr, Panagopoulos and van der Linden, 2021) and the prevalence
of social identity in shaping attitudes and behaviors (Huddy, Mason and Aarge, 2015). Here,
expressive approaches to partisanship emphasize the role of emotions, values, and symbolic at-
tachment in the formation and maintenance of partisan identity, highlighting the expressive and
social identity benefits of being part of a political group. The social affiliations with a party pro-
mote an emotional party attachment, generate stability over time in partisan identification and
vote choice, and diminish the political influence of short-term events on party loyalties (Green,
Palmquist and Schickler, 2004; Huddy and Bankert, 2017). Although applicable only in the
Western democracies, findings from Huddy, Mason and Aarge (2015) and Bankert, Huddy
and Rosema (2017) find greater support for the expressive than the instrumental partisanship
across individuals’ in-party voting, campaign activity, and strong enthusiastic and angry feel-
ings conditioned by strong partisan identity. Moreover, instead of ideal actors with rational
decision-making processes and reasoning, in reality, partisans tend to defend and advance their
party’s status through biased reasoning (Huddy and Bankert, 2017).

To understand the notion of expressive partisanship, practically every scholarly discussion
utilizes the social identity theory and its theoretical underpinnings as central to the understand-

ing of partisan social identity. According to the SIT, salient or internalized identities spur a
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strong desire to positively differentiate one’s party from other parties (Tajfel and Turner, 2004).
Here, the SIT offers a theoretical explanation of how party identification can motivate partisans
to engage in biased reasoning and political action through the internalized sense of partisan-
ship and the strive toward positive social identity. Partisanship as a social identity makes an
account for why partisans would deliberately downgrade the narratives coming from other par-
ties, evaluate their party’s arguments more positively than their counterparts, and arrive at more
desirable conclusions (Huddy and Bankert, 2017). In her work, Kunda (1990), a renowned so-
cial psychologist, coins these processes as parts of “motivated reasoning”. The SIT, according
to Huddy and Bankert (2017), provides a theoretical foundation to explain why partisans would
turn to motivated reasoning. In order to advance one’s party’s social standing and maintain po-
litical beliefs, party members will increasingly come to terms with the reasoning that aligns
with their desirability, rather than an objective reflection of the presented information, leading
to biased processing of information. Importantly, the author emphasizes that the SIT explains
the motive behind partisans’ engagement in political action. For evidence, Huddy and Bankert
(2017) refers to the extant literature on voting behavior, where scholars observe that during
an election year, when a party’s power and collective social standing may be at risk, citizens
are likely to express their party identification through political participation to ensure their re-
spective party’s positive social standing (Eifert, Miguel and Posner, 2010; Gadjanova, 2021).
By defending their party against potential losses or ensuring gains, partisans are engaging in
political action strengthened by their internalized sense of partisan identity.

Concluding this section, foundational theories of collective action argue that protest group
dynamics intersect with the extant research on partisanship in the US, with the literature on
political polarization supporting the already existing link between partisanship and collective
action. For one, literature on partisanship, specifically the expressive nature of party identifi-
cation, is explanatory of the unique partisan politics in the US, especially in the context of the

COVID-19 pandemic.
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2.2 Political Polarization and Social Identity Theory of Collective Action

So far, one crucial observation from both the collective action and partisanship literature dis-
cussions is that group identification is at the intersection amidst many indicators of political
action - partisans may engage in collective action to improve the party’s condition and social
standing (Wright, Taylor and Moghaddam, 1990). However, to understand how partisanship
can shape political behavior, the literature hints at the specific measure that helps translate
salient party identification into extreme forms of political activism, including collective action
- political polarization. According to Fiorina and Abrams (2008), the concept of polarization
can refer to the state or the process in the world of political affairs. Political polarization as a
state, reflects the current consensual state of politics and political issues wherein partisans on
either of the ideological spectrums hold opposite views and stances on the presented political
items. As a process, and this is where most scholars are concerned, political polarization can
mean an increasing or decreasing trend in the movement of political stances and preferences
from/toward the center towards/from the respective parties’ extremes. As such, political cli-
mates with controversial partisan issues at stake can be indicative of the increasing ideological
gap that results in political polarization.

Political polarization has been widely debated in recent years as a result of significant shifts
in the political landscape and the emergence of easily accessible partisan media (Fiorina and
Abrams, 2008). However, throughout the last decade, practically each of the studies from the
extant literature on political polarization asserts the increase of political polarization in the US.
As McCarty (2019) calls it, after 40 years of polarized politics, what was initially considered a
fringe phenomenon is now recognized as a perfect ecosystem for disseminating partisan anger
and distrust. More recently, although the pandemic urged for bipartisan consensus and collec-
tive responsibility to contain the virus, both the popular and scholarly discourses on COVID-19
attitudes and responses offer unprecedented findings, hinting that partisanship has emerged as
a key indicator of disparate behavior and responses to the restrictive policies in the US. Popular
discourses argue that the polarized climate not only exacerbated the unified response to the pan-
demic but mobilized Americans to take their discontent into the streets, with little regard for the

obvious health risks of protesting (Rohlinger and Meyer, 2022; [acoella, Justino and Martorano,
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2021). Rohlinger and Meyer (2022) argue that polarized media and the fringe phenomenon of
Donald Trump nurtured conservative fear and grievances, resulting in the formation of collec-
tive distrust of the containment policies. Describing both the state and the process of political
polarization in the US in the context of COVID-19, the research suggests that the gap between
party lines is widening and rising in the already polarized American politics due to the politi-
cization of the issue and consequent stark differences in the distance between partisan policy
stances.

Kerr, Panagopoulos and van der Linden (2021) explain why the political polarization of the
COVID-19 pandemic took place in the US from the two “bottom-up” and “top-down” perspec-
tives. The authors argue that because the pandemic necessitated changes in the status quo, like
the restriction of individual freedoms and the role of the government, this, in turn, contradicted
the conservative political worldview. From a “top-down” perspective, the issue of the pan-
demic becomes more politicized and heated across partisan lines due to media and elite cues
that shape partisan opinion. Kerr, Panagopoulos and van der Linden (2021), alongside a whole
body of both media and research accounts, argue that highly polarized media and the biased
presentation of the pandemic by the Republican and Democratic parties greatly contributed to
the division, in line with the perspective proposed by Rohlinger and Meyer (2022) above. As
such, the mechanism behind the salience of partisanship as formative on the COVID-19 pan-
demic attitudes and policy preferences is fuelled by both the incompatibilities with conservative
partisan population and due to the divisive politicization of the COVID-19 pandemic in the US.

The scholarly literature also finds little to no controversy in finding evidence of the in-
creasing ideological gap and political polarization in the context of COVID-19. A growing
body of experimental and theoretical literature analyzing both individual and group responses
to the COVID-19 related containment policies finds a clear ideological nexus between policy
beliefs and partisanship, with many placing a strong emphasis on the unprecedented politi-
cization of the COVID-19 response (Kerr, Panagopoulos and van der Linden, 2021; Makridis
and Rothwell, 2020; Bruine de Bruin, Saw and Goldman, 2020; Jungkunz, 2021; Block Jr
et al., 2022; Pennycook et al., 2022; Grossman et al., 2020; Gadarian, Goodman and Pepinsky,

2021; Goldstein and Wiedemann, 2022). Analyzing the US public discourse on Twitter regard-
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ing the pandemic, Jiang et al. (2020) find that partisanship correlates strongly with sentiment
toward restrictive government policies and the motivation to disseminate containment and pre-
vention messages. Practically all observational and experimental literature on the COVID-19
pandemic and behavior - with few exceptions (Bisbee and Lee, 2022) - point to a significant
partisan variation in participation in preventive behaviors, such as social distancing and virus-
mitigation measures, linked to an individual’s political party affiliation. Gadarian, Goodman
and Pepinsky (2021) discovered conservative citizens’ risk perceptions of COVID-19 health
threats differ significantly from that of liberal Americans. Green et al. (2020) observe the same
dynamic among the elites - as the issue becomes politicized, state governors’ messaging and
policy decisions are observed to move in the opposite directions aligned with their respective
party beliefs.

Arguably, partisanship, at least in American politics, is more than just party affiliation. As
shown through the discussion of the literature above - the observational literature on political
polarization, especially on the topic of the COVID-19 pandemic, is consistent with the theo-
retical underpinnings of partisanship as a social identity, with evidence of motivated reasoning
and salient partisan identification. Indeed, as Kalin and Sambanis (2018) suggests, “’party af-
filiation, like a brand, is viewed as an extension of one’s personality” (245). Importantly, the
theorized ideological pathways, where partisan identification motivates partisan behavior, are
also consistent with research on the topic of political polarization and the associated adverse
effects on democratic public discourse. The largest empirical studies on political polarization
argue that the crucial adverse effect of increasing political gap is the loss of diversity of opin-
ions in the public (Levin, Milner and Perrings, 2021) and increased partisan affect (Boxell,
Gentzkow and Shapiro, 2022). The loss of diversity can be linked to the discussed theoretical
accounts of expressive partisanship as well as to the research on polarized partisan responses to
the pandemic - scholars find patterns of collective partisan behavior as the most salient divisive
factor when it comes to responses to the pandemic. From this vantage point, partisans homoge-
nize with their party beliefs and preferences nurtured by both the baseline political preferences
(conservative or liberal) and elite or media cues (Republican or Democrat) (Kerr, Panagopoulos

and van der Linden, 2021).
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Recalling the SIT from the previous discussion as an important framework to understand
partisanship, the theory posits that individuals place great value on their social categorization
and group membership and take actions to advance their group’s status based on specific in-
group and intergroup social comparisons (Tajfel and Turner, 2004). However, while the SIT
can predict a number of responses and behavior, both individual and collective, the theory is
widely used to explain collective action. Based on the SIT, as perceptions of belonging to spe-
cific social groups lead to social comparisons, collective action, then, is a way of an identity
management strategy (Tajfel and Turner, 2004). Tajfel and colleagues predict the relation-
ship between social identification and collective action under specific factors and conditions
that render the choice for collective action as the viable solution (Tajfel and Turner, 2004;
Van Zomeren, Postmes and Spears, 2008). First, collective action is predicted under the con-
dition of “impermeable group boundaries” - when the identification with the group is salient
and choices to change one’s group membership in the strive to advance one’s social identity
are no longer a choice of strategy, collective action becomes the clearest expression of social
competition (Tajfel and Turner, 2004; Van Zomeren, Postmes and Spears, 2008). The other two
closely related factors are “illegitimacy” and “instability” of group status. According to Tajfel
and Turner (2004), based on examination of the cognitive alternatives to the status quo, social
identification with a disadvantaged group makes individuals or groups perceive their group in
an unstable and illegitimate position. Hence, social identification with the disadvantaged group
renders group members to believe that to change the intergroup status differences, collective
action is a way to cope with the disadvantaged social identification (Turner and Brown, 1978).

The SIT explains how collective action can be a strategy for managing social identity. It
predicts that impermeable group boundaries, illegitimacy, and instability of group status can
lead to collective action. Partisan identity can also contribute to the motivation for collective
action, particularly when it involves strong feelings of injustice. Here, the media and research
accounts of the increase in partisan affect can be suggestive of a relationship between political
polarization, partisan social identity, and collective action. The research on collective action,
while theoretically diverse and competitive, seems to find no contradiction in claiming anger

or discontent, shared across group members (Van Zomeren, Postmes and Spears, 2008), are
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among the basic indicators of participation in collective action across different theories of col-
lective action. Testing the integrated SIT formulated to predict collective action, Mummendey
et al. (1999) find the perceptions of intergroup disadvantage or injustice among participants re-
inforce group efficacy, which in turn is observed to produce a direct effect on collective action.
Similarly, Van Zomeren, Postmes and Spears (2008) conclude that when the ”shared under-
standings of what it means to be a group member” (505) are political (i.e. partisan identity), the
observed effect of group comparisons produces stronger motivations to participate in collec-
tive action. They theorize as partisanship becomes more salient, the perceptions of illegitimate
ingroup standing combined with perceived alternatives to the status quo (e.g. different policy
direction or unconventional partisan narratives) can spur intergroup resentment - a key predictor
of collective action according to SIT (Van Zomeren, Postmes and Spears, 2008).

The last paragraph demonstrates a potential way to link strong feelings stemming from po-
larized partisans with collective action. This links back to the research question of whether
or not heightened political polarization explains protest incidence in the US. As such, the key
point of interest here is whether partisan division in a society can explain the protest incidence.
Looking at the literature, a glaring gap in the collective action research is that few of the studies
look at actual measures of political polarization as a crucial driver of the protest activity. Sev-
eral studies try to hint at the role of political polarization in the formation of anti-government
sentiment (Bartusevicius et al., 2021) and protest (Iacoella, Justino and Martorano, 2021) dur-
ing the COVID-19 pandemic in the US. In their study of the association between the burden
of COVID-19 and anti-systemic behavior, Bartusevicius et al. (2021) choose representative
samples based on the levels of political polarization. Theoretically, the authors conclude that
when controlling for ideology, the peaceful political activism and self-reported participation in
(peaceful) protests became considerably stronger in the U.S. subsample” (Bartusevicius et al.,
2021, 1400). Based on their findings analyzing the US, the authors argue that the observed
association between COVID-19 and anti-systemic behavior may reflect the high politicization
of the COVID-19 issue and the subsequent political polarization in the country. Both studies,
however, coincide in the fact that while political polarization or ideological divide on COVID-

19 can fuel anti-government sentiment or protest incidence, there needs systematic research to
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test this association.

To conclude this section, the experimental and empirical studies on citizen responses to the
COVID-19 restrictive policies identifies partisanship as one of the key indicators of different
yet consistent behavior among partisans, hinting at the phenomenon of political polarization.
Here, the research on political polarization finds that specific to the timing of the COVID-19
pandemic, political polarization is associated with low levels of political diversity and high lev-
els of partisan affect and distrust. The latter outcome and the discussion of partisanship as a
social identity coincides with the largest protest meta-analyses which conclude that group asso-
ciations as predicted by the SIT (Wright, Taylor and Moghaddam, 1990) and negative emotions
(Van Zomeren, Postmes and Spears, 2008), like anger and discontent towards the other groups,
are associated with and are consistent with models on collective action. In other words, un-
der the SIT framework of collective action, partisan division can be associated with collective
action - a question that remains largely unexplored in the literature. In the next section, I dis-
cuss another theory of collective action with identical yet distinct theoretical mechanisms of

collective action - the RDT.

2.3 Relative Deprivation Theory and Citizen Polarization

Theories of collective action and protest are vast where each necessitates certain social and
psychological processes underpinning collective action to occur. While there are many ex-
isting theories of protest, like the political opportunity (Meyer, 2004; McAdam et al., 1996)
or resource mobilization models (Jenkins, 1983), many of the frameworks of protest produce
results that are hard to compare, while the application of different protest theories in the real
political settings seldom explain the phenomena. In other words, many theories fail to predict
collective action due to conceptual inconsistencies of the crucial theoretical mechanisms. For
example, the political opportunity model, which determines the openness of the system, the
level of political mobilization, and the alignment of collective goals as indicative of collective
action suffer from the issue of a lack of systematic conceptualization across studies. Lack of
theoretical coordination undermines theory as it becomes a ”sponge that soaks up every as-

pect of the social movement environment” (Meyer and Minkoff, 2004, 1458). Because many
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conceptual frameworks can accommodate a variety of measurements and operationalizations,
oftentimes such practices can result in misleading findings and theoretical implications. Other
meta-theoretical reviews address the lack of theoretical coordination when it comes to the study
of intergroup and ingroup processes, two of the - if not the most, crucial mechanisms in the for-
mation of collective action (Kawakami and Dion, 1995). The point of departure for this section
involves another prominent socio-psychological theory of collective action that places great
emphasis on group dynamics and is very similar to the SIT - the RDT (Crosby, 1976; Gurr,
1970). After briefly introducing the theory, this section draws attention to the advancements in
its respective theoretical mechanisms as well as weaknesses, similarities, and differences in its
application in the literature.

The theory of relative deprivation harks back to the original interpretation of the theory by
Crosby (1976) and has since been the focus of scholarly attention. Rooted in the natural de-
sire for individuals to evaluate the situations of their social groups, the RDT states that when
individuals make subjective comparisons that result in perceptions of unjust disadvantage or in-
Jjustice, the collective action occurs (Crosby, 1976; Van Zomeren, Postmes and Spears, 2008).
Scholars distinguish between individual and collective perceptions of deprivation. While the
former entails an individual’s comparison to others, the latter focuses on comparisons of one
group with the other specific groups (Crosby, 1976; Mummendey et al., 1999). While indi-
vidual comparisons can lead to perceptions of deprivation, the literature finds little evidence
that individual deprivation alone is likely to result in collective action (Mummendey et al.,
1999; Van Zomeren, Postmes and Spears, 2008). Collective relative deprivation, according to
Van Zomeren, Postmes and Spears (2008), is theoretically and empirically antecedent of col-
lective action, due to a “conceptual fit” between the collective comparisons and the intergroup
nature of protests.

RDT theorists emphasize that another antecedent component of collective action is the
salient feelings of deprivation or injustice. The reason for this development is that theoreti-
cally, while the perceptions of relative deprivation can be observed, they do not necessarily
predict protest - while some perceptions of injustices are formative of the desire to act, sub-

jective group comparisons are pervasive cognitive phenomena that people always make, and as
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such, not predictive of collective action (Van Zomeren, Postmes and Spears, 2008). Rather than
perceptions, it is the intensity of discontent or how strongly people feel deprivation that drives
collective action (Van Zomeren, Postmes and Spears, 2008; Kawakami and Dion, 1995). Smith
and Ortiz (N.d.), in their meta-analysis of traditional RDT literature, report that findings that fo-
cus on group-based feelings of deprivation, and not perceptions, are associated with collective
action consistently throughout the literature. Other empirical studies testing the assumption
confirm that notion - Van Zomeren, Postmes and Spears (2008), in their work on testing the
implications by both the RDT and SIT, find that feelings of affective injustice, or otherwise
salient feelings of discontent and deprivation, rather than non-affective feelings of injustice,
predict collective action. Reviewing not only RDT but also an extensive body of research on
group-based emotions as an antecedent of collective action, Van Zomeren, Postmes and Spears
(2008) conclude that “group-based emotions like anger should motivate collective action be-
cause they invoke specific action tendencies to confront those responsible in order to redress
their unfair deprivation” (506). In other words, feelings of deprivation, rather than perceptions,
act as a conceptual bridge between collective relative deprivation and collective action.

The concept of grievance, conceptually identical to the emotional responses to perceived
injustice, is a widely used term in the literature on collective action. Closely linked to the RDT,
grievances are linked to social changes that produce the feelings of relative deprivation that
one’s circumstances are not as favorable as those of relevant comparison groups, resulting in
strong feelings of anger (Gurr, 1970). Gurr (1970) proposed that when individuals or groups
observe others in society possess more than they are capable of, they experience grievances
and a desire to act. In the literature, grievances act as a conceptual shortcut that helps bridge
collective relative deprivation and collective action. For example, at the country level, one of
the widely-used measures of socioeconomic grievances in the literature is economic inequal-
ity. Economic discrepancies, that is the relative deterioration of economic prospects of some
groups relative to the economic gains of others, is a salient economic issue that may transform
social comparisons into personal and collective grievances (lacoella, Justino and Martorano,
2021; Gurr, 1970). Other subjective measures of grievances include aggregated individual-

level measures like life satisfaction or policy and regime satisfaction (Griffin, de Jonge and

19



Velasco-Guachalla, 2021; Dalton, Van Sickle and Weldon, 2010) - where the heightened levels
of those collective grievances are expected to predict collective action.

Although many studies theorize that grievances are predictive of collective action, the RDT
came under attack by scholars arguing the application of the RDT and the study of grievances
suffers from the same problem stated earlier - mixed findings. Both empirical and meta-reviews
of the RDT work draw attention to the fact that the conventional application of RDT finds mixed
support to establish the link between relative deprivation and protest (Van Zomeren, Postmes
and Spears, 2008; Smith et al., 2012; Griffin, de Jonge and Velasco-Guachalla, 2021; Iacoella,
Justino and Martorano, 2021). As explained by Griffin, de Jonge and Velasco-Guachalla
(2021), the literature produces inconsistent results since most of the scholarly work, with some
exceptions (Reenock, Bernhard and Sobek, 2007), conceptualize the feelings of deprivation
into measures that are not entirely consistent with the RDT model. According to the authors,
the underappreciated factor in the protest literature that explains the methodological challenge
of RDT is that popular measures of mean levels of feelings of injustice or grievances account
for the experience of the average citizen, not the varying experiences of citizens that underpin
the processes of social comparison and feelings of deprivation. To understand the conceptual

challenge, the authors provide an interesting puzzle regarding the 2018 protests in France:

France has been wracked by a series of ‘yellow vest’ anti-government protests. These
disturbances reflect ‘profound forms of inequality: between urban and rural communities;
full-time employees and temporary workers; graduates of prestigious universities and the
plebeian masses. And not least, they reflect inequalities between retirees, who maintain
the divine right of pensions, and younger people excluded from social welfare programs.
Yet France was only one of three countries in which satisfaction with democracy increased
from 2017 to 2018, by 15 percentage points. In other words, despite a general increase
in satisfaction with democracy, disparate gains across French society have led to a vari-
ety of demographic cleavages — and, eventually, protests (Griffin, de Jonge and Velasco-
Guachalla, 2021, 2).

Through this and other examples of democracies, the authors argue that mean levels of so-
cietal grievances, like democracy satisfaction, are less predictive of protest incidence because
this measure does not account for the potential disparities or polarization of grievances and
their judgments by different groups in a society. Because a rising sense of grievance in one

group is often a consequence of a falling sense of grievance in another, authors expect the

key predictor of protest to be grievance polarization, which refers to the variance in grievance
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judgments across different groups in society. This view, according to them, is theoretically in
line with the RDT, as it emphasizes the dynamic nature of feelings of both the aggrieved and
reference groups that disaffected people compare themselves to. To confirm this, they justify
their theoretical elaboration empirically through their findings on political protest occurrence
across eighty-four democracies and semi-democracies from 1977 to 2010, where the increase
in grievance polarization in a country is associated with protest incidence. Importantly, al-
though the authors discovered that polarized landscapes are more likely to experience protest,
another implication is that protests are also more likely in countries with low levels of societal
grievances (Griffin, de Jonge and Velasco-Guachalla, 2021). This is an important observation
that goes against the conventional study of RDT and collective action.

Concluding this section, the RDT is another prominent theory of collective action that pro-
poses specific psychological mechanisms, like the perceptions and feelings of deprivation, or
grievances, as the main antecedent of collective action. The RDT, while informative on the pro-
cess of relative deprivation and perceptions of injustices, faces criticism from resource mobi-
lization theorists who highlight the theory’s lack of explanation to the questions of resource mo-
bilization and perceptions of group efficacy as instrumental for protests (Van Zomeren, Postmes
and Spears, 2008). Others hint at the oversimplified conceptualizations as a key theoretical and
empirical problem that accounts for scholarly inconsistency, as evidenced by the mixed find-
ings in the literature (Smith et al., 2012). New contributions in the field propose alternative
measures of grievances, like grievance polarization, as conceptually more proximate to the
RDT and hence, protests. In the next section, I situate the SIT within RDT, explain its unique
contributions, and conclude the literature review section by situating the discussed literature in

the research question.

2.4 Situating SIT and RDT

Re-stating the second section of this review, similar to the RDT in its emphasis on the impor-
tance of personal and collective comparisons, the SIT is another widely-used psychological
theory that can explain collective action. Whilst the RDT places emphasis on perceived in-

equality and subsequent feelings of deprivation and grievances as drivers of protest, the SIT
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places pivotal importance on one’s ingroup social identification and subsequent processes of
cognitive intergroup comparisons to the alternatives (Kawakami and Dion, 1995). As such, the
SIT adds theoretical complexity by focusing on the importance of one’s social identity in the
formation of the same processes of intergroup comparison and feelings of deprivation predicted
by the RDT. For example, partisanship can, theoretically, precede feelings of relative depriva-
tion and helps address wide-spread criticisms of the perceptions of deprivation as explained by
the RDT.

In other words, one of the unique contributions of the SIT is that it can fit into other the-
ories of intergroup comparisons and action, oftentimes complementing and bridging different
theoretical mechanisms into a more coherent whole. For example, Van Zomeren, Postmes and
Spears (2008) argue that the theory is unique in that social identification acts as a conceptual
link between feelings of injustice, as explained by RDT, and ”group efficacy”, as explained by
resource mobilization theory. Recalling the RDT literature, one major methodological chal-
lenge of the RDT is that the intensity of the perceptions and feelings of relative deprivation is
not sufficient to explain the protest. Echoing the notion of subjective value-expectancy prod-
ucts” proposed by Klandermans (1984), who argued that individualistic motivations to partic-
ipate in collective action necessitates the participants’ subjective expectations that collective
action is an effective strategy to solve their goals, group efficacy provides a necessary instru-
mental consideration in the frameworks of collective action like RDT. Indeed, as Van Zomeren,
Postmes and Spears (2008) put it, people participate in collective action under the condition of
expecting that it will solve their grievances, that stem from perceptions of injustices. To ad-
dress this methodological shortcoming, the SIT, or specifically social identification, fits nicely
into the efficacy dimension gap because salient social identification determines the intensity
of the perceptions of injustices (Kawakami and Dion, 1995) and motivates people to believe
in group efficacy as they draw on social comparisons and strive towards social change (Mum-
mendey et al., 1999). Perhaps, the conceptual link between the SIT and group efficacy is
best summarized through the discussion of politicized identities by Van Zomeren, Postmes and
Spears (2008) - “’politicized identity connects people to the structural plight of the disadvan-

taged group, resulting in an “inner obligation” to participate in social movement activities”
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(507). Salient social identifications translate a group’s doctrinal positions and views into per-
sonal views (Green, Palmquist and Schickler, 2004). As such, politicized social identities are
likely to incorporate feelings of group efficacy because, in a unique societal context of political
struggle for power, group members become activists” who have moral obligations to partic-
ipate in social change and collective action. As scholars continue to theorize on the “sacred”
set of shared ideological values and collective identities that motivate members to participate
in collective action, seminal collective action theorists, like Wright (2009), have endorsed the
link between political identity and collective action as an “exciting trend in the new wave of
interest in collective action” (868).

It is important to note that the fact that the SIT fits nicely into the existing protest theories
is hardly surprising, given intergroup behavior and action theories, like the RDT and SIT, focus
on the similar processes of social comparisons that result in perceptions of injustice. From this
vantage point, several scholars arrive at integrative models of collective action in pursuit of
incorporating the most relevant theoretical mechanisms to construct a better theory. Kawakami
and Dion (1995) were among the first to introduce the integrative model of the SIT and RDT,
theorizing that the salience of the social identity determines the scale to which both the per-
ceptions and feelings of injustice are felt. Their discussion, as the authors contend, stems from
unique deficiencies and contributions of intergroup behavior theories, where integrative models
help mitigate the theoretical limitations by integration. A study by Mummendey et al. (1999)
argues for an integrative theory with an emphasis on both the perception of injustice and group
efficacy as proximal to collective action. Van Zomeren, Postmes and Spears (2008), building
on previous integrative attempts, arrive at an integrated model of social identity model of col-
lective action (SIMCA) by incorporating three components of collective action the literature
previously deemed as foundational antecedents of collective action - social identity, perceived
group efficacy, and perceived injustice. In meta-analytical empirical tests of the average size
of the effect of their theoretical proposition, an intriguing finding is that when compared to
182 other effects, both the affective injustice (and not un-affective) and politicized identities
(not other identities) produce the most significant effects predicting collective action. The later

elaboration of the model (Van Zomeren et al., 2011) proposes “moral convictions” as a pow-
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erful motivator for feelings of affective injustice and group efficacy that explain the political
strive against social injustice. In sum, integrative models of collective action, like SIMCA, are
useful and theoretically insightful methodological tools that incorporate the very best traits and
address the unique deficiencies of theories of collective action.

The last paragraph is informative of two ideas. First, the unique contributions of both the
RDT and SIT are oftentimes complementary to each other. The RDT is unique in its theoretical
foundation built upon salient socioeconomic grievances that spur social comparisons which
create feelings of injustice, ultimately leading to collective action (Crosby, 1976). The unique
aspect of the SIT is that it provides a more specific theoretical mechanism of both ingroup and
intergroup comparisons that address the theoretical shortcomings of the RDT expressed by the
literature (e.g. group efficacy) (Van Zomeren, Postmes and Spears, 2008). Second, practically
all of the integrative meta-analyses and integration model attempts reflect the SIT’s seemingly
irreplaceable theoretical contribution of social identity management to explaining collective
action. The largest and most often-cited integrative meta-analyses find little to no controversy
in that the theoretical antecedents proposed by the SIT are key predictors of collective action
(Van Zomeren, Postmes and Spears, 2008; Mummendey et al., 1999; Kawakami and Dion,
1995). For example, social identity provides a basis for social comparisons and arguments
about why group members still identify even with disadvantaged groups, wherein they try to
advance their status (Tajfel and Turner, 2004). Moreover, the SIT addresses concerns posed by
resource mobilization scholars, as salient and oftentimes politicized social identities empower
group members in a manner where collective action participation becomes an inner obligation
to defend group-based sets of values and collective social identities (Van Zomeren, Postmes
and Spears, 2008). Nowadays, as Kalin and Sambanis (2018) conclude, it is indeed hard to
imagine theories of collective action without the social context.

Hence, there are three major conclusions from this literature review. First, the intersection
between partisan identity and the politically polarized context of the COVID-19 pandemic of-
fers a unique opportunity to study how the newly formed partisan attitudes on pandemic-related
issues affect protest incidence. As partisanship drives policy preferences, the salient social

identification with the political parties can translate into collective action. Second, the exist-
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ing theories of intergroup behavior, like the SIT and RDT, offer a theoretical testing ground to
empirically analyze whether increased partisan polarization and pandemic-related grievances
account for the protest events in the context of the pandemic. The theorized psychological
pathways provide a conceptual framework by addressing both the effect of political polariza-
tion and socioeconomic grievances in society. Finally, both the theorists and integrative models
show that the SIT fits into the RDT discussion as it provides the missing discussions on the
intergroup and ingroup processes as well as social identification that strengthen and explain the
notion of social comparisons and grievances in a more detailed and justified manner. Political
polarization as explained by the SIT and partisan social identity can precede the mechanisms of
protests proposed by the RDT, and as such, add theoretical complexity and explanatory power
when it comes to COVID-19 protests in the US.

This thesis’s general motivation contributes to the literature on COVID-19-related impacts
on society and theories of collective action. Although the literature on the issue of COVID-19
and its impact is novel and expanding, the aim of this study is to empirically clarify the substan-
tive findings and observations discussed by the recent literature, specifically on the conventional
measures of grievance like income inequality, elaborated measures of grievance like grievance
polarization, and the issue of political polarization. Furthermore, by testing the protest vari-
ables from two similar yet distinct theories of collective action, this thesis contributes to the
long-standing discussions on the psychology of intergroup behavior and collective action, as
well as the role of political social identity in the formation of collective action. Although Amer-
ican politics is a well-studied topic, I intend to connect two distinct areas of scholarly work by
employing newly developed theoretical advancements that have yet to be tested.

The choice of the case study falls on the United States. The reasons to study collective ac-
tion in the US are at least twofold. First, the US presents a unique opportunity to study the effect
of political polarization as the issue of the COVID-19 pandemic was heavily politicized through
appeals to the shared partisan identities from the media and the elites (Kerr, Panagopoulos and
van der Linden, 2021), where each of the parties quickly adopted unique and divergent policy
stances as the pandemic progressed. This presents an exciting opportunity to study the effect of

salient partisanship on protest formation, where the study of COVID-19-specific attitudes and
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policies helps isolate the causal effect of partisan preferences and ideology. Second, the study
of the US invites a more detailed and tangible investigation due to the data availability and
transparency. There are a lot more sources of both survey and demographic data recorded dur-
ing the pandemic that I can utilize for the purposes of the analysis compared to other countries

and contexts.

3 Theory

Building on previous discussions, this section presents a theoretical framework for investigat-
ing the relationship between policy, grievances, partisanship, and collective action. In addition
to protests triggered by stringent COVID-19 policies, this framework employs relative depriva-
tion theory (RDT) and social identity theory (SIT) to investigate how objective socioeconomic
grievances and stark differences in ideological views translate into collective action. The fol-
lowing theory section is divided into three parts. The first section discusses the immediate
impact of strict COVID-19 policies on COVID-19 protests in a county. In the second section,
I dwell on the mechanisms of the RDT by presenting income inequality as a measure of so-
cioeconomic grievance, whilst theorizing how the effect of policy stringency on protests can
be amplified for the most unequal contexts. In the same section, I also discuss the novel con-
tributions to the RDT that suggest a possible interaction between the conventional and novel
conceptualizations of grievances (Griffin, de Jonge and Velasco-Guachalla, 2021). Finally, I
introduce the SIT’s theoretical mechanisms to explain the role of partisanship and political po-
larization in the formation of collective action. Importantly, I also control for the politically
polarized relationship between the county’s partisanship and the state governor’s political affil-
iation, which can produce more salient reactions to the stringent policies given those policies
come from the governor from the opposite party, which ultimately increases the likelihood of

protests in those contexts.
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3.1 Policy Protest and Stringent COVID-19 Protests

One unique impact of the COVID-19 pandemic is the implementation of containment poli-
cies and restrictions that no previous global crisis has seen in terms of stringency and scale.
Lockdowns, stay-at-home orders, and the immediate closure of businesses have all disrupted
people’s economic and social lives worldwide (Bartusevicius et al., 2021). For example, eco-
nomic hardship caused by business closures and restrictions on travel and entertainment activ-
ities have all increased policy discontent and created the COVID-19 burden for workers and
individuals most affected by the pandemic, such as those working in industries (Pliimper, Neu-
mayer and Pfaff, 2021; Iacoella, Justino and Martorano, 2021). As the burden of COVID-19
has increased, citizens have been empirically observed to have adopted anti-systemic attitudes
and motivations to mobilize and protest against the government’s response to the pandemic
(Bartusevicius et al., 2021). As a result, the COVID-19 protest is first and foremost a protest
against the national response to contain the virus, with a focus on the government policies that
were enacted to contain the virus. Following the simple logic of policy protest (Gillion, 2013),
the primary goal of groups that engage in collective action against the government is to inform
policymakers and government officials in order to weaken or cancel those policies. Based on
the policy protest logic, I first hypothesize that:
Hypothesis 1: Counties that implement stricter COVID-19 policies experience greater

number of COVID-19 protests

3.2 Grievance Polarization, Mean Grievances, and Relative Deprivation

Theory

While the severity of COVID-19 policies is an obvious factor driving protests, other under-
lying factors are most likely at work, contributing to citizens’ dissatisfaction and motivating
them to protest. According to the RDT, perceptions of injustice are proximal to collective ac-
tion (Crosby, 1976). Negative social comparisons produce perceptions of disadvantages that
are deemed unjust - that is perceptions of injustice on the discrepancy between one’s own or

group’s position relative to the other (Mummendey et al., 1999; Crosby, 1976). While feel-
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ings of relative deprivation can be individual or collective, empirical tests suggest collective
perceptions of deprivation are conceptually closer to the processes of intergroup comparisons
and social context of protests (Van Zomeren, Postmes and Spears, 2008). As shown in Figure
1, Individual feelings of relative deprivation do not necessarily translate into collective action
due to the social context and pervasiveness of the perceptions of deprivation - people can often-
times perceive many surrounding factors and problems as socially unjust and discriminatory,
but it does not motivate them to mobilize into a unified effort but impacts individual behavior.
Rather, collective perceptions of injustice are more proximal to collective action because they
empower individuals with the same set of goals. Aside from the collective relative deprivation,
previous studies have shown that perceptions of relative deprivation or injustice are important
insofar as they grow into feelings of affect or anger - that is, affective injustice (Van Zomeren,
Postmes and Spears, 2008; Kawakami and Dion, 1995; Smith and Ortiz, N.d.) or grievances
(see Figure 1). In sum, collective group-based anger or grievances on par with perceptions that
one’s group’s situation will not improve without intervention and where other possible actions
are unavailable creates a motive where collective action becomes a viable solution for groups

to solve their grievances (Crosby, 1976).

Perceptions of Collective Feelings of
- .| Caollective Relative o Injustices or .| Collective Action
Group Posilion o Deprivation o Grievances 7| iwright et al. 1990)
(Crosby 1976) (Gurr 1970)

Figure 1: The Relative Deprivation Model (Crosby, 1976)

One such measure of grievance used extensively in the literature is income inequality (Ia-
coella, Justino and Martorano, 2021; Gurr, 1970). Having less than someone has, especially
in terms of economic prospects and wealth, acts as a key mediator of collective action (Gurr,
1970). In American politics, income inequality is one of the salient economic and political is-
sues that can disenfranchise those who are at the bottom of the income distribution, contribute
to the erosion of democracy, and importantly, shape protests (Iacoella, Justino and Martorano,
2021). To recall, in the context of the COVID-19 pandemic, the introduction of stringent con-
tainment policies caused major economic disruption as lockdowns and closure of businesses

further deteriorated the economic standing of the already deprived Americans, where some

28



scholars have already explored the indirect effect of income inequality COVID-19 protests (Ia-
coella, Justino and Martorano, 2021). To summarize, higher economic inequality means poorer
people are even worse off compared to their prosperous counterparts, where the introduction of
even more inequality should prompt them to be more likely to participate in collective action
to express discontent (Iacoella, Justino and Martorano, 2021; Gurr, 1970). Thus, the initial
hypothesis for the analysis tests the RDT as follows:

Hypothesis 2a: Counties with higher income inequality experience greater number

of COVID-19 protests

The one study to partially test the above expectation is lacoella, Justino and Martorano

(2021), which utilizes income inequality to explain policy protests in the US. The authors
confirm the positive relationship between policy stringency and protest incidence through the
construction of the model with interaction effect, where the indirect effect of the most unequal
areas amplified the effect of policy stringency on protests. Interestingly, the authors do not
include the direct effect of income inequality when interacting with stringent policies, without
justification for the exclusion. The logic behind the interaction is that when it comes to the
effect of income inequality, policy stringency can have a greater impact on protest frequency in
areas with higher levels of income inequality. Arguably, there may be a greater sense of frus-
tration and perceived injustice where the economic grievances were already salient, as those
with lower incomes may perceive that stringent COVID-19 policy and economic disruption
affects them disproportionately (Iacoella, Justino and Martorano, 2021). Conversely, in areas
with low income inequality, the impact of policy stringency on protest incidence may be less
pronounced, as the population may not feel the impact of the stringent policies on their eco-
nomic situation due to the lack of sources for comparison as the population is relatively more
equal. Hence, I also test the findings produced by lacoella, Justino and Martorano (2021) by
testing the interaction between income inequality and policy stringency:

Hypothesis 2b: The direct effect of policy stringency on COVID-19 protests is stronger

in counties with higher income inequality

Recalling the RDT, social comparison is the root factor of feelings of relative deprivation

that lead people to collective action in order to redress the perceived injustice. To conceptualize
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intergroup resentment, many studies analyze the average level of different societal grievances
- with results seldom explaining the occurrence of collective action (Smith et al., 2012; Grant
and Smith, 2021; Griffin, de Jonge and Velasco-Guachalla, 2021). Hence, scholars criticize that
the application of mean levels of societal grievances, like average satisfaction levels, which can
overlook the crucial mechanisms of the RDT. One such mechanism is proposed in the “elab-
orated” version of the RDT (see Figure 2), which argues that collective action is explained
by the polarization of citizens’ grievances rather than the average level of societal grievance
within a society. To measure grievance polarization cross-nationally, Griffin, de Jonge and
Velasco-Guachalla (2021) use the aggregated panel data with reported standard deviation in
people’s responses from the satisfaction with democracy survey. Put differently, the authors
measure the variation in the citizen attitudes rooted in deeply held values on democracy that
can shape individuals’ perceptions of relative deprivation. One of the adverse impacts of the
COVID-19 regulations and the pandemic is that it can potentially exacerbate contexts with high
economic grievances, wherein even small increases in economic disparity and inequality can
shape residents’ attitudes and behavior as they become more prone to make deliberate com-
parisons between their own and others’ financial situations and experiences (lacoella, Justino
and Martorano, 2021; Van Zomeren, Postmes and Spears, 2008; Green, Palmquist and Schick-
ler, 2004). Different operationally but close theoretically, I propose the measure of grievance
polarization based on county-level income inequality, which measures the distribution of in-
come across the county’s population. Arguably, the share of those who are dissatisfied with
their current economic and financial situation can mean that there are groups in a county that
experience salient and affective feelings of injustice, especially as a minority in the face of the
groups who earn the most of the county’s total income and are quite satisfied when it comes to
their grievances. This polarized context, according to Griffin, de Jonge and Velasco-Guachalla
(2021), is an antecedent of protests especially pronounced in democratic settings. To summa-
rize, the county’s income inequality measured in the Gini index can reflect the socioeconomic

grievance polarization in the local settings.

The unique theoretical contribution proposed by Griffin, de Jonge and Velasco-Guachalla
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Figure 2: Elaboration of the Relative Deprivation Model (Griffin, de Jonge and
Velasco-Guachalla, 2021)

(2021) is that in contexts with low grievances, protests are less explained by the mean mea-
sures of grievance, like the measure of the average satisfaction levels with democracy that the
authors utilize to confirm their theory. According to the authors, the measure of grievance polar-
ization explains why political systems with low grievances (oftentimes democracies and semi-
democracies), which are the systems that are relatively well-off in terms of mean grievances,
can often experience protests. Instead, depending on the type of the political system (inclusive,
predominant, oligarchic, and exclusionary), the mean grievances can moderate the effect of
grievance polarization on protest (see Figure 2). Restating the scenario proposed by Griffin,
de Jonge and Velasco-Guachalla (2021), lower income in a county can lead to the effect of
polarization in a “predominant structure,” where ”[as] most members of a society are content —
that is, their opportunities approach their expectations — protest is especially likely among those
few left behind” (14). To confirm the above expectation, the authors test the expectation that
given the relatively low levels of mean grievances, there are more comparison groups because
the majority of society has improved while a minority remains disadvantaged. The implication
here is that for the protests to occur in predominant systems like the US, there needs to be a
diverse society with a variety of groups whom to make comparisons with.

To establish their proposition, the authors observe higher protest incidence in counties
with low mean grievances and higher grievance polarization (Griffin, de Jonge and Velasco-
Guachalla, 2021). Specifically, the interaction between mean levels of satisfaction with democ-
racy and polarization in the satisfaction with democracy operationalized through the standard
error of the responses in values surveys shows that the significance of the effect of grievance

polarization changes given different levels of average grievances. While there is no survey or
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data that resembles the measures used by Griffin, de Jonge and Velasco-Guachalla (2021), I
propose two conceptually and operationally similar measures, namely income inequality and
average household income. The average income reflects a county’s residents’ economic well-
being, whereas income inequality indicates the extent to which income is distributed unevenly
within that county. Even if the average household income in a country with high income in-
equality is relatively high, minority groups may feel left behind and are thus more likely to
protest. In contrast, in a county where income inequality is low but average household income
is low, a sense of collective deprivation may motivate protest. Hence, as an extension of the
argument proposed by Griffin, de Jonge and Velasco-Guachalla (2021), I test the implication
by arguing the direct effect of income inequality is moderated by average household income in
a given county:
Hypothesis 2c: The direct effect of income inequality on COVID-19 protests is

stronger in counties with higher average income

3.3 Political Polarization and the Social Identity Theory of Collective Ac-
tion

Aside from policy and economic perceptions, extant research on the COVID-19 pandemic and
citizen responses observe that differences in the perspectives and behavioral responses to the
containment policies and the issue of the pandemic are partisan-driven. Arguably, these find-
ings coincide with what many scholars studying political partisanship have debated for a long
time - the notion of partisanship as a salient social identity (Green, Palmquist and Schickler,
2004; Kalin and Sambanis, 2018). According to the SIT, an individual’s political affiliation is a
reflection of how they perceive and assess their own identity (Green, Palmquist and Schickler,
2004), rather than a logical decision based on material interests (Fiorina, 1981). As partisans
identify with a party, they do so due to the mental projection of the social images of people
they affiliate with, and then socially compare that image to their characteristics and personality
(Tajfel and Turner, 2004). The unique aspect of identification with a party is that partisanship
becomes not only a social identity but an extension of one’s personality - partisans engage in

motivated reasoning (Huddy, Mason and Aarge, 2015) and are more likely to act politically to
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defend their party’s status, especially at important times like election years (Eifert, Miguel and
Posner, 2010; Gadjanova, 2021). In other words, partisanship, being a politicized identity, is
a salient social identity that can shape collective attitudes, beliefs, and behaviors, and is espe-

cially prone to collective action (Van Zomeren, Postmes and Spears, 2008).

Political Polarization Impermeable Group boundaries
.-===="""  (Taifel and Turner 2004)
[ PR
H3a
h i
Collective Social Intergroup Perceptions of Collective Feelings of
Identity N Comparison .| Collective Relative Injustices or Caollective Action
(Tajfel and Turner "l (Tajfel and Turner A 7 Deprivation Grievances (Wright et al. 1990)
2004) 2004) ' (Crosby 1976) (Gurr 1970)
A i [y
h i llegitimate and Unstable Group Position
Group Efficacy (Tajfel and Turner 2004)
(Van Zomeren,
Postmes, and Spears
2008)

Figure 3: The Social Identity Model of Collective Action (Van Zomeren, Postmes and Spears,
2008) and Political Polarization

Based on the empirical and experimental research, it is apparent that the partisan behav-
ior and attitudes towards the issue of the pandemic are collectively different. This evidence
supports the notion of the salience of partisanship identification in the US, and it implies that
increased gap in partisan stances is likely to spur many intergroup comparisons, which turn into
perceptions and later, feelings of injustice (Van Zomeren, Postmes and Spears, 2008). In the
current context, the COVID-19 issue exemplifies the type of issue that was increasingly politi-
cized and upon which the Republican and Democratic partisans have formed their policy and
pandemic-related stances and beliefs. This, according to scholars, has led to political polariza-
tion which is identified as an increasing divide between party platforms and partisanship beliefs
on a host of political issues. Both media and empirical discourse hint at the role of political
polarization in the formation of inter-party anger and distrust (Rohlinger and Meyer, 2022), as
well as anti-systemic attitudes and behavior (BartuseviCius et al., 2021). Importantly, in this
thesis, I propose that patterns of politically polarized contexts - or lack thereof, are antecedent
to collective action because the sense of ideological division and difference produces theoret-
ical pathways closely resembling the protest mechanisms suggested by the SIT. As shown in

Figure 3, I argue that in the context of heightened political polarization, where partisans hold
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increasingly distinct and incongruent policy stances, collective action exemplifies an act of
identity management strategy explained by the SIT.

There are two major conclusions that can be drawn from the diagram in Figure 3. First, un-
like RDT, the SIT states that collective action is motivated by perceived injustice and the strive
towards the advancement of one’s self or group’s status (Van Zomeren, Postmes and Spears,
2008; Van Stekelenburg and Klandermans, 2013; Tajfel and Turner, 2004). Here, the relation-
ship between social identity and collective action is predicted under the conditions of relative
impermeability of group boundaries and instability and illegitimacy of the group’s status based
on the intergroup comparison (Tajfel and Turner, 2004). Empirical investigations suggest that
partisans realign party affiliation only in rare scenarios where the newly emerged issues on
which parties create previously unformed political stances do not align with their partisans’
personal and deeply held beliefs (Gould and Klor, 2019). In other words, in the politically po-
larized context, partisanship is a stable social identity and an emotional attachment that renders
switching party loyalties almost impossible (Huddy and Bankert, 2017). By the same token,
in the context of an unfavorable policy environment, partisans would identify themselves with
the unstable and importantly, illegitimate, group status due to motivated reasoning that justifies
the politically polarized (i.e. ideologically distinct) policy opinions. To recall, the concept of
motivated reasoning is the tendency of partisans to deliberately downgrade the narratives of the
other party to arrive at more desirable conclusions (Huddy and Bankert, 2017). Hence, politi-
cal polarization not only implies impermeable partisan group boundaries but also creates group
instability and illegitimacy disproportionately affecting partisans, rendering the conditions pro-
posed by (Tajfel and Turner, 2004) as proximal to collective action.

Second, political polarization helps explain how group efficacy and feelings of affective in-
justices can be achieved through the partisans’ inner obligation to defend their ”sacred” values
through collective action (Wright, 2009). Here, the politicized identity can create a sense of
group efficacy due to the unique context of an almost religious-like type of social identifica-
tion and the national sense of the political struggle (Wright, 2009; Van Zomeren, Postmes and
Spears, 2008). Then, the impact of political polarization is that partisans are more likely to

engage in motivated reasoning and as such, reach affective conclusions and intergroup compar-
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isons (Van Zomeren, Postmes and Spears, 2008). As the issue becomes politicized, political
polarization can create a context in which changes in policy platforms and political power struc-
tures are perceived as illegitimate (depending on the partisan perspective) and exacerbated by
motivated reasoning, shaping collective action to challenge these advancements. Importantly,
the subjective comparisons in politically polarized contexts result in feelings of resentment
and anger, one of the most prominent protest-inducing factors in the literature (Van Zomeren,
Postmes and Spears, 2008; Wright, Taylor and Moghaddam, 1990). In sum, as partisanship
closely ties to the perceptions of policy beliefs, the shared understandings of the “’right” policy
move in opposite directions and increase the likelihood of group members perceiving the disad-
vantaged status of their party transform into feelings of resentment and deprivation, ultimately
mobilizing partisans.

Based on this theoretical framework, political polarization, conceptualized as the ideolog-
ical distance between the party groups, can be antecedent to protests because of the mecha-
nisms explained by the SIT. To operationalize the politically polarized contexts, I measure the
county’s political partisanship using two-party presidential party vote share. To measure the
ideological distance, I test the effect of a county’s political affiliation against different state
governors who enacted the stringent COVID-19 policies and as such, are ideal candidates for
the ideological point of contention. Following this logic and based on the framework of the
SIT, I hypothesize that the protest likelihood is greater in politically polarized environments:

Hypothesis 3a: Counties with higher political polarization experience greater num-
ber of COVID-19 protests

As an extension of the interaction between policy stringency and income inequality in Hy-
pothesis 2b, I also test whether the direct effect of policy stringency can be moderated by
the county’s partisan affiliation. Political identification can and has been empirically shown
to influence people’s beliefs about the pandemic and the severity of the threat it poses (Kerr,
Panagopoulos and van der Linden, 2021; Gadarian, Goodman and Pepinsky, 2021). For ex-
ample, individuals who strongly identify with the Republican party have been empirically ob-
served as downplaying the severity of the pandemic and may be more likely to oppose policies

aimed at controlling the virus’s spread, such as stringent COVID-19 policies (Kerr, Panagopou-
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los and van der Linden, 2021; Green et al., 2020). One explanation can stem from the logic
that in ideologically Republican contexts, partisan groups share divergent and polarized opin-
ions on COVID-19 policy decisions, increasing the likelihood of protests responding to policies
perceived as unfair or biased towards one party’s platform. Conversely, in stringent contexts
with lower levels of ideological opposition evidenced by compliance and support for contain-
ment policies, the effect of the stringency and the COVID-19 burden on protests may be not
as high due to the less politically polarized environment. In other words, based on the stylized
facts from the literature, strict COVID-19 policies will be more likely to face opposition in
the form of protests in counties with the predominant partisanship incongruent with their state
governor’s political affiliation (Jiang et al., 2020; Bruine de Bruin, Saw and Goldman, 2020;
Grossman et al., 2020). As such, I finally hypothesize that:

Hypothesis 3b: The direct effect of policy stringency on COVID-19 protests is stronger

in counties with higher political polarization

In the next section, I present the data and operationalization of the key concepts proposed

in the theory. Furthermore, I also report the findings that test the proposed expectations through

the discussion of the regression model specifications, tables, and simulation figures.

4 Analysis

This chapter is divided into four sections. The first section contains data and measurements
and provides an overview of the data and variables. In the second section, I present the suitable
empirical strategy for the analysis and other methods and techniques relevant to the model
specifications and simulations reported in the results. In the third section, I present the results
and discuss the analysis findings for each identified hypothesis. Finally, I report additional
tests in the third section to ensure that the presented findings and interpretations are robust and

comparable across different contexts and protest types.
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4.1 Data and Measurements

This thesis analyzes the link between strict COVID-19 policies, county-level income inequal-
ity, political polarization, and COVID-19-related protests across the US counties (third-level
administrative units). The unit of analysis is 3,142 county-month observations, which cover
all 50 states and the District of Columbia. Data on protests related to COVID-19 policies and
restrictions are analyzed from March 13, 2020, when President Donald Trump declared a na-
tional emergency, to March 13, 2021, after the country’s first COVID-19 vaccine rollouts. I
compile monthly COVID-19 protest data for each county and other key time-variant and time-
invariant variables. After keyword search, protest grouping by county, and transformation into
monthly level data, the preprocessed dataset yields 40,859 observations (data for each county

for 13 months).!

4.1.1 Dependent Variable
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Figure 4: COVID-19 protests Map. Source: ACLED

Replication materials and coding files are available upon request.
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Monthly protest count. Protests are forms of collective action in which conflict arises be-
tween groups with competing interests and the government (McAdam, Tarrow and Tilly, 2003).
Wright, Taylor and Moghaddam (1990) define protests as instances of collective action where
group members engage in protest as representatives of the group and where the collective ac-
tion is directed at improving the group’s status and condition. Proximate measures of collective
action distinguish between attitudinal, intentional, and behavioral measures (Van Zomeren,
Postmes and Spears, 2008). Operationally, rather than action tendencies or attitudes towards
collective action, I gather behavioral measures of collective action against group disadvantages
by extracting all instances of protests against or related to COVID-19 since the start of the
pandemic in the US.

To identify the protest count, I use the Armed Conflict Location & Event Data Project
(ACLED) dataset (Raleigh et al., 2010). ACLED collects data on the types of all reported polit-
ical violence and protest events around the world, including the location, number of protesters,
date, and description based on the local news coverage. The variable coding process captures
protests that criticize the state, federal, or local government’s handling of the pandemic, express
opposition to pandemic-related restrictive policies, or demand economic support and relief as
compensation for loss caused by disruptive policies. I operationally define protests as peaceful
demonstrations, car rallies, violent demonstrations, or protests in which the police intervened.?
I extract protests related to the COVID-19 pandemic (e.g. protesting mask mandate, protests to
open businesses, protests to open the states) using the Quanteda package for quantitative text

analysis in R (Benoit et al., 2018).3

4.1.2 Independent Variables

Policy Stringency. COVID-19 policy stringency can affect protest because the stringency of
the state-wide restrictions and policies can potentially spur anti-systemic attitudes due to the
COVID-19 burden, and increase feelings of deprivation and grievances due to the intensity of

social isolation and psychological impact of the COVID-19 (Bartusevicius et al., 2021; Iacoella,

2 conduct text analysis of the protest description using a keyword-based search for different protest types. For
each keyword list, please refer to the Appendix.

3The collected data includes: FIPS to identify each county, date of the protest, county name, state name, and
Protest_type
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Justino and Martorano, 2021). I measure policy stringency using a monthly aggregate measure
of the state-wide policy stringency which ranges between 0 (no policy) and 1 (most stringent
policy), calculated by Oxford COVID-19 Government Report Response Tracker (OXCGRT).
OxCGRT tracks all government responses around the globe and provides useful indicators re-
lated to the COVID-19 policies like the aggregate measure of stringency of COVID-19 policies
in the US (Hale et al., 2021).

Income Inequality. Income inequality, which refers to the extent to which income is dis-
tributed unevenly among individuals or households in a given society, is a popular measure of
economic grievance in the literature (Smith et al., 2012; Iacoella, Justino and Martorano, 2021)
and grievance polarization in this thesis. Theoretically, income inequality, as explained by the
RDT, can spur protests as higher economic disparity means financially disadvantaged groups
are worse off compared to their prosperous counterparts. In unequal contexts, these percep-
tions create feelings of injustice and grievance, which are proximate mechanisms of protests
according to RDT (Gurr, 1970). The Gini coefficient is a reliable measure of within-county
income polarization that allows for cross-study comparisons of economic grievances which are
commonly used to measure income inequality (Iacoella, Justino and Martorano, 2021; Smith
et al., 2012), ranging from O (perfect equality) and 1 (perfect inequality). Operationally, I use
the Gini index calculated at a county level using household income data provided by the Amer-
ican Community Survey (ACS) (Council et al., 2007). ACS collects 5-year and 1-year moving
averages of income inequality calculated on reported household income across all US counties.

County Democrat Vote Share. Politically polarized contexts are another proximal environ-
ment that can increase partisan-based feelings of anger and resentment, which, according to the
collective action scholarship, are one of the most salient predictors of protests (Van Zomeren,
Postmes and Spears, 2008; Wright, Taylor and Moghaddam, 1990). As partisanship identity
closely ties to one’s policy and personal beliefs, the levels of ideological division between
the party groups, moderated by motivated reasoning and salient identification, are suggestive
of the impermeable group boundaries, feelings of injustices spurred from social comparisons,
and sense of group efficacy due to political nature of the identity (Van Zomeren, Postmes and

Spears, 2008; Tajfel and Turner, 2004). In other words, political polarization is the level of
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across-county partisan disagreement on a host of collective political and policy issues in soci-
ety. To test the effect of the political polarization on COVID-19 protests, I measure of two-party
Democrat vote share across the last four presidential elections for each county. The US presi-
dential elections are arguably one of the most high-profile and widely covered political events
in the country, which makes them a natural focal point for political polarization - not only do
the presidential elections have a higher voter turnout than other types of elections, but these
events are often accompanied by the media coverage and presidential campaigns which high-
light and nurture the ideological and political party differences (Huddy and Bankert, 2017). As
voters base tend to base their political decision on their partisan identity, party vote share is one
of the measures that can reveal the ideological distance between a given county and state gov-
ernment.* To operationalize county partisanship, I utilize the CQ Voting and Elections database
which offers primary and general election data for all presidential, gubernatorial, and congres-
sional elections in the US from 1789 — 2016 (CQ Press, Accessed: 2023). Using CQVE’s
county-level data with election returns from the last four presidential elections, I operational-
ize the Democrat Vote Share (hereinafter, DVS) as the lagged measure of the proportion of

Democrat vote share as formulated below:
Iy! JPEDVS,

where the PEDVS is the i - county’s Presidential Elections Democrat Vote Share in a given
t - election year. Using the two-party vote share provides a simple measure of the county’s par-
tisanship, where the lower and higher values indicate predominantly Republican or Democrat
counties respectively.’ I collect the PEDVS from the four most recent presidential elections to
measure the historically consistent trend of the party preferences in a county - from the 2008
presidential elections between Barack Obama and John McCain up to the 2020 elections with
Joe Biden and Donald Trump running for president. Previous research has shown that policy

initiatives and partisan appeals related to COVID-19 can vary across partisan lines depending

*If the county has consistently supported Republican presidential candidates throughout the recent presidential
elections, I expect that a Republican governor in charge faces less political and ideological opposition and as a
consequence, fewer protests due to lower levels of polarization. Conversely, a Democrat county with a Republican
governor will experience more protests because of the ideological distance between the governor and the county.

3To measure a county’s Democrat vote share, I use a two-party system that ranges from 0 to 1, where 0 signifies
a county with exclusively Republican voters, and 1 denotes a county with exclusively Democrat voters.
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on governors’ partisan affiliation (Green et al., 2020). As such, I test the effect of DVS across
the Republican and Democrat state governors, where the politically polarized context would
be the change in the direction of the effect of DVS given the Republican and Democrat gover-
nors. Because I identify political polarization on the issue of COVID-19, the effect of DVS is
hypothesized to strengthen the effect of stringent policies for Democrat counties in Republican
states and weaken the effect of strict policies for Republican counties in Democrat states.® In
sum, the two-party DVS proposed in this analysis allows for an abstract measure of the county’s
political affiliation that helps capture the effect of across-county political polarization.

One alternative expectation important to note prior to the analysis is that conventional
protest literature commonly associates liberal and left-wing ideologies as more prone to protest
behavior, which can suggest the overall higher levels of protest likelihood in predominantly
Democratic settings (higher DVS) (Kostelka and Rovny, 2019; Van der Meer, Van Deth and
Scheepers, 2009). Hence, an alternative expectation in Hypothesis 3a is that protests are gen-

erally much higher the more Democrat the county is, compared to the Republican contexts.

4.1.3 Control variables

Control variables included in this analysis are COVID-19 deaths, unemployment, average house-
hold income, number of political organizations per 1000 residents, black/white segregation,
proportion of white population, population, and weighted population density.”

COVID-19 deaths is a measure that produces a negative effect on protest as a pandemic-
related social factor - protesting and mobilizing can become costly because the residents per-
ceive the threat of the pandemic and be less motivated to protest due to the dire and life-
threatening situation in the local settings. I measure COVID-19 deaths as a number of county-
level COVID-19 deaths at the end of each month compiled by the Center for Systems Science
and Engineering at Johns Hopkins University’s COVID-19 Data Repository (CSSE), which
records general county-level statistics on COVID-19 infections and deaths from the start of the

pandemic in 2020 till present time (Miller, 2020).

6In other words, as DVS increases (Democrat counties), the interaction is expected to be positive for Democrat
counties given a Republican governor, and negative for Republican counties given a Democrat governor.
"The descriptive statistics and distributions for all variables are available in the Appendix.
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Unemployment. Longstanding RDT literature emphasizes that economic grievances, like
unemployment, can be confounding factors of protests (Iacoella, Justino and Martorano, 2021).
County-level unemployment is a monthly measure reported by the US Bureau of Labor Statis-
tics which collects monthly county-level demographic and economic data.

Income (log). The standardized average household income in a county is both a measure
of the county’s mean grievances and an economic confounding factor for protests, as higher
income is associated with greater political stability and a lower propensity for protest due to
financial stability. Average household income is extracted from the ACS estimates available on
the US Census Bureau website, which I then transform into the natural log and standardize for
easier interpretation of its coefficient and interaction with income inequality.

Political Organizations. The number of political organizations in a county may indicate a
more politically active population, where the different associations and organizations can serve
as a means to facilitate social coordination and assist social movements in overcoming obsta-
cles posed by asymmetric information. I report the number of political organizations per 1000
residents using 2011-15 ACS estimates reported by the Social Capital Project (SCP) dataset
(United States Senate Joint Economic Committee, Social Capital Project, 2018). SCP dataset
provides county- and state-level information on social, economic, demographic, health, reli-
gious, and other indicators which includes around 20 county-level measures and an additional
50 state-level indicators collected primarily from 2013 forward.

Racial Segregation. Racially segregated areas may have fewer community connections and
a weaker sense of collective identity, which may lead to lower levels of social mobilization and
protest organization. Social Capital Project dataset is used for the addition of the racial seg-
regation as an alternative measure of the inequality in a county (ranging between O (minimum
segregation) and 1 (maximum segregation).

Proportion of Whites. Since I explore the direct effect of racial segregation, I also include
the measure of the proportion of Non-Hispanic White population provided by the ACS 2021
Demographics and Housing estimates.

Population (log). As the larger population is intuitively associated with the relatively higher

number of protests compared to counties with a small population, population is a demographic,
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time-invariant control provided by the US Census Buerau. I use the natural log of the population
which can help reduce the impact of extreme values or outliers.

Weighted Population Density. Finally, I use the population-weighted population density to
operationalize urbanization, which many economists have proved to be a more reliable measure
of population density compared to the conventional calculation by dividing the county’s popu-
lation by the county’s land area (Ottensmann, 2018). I calculate weighted population density
using data from US Census Buerau.

In the following section, I discuss the use of negative binomial models as a suitable empir-

ical strategy, as well as other methodological tools and techniques I have used for the analysis.

4.2 Methodology

The outcome variable in this thesis is the monthly count of protests in each US county from
March 2020 to March 2021. Since the dependent variable is a count variable, I used the neg-
ative binomial regression for all Model Specifications presented in this thesis. First, negative
binomial regression is a suitable method for the purposes of this analysis because it can handle
count data with overdispersion - the ACLED dataset reports a large number of counties with
zero COVID-19 protests in my period of analysis (Hilbe, 2011). Specifically, 2343 counties
had no protests related to the pandemic and pandemic-related policies in one year according
to the ACLED dataset. Here, the negative binomial regression allows for modeling the excess
zeros and accounts for the variation in the data, resulting in more accurate parameter estimates
and hypothesis testing. Second, one of the goals of using negative binomial regression esti-
mation was to address the possibility of whether the variance was greater than the mean. The
dispersion parameter (alpha) for each Model specification in this thesis is estimated to be in the
range between 1 (no overdispersion) to 1.5 (slight overdispersion), which is not significantly
different from one.® This indicates that there is little overdispersion, implying that the models
and empirical strategy fit the data well. It is important to note that the overdispersion parameter
increased slightly when the population variable was transformed into the logged population.

However, this transformation significantly improved the model’s log-likelihood, suggesting a

8The information on overdispersion is available in the replication data and in Appendix
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better model fit.

In order to account for unmeasured differences at the regional level, I incorporate fixed ef-
fects for each month (&,,) in each model specification. Generally, the differences in coefficients
were very small, and coefficients remained consistent across models with and without fixed ef-
fects. This implies that the inclusion of fixed effects had no significant impact on the results or
the interpretation of the coefficients. Standard errors are clustered at the county level to account
for potential correlations between observations within the county. By recognizing the presence
of unobserved factors that may be correlated within the same county, clustering standard er-
rors by counties allow for greater flexibility in the estimation of standard errors. Lastly, for
all regressions with interaction terms, I mean-center the interacted variables for interpretative
purposes (Echambadi and Hess, 2007).

For the predictions and simulations, traditional approaches to predicted probabilities and
simulations involve averaging independent variables. However, the conventional approach of
setting values of other variables at their mean or median values may not fully capture the true
effect of either of the independent variables on protests (Hanmer and Ozan Kalkan, 2013). As
such, rather than the traditional average case approach, in which scholars typically assume
average values, I use the observed value approach that holds all independent variables at their
empirically observed values. Put simply, the observed value approach assumes an estimate of
the average effect on the entire population which strengthens the link between study findings
and overall research goals and provides a more accurate estimate of the effect of key indepen-
dent variables (Hanmer and Ozan Kalkan, 2013). Following recommendations by Hanmer and
Ozan Kalkan (2013), in order to capture the full range of possible effects of income inequality
on protests I use the observed value approach, where I set all the sets of control variables in all
simulations presented in this thesis at their empirically observed values. For example, in Figure
5, the levels of income inequality were set to their minimum and maximum values, whereas all
other COVID-19, economic, and demographic controls were held constant. This approach aids
in the identification of potential non-linearities or threshold effects in the relationship between
income inequality and protests. The following sections present the results from each of the

specified models to test the proposed hypotheses from Chapter 3.
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4.3 Results
4.3.1 Hypothesis 1: Policy Stringency

According to Hypothesis 1, stringent containment policies are one of the most salient triggers
for COVID-19-related protests. I test the effect of policy stringency on protests using Model 1
that incorporates:

Model 1 - Hypothesis I:

Pr(Protest County,;) = exp|Bo+PBi1 (Policy Stringency,,;) + (COVID-19 Controls,,;)+

(Economic Controlsy;) + (Demographic Controls,,;) + 8]

Table 1: Hypothesis 1

Model 1
without FE with FE
Policy Stringency 2.215(0.255)" 3.827 (0.451)™"
COVID-19 Deaths ~0.000 (0.000)  —0.000 (0.000)
Unemployment 0.014 (0.022) 0.004 (0.023)
Income (log) 0.009 (0.047) —0.005 (0.048)
Political Organizations 0.065 (0.013)"** 0.068 (0.012)"**
Black/White segregation —1.592 (0.489)""  —1.687 (0.489)"*"
White Prop —0.518(0.354)  —0.607 (0.344)
Population (log) 1.297 (0.049)"** 1.297 (0.050)"**
Density (weighted) 0.000 (0.000)**  0.000 (0.000)""*
Constant 18.558 (0.803)™*  —20.780 (0.916)""
AIC 18473.141 18070.956
Log Likelihood —9225.570 —9012.478
Num. obs. 40612 40612

Note. Predicted using negative binomial regression, with month-fixed effects specified. Clustered standard
errors in parentheses. ***p < 0.001; **p < 0.01; *p < 0.05.

Table 1 above reports the regression outputs for Model 1 that test the effect of policy strin-
gency on protests as outlined in Hypothesis 1. As expected, the effect of stringent COVID-19
policies is both positively associated with protests and has statistically significant power to ex-
plain them. The positive sign of the policy stringency confirms that as policy stringency grows,
that is, the number of limitations and lockdown measures connected to COVID-19 increases,

residents are more likely to express discontent with the restrictions and lockdowns by engaging
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Figure 5: Predicted Probability of Protest by Policy Stringency

in collective action. The COVID-19 death count is negatively associated with protests, albeit
not statistically significant, suggesting only partial support to the notion of the psychological
barrier due to the high perception of threat and protesting in dire times. It can be concluded
that the favorable conditions for protests in terms of COVID-19 policy and mortality are when
policies are more stringent and when the reported deaths are low. Interestingly, while both the
unemployment rate and average household income have a positive sign, neither of the economic
controls has a statistically significant coefficient. The number of political organizations follows
the expectations as it is positive and statistically significant, suggesting there is a positive re-
lationship between the presence of political organizations and protest likelihood. Interestingly,
the coefficient for both the proportion of whites and racial segregation is negative. This implies
the differential impact of the pandemic on the different groups in society, where residents in
high segregation areas may be more focused on addressing the pandemic’s immediate health
effects rather than protesting. Demographic controls suggest that more populous and more
dense counties are associated with more protests.

Figure 5 visually presents the simulated increase in policy stringency from the 10th per-
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centile (0.458) and 90th percentile (0.759) stringency indexes on the x-axis and the likelihood
of the COVID-19 protests on the y-axis. Based on the simulated figure, it can be concluded
that as policy stringency increases, the predicted protest count increases by 0.16. This move-
ment supports the hypothesized effect of the stringent policies on citizen policy discontent and
grievances, which proposed that an increase in policy stringency produces more protests. It can

be concluded that Hypothesis 1 is confirmed.

4.3.2 Hypothesis 2a and 2b: Income Inequality and Policy Stringency

Relationship between Stringency and Income Inequality
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Figure 6: Relationship between Policy Stringency and Income Inequality Scatterplot

Before going into the analysis of the effect of income inequality and its interaction with
stringent policies, the scatterplot in Figure 8 visually depicts the relationship between policy
stringency and income inequality. Stringency is positively correlated with income inequality,

with a Pearson correlation coefficient of 0.033 (p-value < 0.001). Given the weak nature of the
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correlation between these two variables, Model Specification 2 includes both of the COVID-19
protest antecedents together to test the strength of each variable in the model and the interaction
between the two variables.

Recalling Hypothesis 2a and 2b, Model 2 tests the strength of the mechanism of socioe-
conomic grievances, measured by income inequality in this thesis, as well as the possible in-
teraction effect of income inequality on stringency’s effect on protests (Iacoella, Justino and
Martorano, 2021). I specify Model 2 as follows:

Model 2 - Hypothesis 2a and 2b:

Pr(Protest County,;) = exp|Po+B1 (Policy Stringency,,;) + Bi (Income Inequality,,;)
B3 (Policy Stringency,,; x Income Inequality,,;)+
(COVID-19 Controlsy,;) + (Economic Controls,,;)

(Demographic Controls,,;) + )

Table 2: Hypothesis 2a and 2b

Model 2
without FE with FE
Protest Variables:
Policy Stringency 7.411 (2.988)" 10.622 (3.308)™"
Income Inequality 15.056 (3.978)™"  17.150 (4.302)**"
Stringency*Inequality ~ —11.444 (6.372) —15.064 (6.929)"
Controls:
COVID-19 Deaths ~0.000 (0.000)  —0.000 (0.000)
Unemployment 0.021 (0.023) 0.012 (0.023)
Income (log) 0.102 (0.046)" 0.085 (0.047)
Political Organizations 0.058 (0.014)"** 0.061 (0.013)"**
Black/White segregation —2.036 (0.487)""  —2.132 (0.485)"*"
White Prop —0.120 (0.358) —0.219 (0.346)
Population (log) 1.243 (0.049)"** 1.243 (0.050)"**
Density (weighted) 0.000 (0.000)* 0.000 (0.000)*
Constant —24.889 (2.075)  —28.000 (2.282)"*
AIC 18374.731 17970.423
Log Likelihood —9174.365 —8960.212
Num. obs. 40612 40612

Note. Predicted using negative binomial regression, with month-fixed effects specified. Clustered standard
errors in parentheses. ***p < 0.001; **p < 0.01; *p < 0.05.
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Table 2 reports the regression outputs. The coefficients of policy stringency and income
inequality are similar in their positive direction and statistically significant power to explain
COVID-19 protests. Importantly, the interaction term between the two variables reveals an
interesting pattern - the negative sign of the interaction coefficient with statistical significance
(p < 0.05) suggests that as income inequality increases, the effect of policy stringency on the
frequency of COVID-19 protests decreases. I explore the main effect of income inequality
and its interaction with policy stringency in the next paragraph in the discussion of Figure
7. Controls are identical to results across other models - the COVID-19 death count is not
substantial or statistically significant; economic controls are not statistically significant; the
number of political organizations is positive and is statistically significant for both models; both
racial segregation and the proportion of whites are negatively associated with protests, albeit
with differences in statistical significance; and urbanicity controls are positively associated with

protests.

0.3
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Predicted Protest Count
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05 0.6 0.7
Policy Stringency

Income Inequality — High Income Inequality (90th percentile) ---- Low Income Inequality (10th percentile)

Estimated by Negative—-Binomial Regression. Other variables set at their observed values.

Figure 7: Predicted Probability of Protest by Level of Income Inequality and Policy Stringency
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For a better interpretation of the findings in Table 2, Figure 7 plots the different simulated
scenarios throughout different percentiles of income inequality. Because both income inequal-
ity and policy stringency have outliers in their distributions, I use the 10th percentile and 90th
percentiles to fix the values of income inequality below which 10% and 90% of the data points
fall, respectively. Hence, the x-axis depicts the distribution of policy stringency across its 10th
and 90th percentile observations while holding the low (10th percentile - blue color) and high
(90th percentile -red color) values of the income inequality variable constant. These percentiles
are less likely to be influenced by outliers and provide a more robust characterization of the
range of income inequality in the dataset.

First, the direction of the effect of income inequality can be observed through the increase
in the intercepts of the two plots given the increase in income inequality, which implies the
positive effect of income inequality on the likelihood of the COVID-19 protests, with non-
overlapping confidence intervals hinting at the statistical significance of the effect. It can be
concluded that hypothesis 2a is confirmed. When it comes to the interaction effect, it seems
that in counties with lower levels of income inequality (e.g., Woodruff County, Arkansas), the
predicted count of protests increases as the stringency grows but the increase in the likelihood
is a little smaller (0.11) when compared to the direct effect of policy stringency on protests
(0.16). Similarly, more unequal environments (e.g., Polk County, Georgia) moderate the effect
of stringency in a positive direction with an increase in the protest likelihood of roughly 0.16,
which is identical to the direct effect of stringency as discussed in Figure 5. Visually the two
plots are almost parallel with no observable difference in the slope, alluding to the additive
effect of income inequality, meaning the effect of policy stringency on the predicted protest
count is consistent across different levels of income inequality. However, income inequality
does produce a multiplicative effect in the slopes as evidenced through the statistically signif-
icant negative interaction term, which reveals that the effect of income inequality weakens the
effect of policy stringency on protests.” Overall, these findings do not support the expected
interaction of policy stringency dependant on income inequality proposed in Hypothesis 2b. It

can be concluded that Hypothesis 2b is not confirmed. Important to note is that this interaction

For more observable interaction and differences in the effect of policy stringency given high and low income
inequality, please refer to the Appendix.
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effect urges exploration and I further interpret the possible interpretation of the findings in the

Chapter 5.

4.3.3 Hypothesis 2c: Mean Grievances and Grievance Polarization

Model specification 3 includes the interaction term between income inequality and income
control that theoretically represents the grievance polarization and mean grievances measures
proposed by Griffin, de Jonge and Velasco-Guachalla (2021) in their theorization of the elabo-
rated RDT. I specify Model 3 as follows:

Model 3 - Hypothesis 2c:

Pr(Protest Count,,;) = exp|Bo+B1 (Policy Stringency,,;) + B2 (Income Inequality,,;)+
B3 (Income,y,;) + Bs(Income Inequality,,; « Income,,;)+
(COVID-19 Controlsy;) + (Economic Controlsy,;)+

(Demographic Controls,,;) + Op]

The regression outputs from Model 3 are shown in Table 3. The main effect of income
inequality is both positive and statistically significant, and the main effect of income seems to
be negatively associated with protests, which is in line with the conventional theory of lower
mean grievances producing fewer protests (Griffin, de Jonge and Velasco-Guachalla, 2021;
Gurr, 1970). The positive interaction coefficient seems to suggest that as income increases,
the effect of income inequality is stronger, which is in line with the theoretical expectations of
high grievance polarization and low mean grievances as proximal to protests. However, while
the direction of the coefficient is in line with the hypothesis, both the main effect of income
and its interaction with income inequality lack statistically significant powers to confirm the
dependency. As such, based on the regression outputs in Table 3 alone, the coefficients cannot
confirm Hypotheses 2¢ which proposes the interaction between measures of grievance polar-
ization and mean grievances as proposed by Griffin, de Jonge and Velasco-Guachalla (2021).
All the controls did not change significantly across models.

To visualize and interpret the results from Table 3, Figure 8 plots the predicted protest
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Table 3: Hypothesis 2¢

Model 3
without FE with FE
Protest Variables:
Policy Stringency 2.183 (0.258)"** 3.724 (0.453)"*
Income Inequality 7.427 (1.455)"* 7.343 (1.429)"
Inequality *Income 0.582 (0.922) 0.447 (0.918)
Controls:
COVID-19 Deaths ~0.000 (0.000) ~0.000 (0.000)
Unemployment 0.021 (0.023) 0.012 (0.024)
Income (log) —0.168 (0.430) 0124 (0.428)
Political Organizations 0.057 (0.014)"** 0.060 (0.013)"**
Black/White segregation ~ —2.047 (0.489)"""  —2.144 (0.487)"""
White Prop ~0.171 (0.374) 0263 (0.361)
Population (log) 1.243 (0.050)"* 1.244 (0.051)™*"
Density (weighted) 0.000 (0.000) 0.000 (0.000)
Constant 21329 (1.078)"*  —23.464 (1.152)"
AIC 18377.463 17976.440
Log Likelihood —9175.731 —8963.220
Num. obs. 40612 40612

Note. Predicted using negative binomial regression, with month-fixed effects specified. Clustered standard errors
in parentheses. ***p < 0.001; **p < 0.01; *p < 0.05.

counts at different levels of income inequality and income whilst holding other variables at
their observed values. Similar to the method of fixing the values of independent variables in
the previous simulation, the x-axis represents movement across the 10th and 90th percentiles
of income inequality values, given the low value (10th percentile) with blue 95% confidence
intervals, or high value of income (90th percentile) with red fill. The positive effect of income
inequality on predicted protest is identical across low (e.g., Johnson County, Kentucky) and
high income (e.g., Ocean County, New Jersey) scenarios, where the observable difference is a
slightly higher movement in the slope of the effect in counties with higher income (0.09) when
compared with lower income counties (0.06).19 Here, it is shown that in line with the positive
sign of the interaction coefficient, lower mean grievances (or higher income) are associated with
a slightly higher increase in the effect of income inequality for protests, which is in line with

the expectations proposed by Griffin, de Jonge and Velasco-Guachalla (2021). As highlighted

10The direction of the simulations with fixed income inequalities and varying average county income is also
similar - for the counties with low income inequality, the predicted count of protests increases as income grows
but the effect is very small. Figures are available in the Appendix.
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Figure 8: Predicted Probability of Protest by Level of Income and Income Inequality

in the regression table, the confidence intervals overlap meaning no statistically significant
interaction term. Thus the hypothesized lower mean grievances (which operationally mean
higher county income) amplifying the effect of higher polarization grievances (higher Gini

index in a county) on protests is not confirmed. Hypothesis 2c is not confirmed.

4.3.4 Hypothesis 3a and 3b: Political Polarization and County Partisanship

Before going into the discussion of the final analysis, Figure 9 presents a scatterplot illustrating
the correlation between policy stringency and DVS. The correlation is positive, with a Pearson
correlation coefficient of 0.137 and a p-value less than 0.001, which indicates that county DVS
moves in the positive direction with policy stringency. Because of the weak nature of the
correlation between the two variables, I include policy stringency and DVS measures in Model
Specifications 4 together to test the influence of each variable, their comparative strength, as

well as their interaction.
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Relationship between Stringency and Dem Vote Share
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Figure 9: Relationship between Policy Stringency and Democrat Vote Share Scatter-plot

Based on the theoretical discussion in Chapter 3, polarized political environments, as ex-
plained by the SIT and collective action literature, are associated with salient protest mecha-
nisms like anger and feelings of injustice which are one of the most empirically established
antecedents of collective action (Wright, Taylor and Moghaddam, 1990; Mummendey et al.,
1999). As partisanship closely ties to one’s policy perceptions and preferences (Fiorina, 1981;
Huddy and Bankert, 2017), the reaction to strict COVID-19 policies can be moderated through
the county’s political affiliation, where the more polarized the relationship between counties
and state governor’s partisanship is, the larger the effect of stringent policies on protest likeli-
hood. Hence, to investigate the effect of a county’s political affiliation and its interaction with

policy stringency across different state governors, I specify Model 4 as follows:
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Model 4 - Hypothesis 3a and 3b:

Pr(Protest County,;) = exp|Bo+B1 (Policy Stringency,,;) + B2 (DVSmi)+
B3(DVS,,; * Policy Stringency,,;)+
Ba(Income Inequality,,;) + (COVID-19 Controlsy,;)+

(Economic Controlsy;) + (Demographic Controls,,;) + O]

Table 4: Hypothesis 3a and 3b

Model 4 Governor
Baseline Democrat Republican
Protest Variables:
Policy Stringency 5.038 (1.044)*  7.224 (1.487)*  3.222(1.271)"
Income Inequality 4.679 (1.213)™" 2.196 (1.613) 9.026 (1.669)"
Dem Vote Share 5.814 (1.074)*  7.945 (1.557)"*  5.515 (1.439)"**
Stringency*DVS —4.273(1.729)  —7.328(2.329)*  —3.755 (2.290)
Controls:

COVID-19 Deaths —0.000 (0.000) —0.000 (0.000) ~0.001 (0.000)*
Unemployment —0.006 (0.024) 0.004 (0.030) ~0.091 (0.036)"
Income (log) 0.023 (0.045) —0.078 (0.058) 0.022 (0.072)
Political Organizations 0.044 (0.014)™ 0.050 (0.019)™ 0.030 (0.022)
Black/White segregation  —2.248 (0.480)""  —1.918 (0.598)""  —2.146 (0.740)™"
White Prop 0.836 (0.378)" 0.120 (0.605) 1.973 (0.458)"*
Population (log) 1.162 (0.046)*  1.126 (0.064)**  1.212 (0.065)"**
Density (weighted) 0.000 (0.000) —0.000 (0.000) 0.000 (0.000)™**
Constant —23.870 (1.014)™*  —23.360 (1.719)*  —25.900 (1.469)"**
AIC 17558.069 10580.513 6758.527
Log Likelihood —8753.034 —5264.256 —3353.264
Num. obs. 40196 16848 23335

Note. Predicted using negative binomial regression, with month-fixed effects specified. Clustered standard errors in parentheses.
**p <0.001; *p < 0.01; *p < 0.05.

Given the empirical interest in analyzing the impact of ideological distance between coun-
ties’ and governors’ political affiliation, I limited the original dataset to include counties in
states with Republican or Democrat governors. For example, only counties in states with
Democratic governors were included in the subset of counties marked Democrat in Table 4.
Taking into account partisan differences in the state government’s policy platforms and com-

munication with state residents allowed for a more nuanced examination of the relationship
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between the effect of DVS, the interaction between DVS and policy stringency, and impor-
tantly, whether it is political polarization that drives protests.

Table 4 reports the regression results for the effect of DVS and its interaction with policy
stringency across different state governors. First, the stringency coefficient is positive and sta-
tistically significant across the different governors, albeit with a smaller size of effect across
Republican states. With the exception of states with Democrat governors, income inequality
is positively associated with protests and has statistically significant power to explain protests
across the model specifications, with the most significant effect size in Republican states. Ac-
cording to the baseline model, it seems that the percentage of Democrat voters in a county
produces a statistically significant positive effect on the COVID-19 protests. The same dy-
namic is observed across different state governors, meaning the increase in DVS is associated
with protests for counties in both Democrat and Republican governor states. Based on the main
effect of DVS alone, it is the predominantly Democrat county vote share that drives COVID-19
protests, with the effect consistent across governor types.

While the consistently positive coefficient of the DVS can suggest that it is the liberal and
Democrat ideology that is associated with the protest, the crucial observation lies in the interac-
tion between stringency and DVS, specifically for the counties with Democrat state governors.
According to the coefficients, the effect of policy stringency on COVID-19 protests is positive
(7.224) when the DVS variable is at 0, which operationally represents the counties with the
most Republican vote share. Interpreting the coefficients from the table, the effect of policy
stringency on COVID-19 protests decreases as the DVS variable increases. For most Demo-
crat counties (DVS is 1), the effect of strict containment policies on protests is almost zero,
as indicated by the negative and statistically significant coefficient of the interaction term (-
7.328). Even more perplexing is the fact that the interaction between the DVS and stringency
for Republican governors is negative and not statistically significant, implying that there is no
evidence of a significant difference in the effect of policy stringency on protests in counties with
varying levels of Democrat vote share in Republican states. It is only as DVS decreases, oper-
ationally meaning more Republican counties, the effect of policy stringency becomes positive

and explains the COVID-19 protests. To further interpret these findings and make substantive
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conclusions, I visually present the different simulations of the policy stringency effect at dif-
ferent levels of the DVS across Democrat and Republican governors in the next paragraphs.
When it comes to the controls, in line with the expectations is that the COVID-19 deaths have
a negative coefficient, however only statistically significant across counties with Republican
governors. The decrease in protests across the COVID-19 deaths could imply that more con-
servative environments are more cautious and pay attention to the situation. Both economic
factors of unemployment and income are generally negatively associated with protests, albeit
not statistically significant. The number of political organizations in a county is both positive
and statistically significant only for counties with Democrat governors, with no significant vari-
ation across the remaining models. Racial segregation produces a consistent effect across all
governor types, with statistically significant negative power, and the proportion of the white
population produces a similar positive effect and is statistically significant, especially for coun-
ties in Republican states. As expected, the population reports a positive and statistically signif-

icant coefficient, whereas population density is not as consistent across model specifications.
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Figure 10: Predicted Probability of Protest by Stringency for Different Governors

To identify the direction of the interaction between DVS and stringency, Figure 10 graphi-

cally presents the predicted protest counts at different levels of policy stringency and DVS. The
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x-axis depicts the movement of policy stringency across its 10th and 90th percentile values in
the dataset, with the DVS fixed at its low (10th percentile), depicting higher Republican vote
share with blue 95% confidence intervals, and high values (90th percentile), depicting higher
DVS with red 95% confidence intervals. Other independent variables and controls are held
constant at their empirically observed values. First, because the intercepts of the predicted
count of protests increase across higher levels of DVS, it can be concluded that the effect of
DVS is both positive and statistically significant in explaining the COVID-19 protests. An-
other perhaps unsurprising observation is that when compared to Republican governors, the
effect of stringent policy stringency is larger in counties with Democrat governors, which can
be explained by the tendency of Democrat governors to enact more stricter policies. More
importantly, the crucial finding harder to observe without the visual simulations is that in the
context of Democrat governors, the effect of policy stringency on protests is amplified for low
DV S/high Republican vote share counties than for high DVS, implying that the effect of policy
stringency on protests varies with DVS level.!! In other words, the effect of policy stringency
is dependent on the level of DVS, which supports the interaction between the policy strin-
gency and DVS, which signals political polarization for Republicans against Democrats and
partial support for Hypothesis 3b. Important to note, however, is that the interaction effect does
not persist across counties with Republican governors, where the effect of stringency seems
to be consistent across different levels of DVS, which can be explained by the non-statistically
significant interaction term. In other words, Democrat counties do not exhibit interaction by in-
creasing the effect of policy stringency with Republican governors, which does not support the
politically polarized environment for Democrat counties in Republican states. Overall, these
and regression output findings for both the main effect of DVS and its interaction with policy
stringency present a key finding on the assymetricity of the effect of political polarization on
protests. While it is observed that the increase in DVS is always associated with more COVID-
19 protests, the interaction effect reveals that it is only the predominantly Republican counties

against Democrat governors that amplify the effect of policy stringency with statistical signifi-

T provide additional simulations with the increase for DVS fixed at 0 and 1 in the Appendix that better repre-
sents the interaction and difference in slopes. Notably, if DVS is fixed at 1, the effect of policy stringency becomes
negative.
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cance, which implies Republican counties protesting the predominantly stringent policies from
Democrat governors. However, the same effect does not persist for the Democrat counties with
Republican governors where the predominantly Democrat counties do not seem to protest the

Republican governors and stringent containment policies.

4.4 Additional tests

4.4.1 Different Protest Types

Protests by Type and Month
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Figure 11: Protests by Type between March 2020 and March 2021

One of the critical questions unanswered in the main analysis is whether the findings repre-
sent a specific impact of the proposed protest mechanisms on COVID-19 protests or a broader
relationship between these variables and other types of protests that occurred in the same year.

The ACLED dataset contains notes on each protest event that occurred between March 2020
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and 2021, distinguishing between protests related to COVID-19, the Black Lives Matter (BLM)
movement, and support or opposition to Trump. Figure 11 shows the evolution of various types
of protests during the first year of the pandemic by graphically presenting the various types of
protests. There is clearly a significant variation in incidence among different types of protests.
For example, the BLM protests peaked at nearly 6000 people in June 2020, following the death
of George Floyd on May 26th. Demonstrations in support or opposition to Donald Trump were
most common in October and November 2020, during the US presidential election season.
COVID-19-related protests occurred more evenly throughout the year, with distinct surges ob-
served during pandemic waves in May, July, and November 2020. To compare the impact of
income inequality, policy stringency, and DVS, I re-estimate the baseline negative regression
models by simply replacing the outcome variable with monthly protest counts for all different
protest types. Results are presented in Table 5.

First, by looking at the regression outputs in Table 5, it appears that both policy stringency
and income inequality coefficients are consistently positive and have statistically significant
powers to explain different types of protests, except the negative and statistically not significant
coefficient of stringent policies for the Trump protests. Not surprisingly, the direct effect of
policy stringency is largest for COVID-19 protests compared to other protest types. It seems
that the effect of DVS is positive and statistically significant in explaining the COVID-19 and
BLM protests, implying that there is a higher likelihood of these types of protests in counties
with a higher percentage of Democrat voters. Interestingly, the DVS is not statistically signif-
icant for protests related to Trump, albeit in a positive direction, which suggests that DVS has
no statistically significant power to explain Trump-related protests.

While this may be due to the small sample size,'?

one interpretation of the changes in statis-
tically significant power to explain protests can be attributed to the type of protesters attracted
by each type of protest. Trump-related protests can draw protesters from both political parties,
as protesters can be from groups that strongly support or strongly oppose the president, par-

ticularly due to the controversy surrounding Trump as a political figure. Because individuals

in some counties with a high percentage of Republican voters may be more likely to support

120ut of 22,679 protests between March 2020 and March 2021, ACLED reports 1,860 protests related to Trump,
compared to 5,216 COVID-19, 9,787 BLM
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Table 5: Model 4 by Protest Type

Model 4
All Protests COVID-19 protests BLM protests Trump protests

Protest Variables

Policy Stringency 0.023** 5.038*** 0.027** —0.003
(0.007) (1.044) (0.008) (0.017)
Income Inequality 5.456*** 4.679*** 5.175%** 7.133%**
(0.740) (1.213) (0.952) (1.582)
Dem Vote Share 4181 5.814%* 6.050"** 0.631
(0.813) (1.074) (1.051) (1.888)
Stringency*DVS —0.020 —4.273* —0.042** 0.020
(0.013) (1.729) (0.016) (0.032)
Controls:
COVID-19 Deaths —0.000 —0.000 —0.000 —0.000
(0.000) (0.000) (0.000) (0.000)
Unemployment —0.027* —0.006 —0.035* 0.033
(0.014) (0.024) (0.016) (0.022)
Income (log) —0.399** —0.090 —0.440** —0.322
(0.122) (0.179) (0.144) (0.237)
Political Organizations 0.052%** 0.044** 0.051%** 0.075***
(0.008) (0.014) (0.007) (0.016)
Black/White segregation ~ —1.145%** —2.248*** —0.900** —1.394*
(0.301) (0.480) (0.328) (0.499)
White Prop 1.272% 0.836* 1.988*** 1.919***
(0.287) (0.378) (0.254) (0.410)
Population (log) 1.179%** 1.162%** 1.119%** 1.247%**
(0.033) (0.046) (0.037) (0.052)
Density (weighted) —0.000 0.000 —0.000 —0.000
(0.000) (0.000) (0.000) (0.000)
Constant —18.529*** —22.884** —22.027** —24.445%
(1.309) (1.902) (1.847) (2.921)
AIC 40671.982 17558.069 20392.029 8649.723
Log Likelihood —20309.991 —8753.034 —10170.015 —4298.862
Num. obs. 40196 40196 39624 40196

sokok

Note. Predicted using negative binomial regression, with month-fixed effects specified. Clustered standard errors in parentheses.
0.001; **p < 0.01; *p < 0.05.

p<

Trump and less likely to participate in anti-Trump protests, this can explain the lack of statis-
tical significance and the small effect size of DVS. Alternatively, DVS better explains other
protest types because COVID-19 protests mainly attract conservatives (Kerr, Panagopoulos
and van der Linden, 2021), whereas BLM protests attract more liberal and Democrat protesters

(Rickford, 2016). In other words, while higher DVS is associated with higher protests that ad-
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dress the COVID-19 pandemic or promote racial justice, the increase in DVS is not explanatory

of Trump-related protests.

5 Discussion

- Us Versus Them

To summarize, the hypotheses of the direct effects of the protest mechanisms proposed in
this thesis were generally confirmed. First, it is apparent that the effect of the strict COVID-
19 policies and restrictions is consistent not only across models with the COVID-19 protests
counts as the outcome, but across different state governors and protest types. This suggests that
the direct impact of strict COVID-19 policies on protest likelihood is substantial and consistent,
with no significant differences observed across various factors and environments.

Second, the income inequality effect on the protest is also consistent across models both
in terms of the direction of the effect and statistical significance. This supports the notion that
income inequality is a reliable measure of socioeconomic grievances that spur feelings of in-
justice, which in their turn evolve into protests (Crosby, 1976; Kawakami and Dion, 1995).
While the multiplicative effect of income inequality on policy stringency is not supported, the
relationship between these two variables is interesting nevertheless. It seems that the inter-
action of income inequality with policy stringency decreases the effect of strict policies on
protests, which can mean that the effect of strict containment policies is weaker in counties
with high income inequality. This finding contradicts the interaction hypothesis of stringent
policies producing stronger effects in economically unequal contexts and suggests that the ef-
fect of strict policies on protests becomes zero for the most unequal counties. One interpretation
of this perplexing observation is that for the most unequal, the economically dire situation is
already a protest mechanism in itself, with the salient effect in protest formation regardless of
the pandemic’s context. In another test of the interaction between income inequality, opera-
tionalized as grievance polarization, and average household income, operationalized as mean
grievances (Griffin, de Jonge and Velasco-Guachalla, 2021), the visual simulations do support

the notion of low mean grievance (higher income) amplifying the effect of grievance polariza-
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tion on protest. However, as the interaction term lacks statistical significance, the expectation
of income inequality moderated by income is not confirmed. Overall, it can be concluded
that income inequality, or grievance polarization as conceptualized by Griffin, de Jonge and
Velasco-Guachalla (2021), is a proximal factor in predicting collective action by itself. The
positive effect and the consistency of the variable refute the criticism leveled at conventional
proxies of grievances and complement the long-standing theory of RDT. In sum, findings in-
dicate that socioeconomic grievance variables continue to be reliable and robust predictors of
protests, particularly in the context of the United States (Iacoella, Justino and Martorano, 2021;
Smith et al., 2012).

Finally, the third key finding of this thesis is the asymmetrical political polarization among
Republican counties with Democrat governors. Based on the regression outputs, the direct ef-
fect of the DVS is comparable to the positive and statistically significant effect of the policy
stringency and income inequality, consistent across the state governors and protest types. This
finding is consistent with the conventional theory that liberals protest more than conservatives
(Kostelka and Rovny, 2019; Van der Meer, Van Deth and Scheepers, 2009), and it implies that
the percentage of Democratic voters in a county, regardless of their ideological distance from
local governments or the specific mechanisms proposed in this thesis, plays an important role in
motivating protests. However, while the effect of DVS can signal that protests are mainly ideo-
logically Democrat driven, the interaction between DVS and stringent policies reveals that it is
predominantly Republican counties that protest strict containment policies against the Demo-
crat governors. In essence, the findings from the analysis suggest that given that the state
governor identifies with the Democratic party, protest response to stringent policies persists
only in low DVS/more Republican counties. This exclusive effect that exists only across more
Republican counties correlates with the vast COVID-19 literature on citizen and elite responses
to the outbreak in the US, where the Republicans are consistently associated with less policy
compliance and protective behavior (Kerr, Panagopoulos and van der Linden, 2021). What is
more interesting is that the same political polarization effect does not hold for Republican gov-
ernors, where the effect of stringency appears to not change across DVS, as explained by the

non-statistically significant interaction term. This implies that a politically polarized scenario
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of Democrat counties protesting policy stringency by protesting the Republican governor is not
confirmed. In sum, while the main effect of the DVS suggests more Democrat counties are
more likely to experience protests, the interaction with stringent COVID-19 policies reveals
that it is the Republican counties that protest Democrat governors’ stringent policies, consis-
tent with the political polarization and the COVID-19 literature in the US. The same effect,
however, does not hold for Democrat counties with Republican governors, implying that the
political polarization appears to be most salient across the Republican populations. Perhaps,
these findings coincide with the extant literature on political polarization on COVID-19 and
are suggestive of the Republicans’ motivated reasoning to believe that it is us-versus-them,
liberty-versus-compliance.

The study’s findings have three implications for COVID-19 and protest literature. First,
the study adds to the growing body of literature on the impact of strict containment policies
on protest incidence in the United States. However, because the study was purely observa-
tional in nature, more psychological and experimental research is needed to investigate the
causal mechanism between policy perceptions and anti-systemic attitudes. Second, the study
adds to the literature on RDT grievances by providing strong evidence for the relationship be-
tween income inequality and collective action. Future research can test the robustness of the
income inequality measure in different contexts as well as alternative theoretical considera-
tions of inequality. Third, the study emphasizes the asymmetrical political polarization in the
United States, with Republicans protesting Democratic governors’ stringent containment poli-
cies more than Democrats protesting Republican policies. Further research can look into the
causal mechanisms of this phenomenon and with different outcome variables.

This thesis’ findings have a number of policy implications. First, findings indicate there is
a link between strict containment policies and an increase in COVID-19 protests. This empha-
sizes the importance of policymakers considering the potential social, economic, and political
consequences of imposing strict measures during public health crises. Second, closely related
to the previous implication, addressing marginalized and disadvantaged groups’ grievances
during public health crises, such as the adverse economic impact of COVID-19 policies on

people’s living standards, can reduce the likelihood of social unrest. In order to promote social
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stability and prevent protests during public health crises, policymakers should address income
inequality and meet the needs of vulnerable populations. Second, the importance of the findings
lends credence to the notion that salient political identification can fuel protests in the midst of
a global pandemic. To avoid further political polarization, I support the notion proposed by
Druckman et al. (2021), who urge that policymakers, alongside the media and political elites,
should stop making appeals to one shared identity or partisan group and instead appeal to the

public as a whole, such as bipartisan endorsements and addresses.

6 Conclusion

This thesis attempted to investigate how different protest mechanisms explain protests in the
United States during the COVID-19 pandemic. The major findings presented in this thesis
analysis are twofold. First, strict containment policies and income inequality consistently and
statistically significantly explain protests in the United States. This result goes in line with the
extant literature on the impact of the COVID-19 pandemic in the US and the long-standing
theory of RDT, which emphasizes how feelings of grievance are indeed proximal predictors
of collective action (Van Zomeren, Postmes and Spears, 2008). The influence of income in-
equality also translates into why the pandemic’s adverse impact can exacerbate already dire
economic situations in a society that leaves no other options other than to protest the restric-
tions and stay-at-home orders for the most deprived residents. Novel conceptual elaborations
from other scholars, like the interaction between mean grievances and grievance polarization
(Griffin, de Jonge and Velasco-Guachalla, 2021), find little support, at least in the scope of this
analysis.

The second key finding in this thesis is that while protests are generally more likely across
Democrat populations, the COVID-19 protests can be driven by asymmetrical political polar-
ization on policy. The assymetricity of the increased distance between the partisans is argued
because the predominantly Republican populations are observed to be more likely to protest
strict containment policies against the Democrat governor, whereas the reverse effect of the

Democrats protesting stringency against the Republican governor does not hold true. The
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asymmetrical political polarization that disproportionately affects the Republican population
suggests that the politicization dynamics and partisan appeals within the Republican party were
indeed divisive and influential in shaping anti-containment sentiment across the Republican
population. This assumption fits into the current scholarship narrative of the stark differences
in citizen responses across party lines, with the Republicans exhibiting opposition to the con-
tainment policies and less compliance (Kerr, Panagopoulos and van der Linden, 2021; Makridis
and Rothwell, 2020; Pennycook et al., 2022; Goldstein and Wiedemann, 2022).

There are several caveats that persist in this thesis. First, one limitation of this study is that
the partisanship measure used at the county level may not fully capture the complexities of
political preferences within a given area. While the study includes within-county measures of
socioeconomic grievances and policy stringency, the county-level measure of partisanship may
not fully reflect individuals’ ideological preferences within counties. Future research could
incorporate additional measures of partisanship and ideology based on individual survey data
(Makridis and Rothwell, 2020), social media sentiment (Jiang et al., 2020), or county-level
panel data (Bartusevicius et al., 2021), to address this limitation.

Second, another limitation of the empirical analysis presented in this thesis is the possibility
of ecological fallacy. The analysis employs county-level models while incorporating various
county and state-level variables into statistical models, which may result in ecological fallacy.
Variables at the state level may not reflect the heterogeneity that exists within counties. To
address this limitation, more complex models, such as multi-level analysis, could be used to
address aggregation bias, and future studies may prefer a different level of analysis.

Third, this study did not look into alternative measures of political polarization, such as
affective polarization, which measures how much opposing party members dislike and distrust
them (Druckman et al., 2021). The study emphasizes the significance of ideological distance
as a measure of political polarization; however, future research could benefit from investigating
the relationship between alternative measures of polarization, like affective polarization and
protest behavior, particularly in the context of the COVID-19 pandemic.

Finally, the study’s findings may be idiosyncratic to the United States and not applicable

to other political systems or settings. Future research should look into protest factors and their
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impact on protest behavior in other countries and regions. Cross-national research could aid in
identifying similarities and differences in the drivers of protest behavior in various political and

social contexts.
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Appendix

.1 Distributions of Protest and Control Variables

Table 6: Summary Statistics for each Variable

Variable Mean Std. Dev  Median Min Max N
Monthly Number of Protests 0.128 0.73 0 0 30 40859
Policy Stringency 0.597 0.111 0.583 0.375 0.935 40859
Income Inequality 0.445 0.039 0.442  0.082 0.728 40859
Democrat Vote Share 0.371 0.149 0.349 0.042 0.907 40404
COVID-19 Deaths 12.063 75.764 0 0 6382 40833
Income 58235.708  15543.673 55910 17109 156821 40846
Income (log) 10.94 0.252 10931 9.747 11.963 40846
Political Organizations 13.86 7.005 12.55 0 68.2 40612
Black/white segregation 0.37 0.124 0.372 0 0.845 40833
White Prop 0.804 0.171 0.863 0.033 1 40859
Unemployment 6.749 2.333 6.5 1.5 22.8 40846
Population 105456.341 335711.084 25698 64 10014009 40859
Population (log) 10.269 1.512  10.154 4.159 16.119 40859
Pop Density (weighted) 1262.768 3860.757 521.171 0.066 137842.788 40833
Distribution of Protests (log scale)
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Figure 12: Distribution of the Protest Count
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.2 Construction of Protest Variables Table

Table 7: Variable Descriptions and Sources

Variable

Description

Source

Monthly
Protest Counts

Policy  Strin-
gency

Income in-

equality

Democrat Vote

Share

COVID-19
deaths

Unemployment

Income

Political
Organizations

The number of monthly protests is counted between
March 13, 2020, and March 13, 2021. Protest demon-
strations are classified according to their motiva-
tion: COVID-19, Trump, and the Black Lives Matter
movement.

State-level stringency index of COVID-19 policies
compiled by OxCGRT. Ranges from 0 (least strin-
gent) to 1 (most stringent).

Within-county income inequality is calculated using
household-level income data from the 2020 and 2021
American Community Surveys and the Gini coeffi-
cient (ranging from O to 1).

County’s Democrat party vote shares from the last
four presidential elections to measure the county’s
partisan leanings (ranging from O to 1).

Number of total monthly COVID-19 deaths for each
county recorded by the Center for Systems Sci-
ence and Engineering at Johns Hopkins University’s
COVID-19 Data Repository, which records general
county-level statistics on COVID-19 infections and
deaths from the start of the pandemic in 2020 till
present time.

County-level monthly measure of unemployment rate
reported by the US Bureau of Labor Statistics which
collects monthly county-level demographic and eco-
nomic data

County-level average household income reported by
the American Community Survey Estimates for 2020
and 2021.

The number of political organizations per 1,000 peo-
ple in each county compiled by the US Congress Joint
Economic Committee’s Geography of Social Capital
in America project. The data came from the 2015
County Business Patterns survey, and the population
estimates for each county came from the 2015 Amer-
ican Community Survey.

The Armed
Conflict Loca-
tion & FEvent
Data Project

Oxford CGRT

American
Community
Survey

CQ Voting and
Elections

CSSE
Hopkins

John

US Bureau
of Labor
Statistics

American
Community
Survey

Social Capital
Project

Continued on next page
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https://acleddata.com/
https://acleddata.com/
https://acleddata.com/
https://acleddata.com/
https://github.com/OxCGRT/covid-policy-tracker
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://library.cqpress.com/elections/
https://library.cqpress.com/elections/
https://github.com/CSSEGISandData/COVID-19
https://github.com/CSSEGISandData/COVID-19
https://www.bls.gov/
https://www.bls.gov/
https://www.bls.gov/
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://www.jec.senate.gov/public/index.cfm/republicans/socialcapitalproject
https://www.jec.senate.gov/public/index.cfm/republicans/socialcapitalproject

Table 7 — Continued from previous page

Variable

Description

Source

Racial Segre-
gation

The level of black-white neighborhood segregation in
each county is represented as a continuous variable
from O (minimum segregation) to 1 (maximum seg-
regation). Data compiled by the US Congress Joint
Economic Committee’s Geography of Social Capi-
tal in America project. The population estimates for
each county came from the 2015 American Commu-
nity Survey.

Social Capital
Project

Whites  Pro- The percentage proportion of Non-Hispanic White American
portion population in a county from the 2020 and 2021 Amer- Community

ican Community Survey estimates. Survey
Population The natural log of the county population reported by US Census
(log) the US Census Bureau for 2020 and 2021. Buerau
Population Population weighted population density for each US Census
Density county calculated using data from US Census Bureau. Buerau
(weighted)

Table 8: Keywords for Protest Types Identification

Protest Type Keywords
COVID-19 ["covid-197, ”pandemic”, "lockdown’], coronavirus”, ’stay-at-home”,

Black Lives
Matter

Trump

“stay at home”, “social distancing”, “masks”, “vaccines”, “testing”,

2 29

2 3
quarantine’’,

29 9

ship”,
”essential workers”, ”frontline workers”

contact tracing”, “’business closures”,

2 9

["black lives matter”, ”blm”], “’racial justice”,

2 2

government overreach”, ’public health policies

police brutality”,

economic hard-

29 9

, “’restriction”,

2 9

Sys-

temic racism”, “anti-racism”, “racial inequality”, “racial profiling”,

“racial discrimination”

9

["trump”], “maga”,

2 9

make america great again”,

tion fraud”, “’voter fraud”, “’stop the steal”, ’insurrection
protesting trump”

bR ) b )

”jan 67, “trump rally”, ”trump supporters”,

conservative”,

2 9

9

elec-
, capitol riot”,
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https://www.jec.senate.gov/public/index.cfm/republicans/socialcapitalproject
https://www.jec.senate.gov/public/index.cfm/republicans/socialcapitalproject
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://www.census.gov/
https://www.census.gov/
https://www.census.gov/
https://www.census.gov/

.3 Additional Models and Figures

Table 9: All Model Specifications

Model 1 Model 2 Model 3 Model 4 Additive
H1 H2a & H2b H2c H3a & H3b
Protest Variables
Policy Stringency 3.827* 10.622** 3.724*** 5.038*** 8.501*
(0.451) (3.308) (0.453) (1.044) (3.371)
Income Inequality 17.150"** 7.343** 4.679*** 9.512*
(4.302) (1.429) (1.213) (4.666)
Dem Vote Share 5.814** 5.388***
(1.074) (1.160)
Interaction:
Stringency*Inequality —15.064* —8.336
(6.929) (7.771)
Inequality*Income 0.447 0.541
(0.918) (0.863)
Stringency*DVS —4.273* —3.599
(1.729) (1.899)
AIC 18070.956  17970.423  17976.440  17558.069  17559.393
Log Likelihood —9012.478 —8960.212 —8963.220 —8753.034 —8751.697
Num. obs. 40612 40612 40612 40196 40196

Note. Predicted using negative binomial regression, with month-fixed effects specified. Controls include monthly and time-invariant cross-
sectional county characteristics such as COVID-19 deaths, unemployment rate, log household income, number of political organizations
per 1000 residents, racial segregation, the proportion of the white population, log of population, and population-weighted population
density. Clustered standard errors in parentheses. ***p < 0.001; **p < 0.01; *p < 0.05.
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Table 10: Model 4 by Governor and Presidential Administration

Trump Biden
Baseline Dem Rep Dem Rep
Policy Stringency 5.038** 5.647* 2.562 9.835* 7.051
(1.044) (1.655) (1.309) (4.541) (7.039)
Income Inequality 4.679*** 1.682 9.388*** 3.918 7.252*
(1.213) (1.687) (1.715) (2.666) (3.179)
Dem Vote Share 5.814% 5.634** 4.696"* 12.513* 9.570
(1.074) (1.759) (1.506) (4.211) (6.632)
Stringency*DVS —4.273* —4.279 —2.352 —12.943 —11.503
(1.729) (2.592) (2.351) (7.028) (12.485)
AIC 17566.451 8414.126 5673.384 2155.261 1085.735
Log Likelihood —8758.226 —4184.063 —2813.692 —1061.630  —526.868
Num. obs. 40196 12960 17950 3888 5385

Note. Predicted using negative binomial regression, with month-fixed effects specified. Controls include monthly and time-invariant cross-
sectional county characteristics such as COVID-19 deaths, unemployment rate, log household income, number of political organizations per
1000 residents, racial segregation, the proportion of the white population, log of population, and population-weighted population density.
Clustered standard errors in parentheses. ***p < 0.001; **p < 0.01; *p < 0.05.
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Figure 20: Predicted Probability of Protest by Policy Stringency All Values

82



Predicted Protest Count

1.5+

1.0 1

0.5+

0.0+

0.2 0.4 0.6
Income Inequality
Estimated by Negative—Binomial Regression. Other variables set at their observed values.

Figure 21: Predicted Probability of Protest by Income Inequality All Values
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